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1
OVARIAN FOLLICLE SEGMENTATION IN
ULTRASOUND IMAGES

TECHNICAL FIELD

The following generally relates to ultrasound imaging and
more particular to segmenting tissue of interest such as
ovarian follicles and/or other tissue of interest in ultrasound
images.

BACKGROUND

Ovarian follicles are fluid-filled ovarian structures that
emerge during the ovulation period. A follicle that has
certain physical characteristics may contain an oocyte. To
increase the chance of fertility with in vitro fertilization
procedures, it is important to identify such follicles and
extract the oocytes at the right time to fertilize them in vitro.
Ultrasound has been used for non-invasive detection of
follicles, e.g., due to its ease of use, real-time imaging,
ability to delineate follicles and affordability. Follicles that
are ready for extraction appear larger both in diameter and
in overall area. Therefore, clinicians often use ultrasound to
measure follicle diameters and manually segment them to
measure their cross-sectional area as a mean to characterize
individual follicles. Unfortunately, this can be a painstaking
task for clinicians given that ovarian ultrasound imaging
may depict as many as twenty follicles. Performing mea-
surement on each of the individual follicles can therefore be
time consuming and prone to operator errors.

Automated approaches perform automatic measurement
of follicle properties in ultrasound images. One approach
involves determining inner and outer walls of a follicle
through cost function optimization that takes into account
image intensity and directionality of the wall at each point.
Unfortunately, this approach may yield non-smooth follicle
borders and is sensitive to accuracy of the edge detection
technique. Another approach detects an inner and an outer
border of a follicle and then takes into account a distance
between adjacent follicles to optimally estimate the associ-
ated outer borders. However, these approaches may lack in
measurement accuracy. Generally, follicles that are 15 to 20
millimeters (mm) in diameter are considered mature and are
good candidates for egg aspiration. Accurate measurement
of the diameters of follicles, several of which may be visible
in a single transvaginal ultrasound image, is important for
precise aspiration and staging of the follicle growth.

SUMMARY

Aspects of the application address the above matters, and
others.

In one aspect, a method includes constructing a variation
image from an ovarian follicle B-mode ultrasound image,
wherein the variation image is indicative of local variations
in the ovarian follicle B-mode ultrasound image, construct-
ing a binary image from the variation image and the ovarian
follicle B-mode image, identifying connected components in
the binary image, wherein each connected component cor-
responds to a different ovarian follicle candidate, construct-
ing a coarse follicle mask from the binary image where each
identified connected component represents a mask for a
corresponding different ovarian follicle candidate in the
binary image, optimizing contours of the follicles in the
coarse follicle mask, and segmenting one or more ovarian
follicles from the ovarian follicle B-mode ultrasound image
with the optimized follicle mask.
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In another aspect, an apparatus includes a follicle identi-
fier that receives an ultrasound B-mode image generated by
an ultrasound imaging system. The follicle identifier
includes coarse estimator and a fine estimator. The coarse
estimator is configured to employ morphological filters to
identify potential ovarian follicles in the ultrasound B-mode
image and determine a coarse outline of their boundaries.
The fine estimator is configured to employ a non-linear
optimization to refine the borders.

In another aspect, a non-transitory computer readable
medium is encoded with computer executable instructions,
which, when executed by a computer processor, causes the
processor to: construct an entropy image with a B-mode
image, low pass filter the B-mode image, construct a binary
image based on pixels values of both entropy image and the
low pass filtered B-mode image, morphologically filter the
binary image, identify connected components in the mor-
phologically filtered binary image, create a coarse follicle
mask with the connected components having an area that
satisfied a predetermined threshold, refine contours of the
follicles coarse follicle mask, and identify ovarian follicle
B-mode image based on the follicles with the refined con-
tours.

Those skilled in the art will recognize still other aspects
of the present application upon reading and understanding
the attached description.

BRIEF DESCRIPTION OF THE DRAWINGS

The application is illustrated by way of example and not
limitation in the figures of the accompanying drawings, in
which like references indicate similar elements and in
which:

FIG. 1 schematically an example imaging system and a
follicle identifier;

FIG. 2 depicts an original B-mode image;

FIG. 3 depicts an entropy image;

FIG. 4 depicts a low pass filtered B-mode image;

FIG. 5 depicts a binary image constructed with the
entropy and filtered images;

FIG. 6 depicts the binary image after removing noise;

FIG. 7 depicts a coarse follicle estimate image;

FIG. 8 depicts a Cartesian representation of a follicle of
FIG. 7;

FIG. 9 depicts a polar representation of the follicle of FIG.
8

FIG. 10 shows an initial guess of a follicle border super-
imposed on a polar map;

FIG. 11 shows the border of FIG. 10 after several opti-
mization iterations;

FIG. 12 show the curves of FIGS. 10 and 11 plotted in one
view;

FIG. 13 shows values of a cost function at different
iterations;

FIGS. 14 and 15 respectively depict a first example with
an original B-mode image and a corresponding segmented
B-mode image with identified follicles;

FIGS. 16 and 17 respectively depict a second example
with an original B-mode image and a corresponding seg-
mented B-mode image with identified follicles;

FIGS. 18 and 19 respectively depict a third example with
an original B-mode image and a corresponding segmented
B-mode image with identified follicles;

FIGS. 20 and 21 respectively depict a fourth example with
an original B-mode image and a corresponding segmented
B-mode image with identified follicles;
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FIG. 22 illustrates an example method in accordance with
an embodiment herein; and

FIG. 23 illustrates another example method in accordance
with an embodiment herein.

DETAILED DESCRIPTION

The following describes a segmentation approach to out-
line borders of follicles in ovarian ultrasound images.

FIG. 1 schematically illustrates an ultrasound (US) imag-
ing system 102. The ultrasound imaging system 102
includes a transducer array 104 with at least one transducer
element 106. The at least one transducer element 106 is
configured to convert electrical signals to an ultrasound
pressured field and vice versa respectively to transmit ultra-
sound signals into a field of view and receive echo signals,
generated in response to interaction with structure in the
field of view, from the field of view. The transducer array
104 can be linear, curved (e.g., concave, convex, etc.),
circular, etc., fully populated or sparse, etc.

Transmit circuitry 108 generates a set of pulses (or a
pulsed signal) that are conveyed, via hardwire (e.g., through
a cable) and/or wirelessly, to the transducer array 104. The
set of pulses excites a set (i.e., a sub-set or all) of the at least
one transducer element 106 to transmit ultrasound signals.
Receive circuitry 110 receives a set of echoes (or echo
signals) generated in response to a transmitted ultrasound
signal interacting with structure in the field of view. A switch
(SW) 112 controls whether the transmit circuitry 108 or the
receive circuitry 110 is in electrical communication with the
at least one transducer element 106 to transmit ultrasound
signals or receive echoes.

A beamformer 114 processes the received echoes by
applying time delays to echoes, weighting echoes, summing
delayed and weighted echoes, and/or otherwise beamform-
ing received echoes, creating beamformed data. A B-mode
processor 116 processes the beamformed data and generates
B-mode images, e.g., which includes a sequence of focused,
coherent echo samples along focused scanlines of a scan-
plane. The B-mode processor 116 may also be configured to
process the scanlines to lower speckle and/or improve
specular reflector delineation via spatial compounding, and/
or perform other processing such as FIR filtering, IIR
filtering, edge enhancement, etc. A scan converter 117 scan
converts the output of the B-mode processor 116 to generate
data to display.

A follicle identifier 118 is configured to segment ovarian
follicles from an ultrasound (e.g., B-mode) and/or other
images. In general, ovarian follicles have certain character-
istics, which can be seen in FIG. 2. These characteristics
include the following characteristics. Follicles are circular or
elliptical in shape in the form of a convex hull. The pressure
from the fluid contained in fully developed or ripe follicles,
which are the main subjects of ovarian ultrasound exami-
nations, cause them to grow from all directions, thus form-
ing a convex hull. Being a convex hull, the cross-sectional
perimeter of a follicle constitutes a smooth curve.

Furthermore, follicles are anechoic regions in the image
with little to no specular texture inside them. The fluid inside
the follicles does not contain any scatterers and therefore
does not generate any reflections due to ultrasound insoni-
fication. The variance of the echo data is small inside a
follicle, so image entropy tends to be small in the interior
region. The wall of a follicle is at the boundary of the
anechoic and isoechoic regions. Because of the lack of
scatterers inside of a follicle and the presence of them in the
follicular wall and the ovarian tissue surrounding the fol-
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licle, the wall can be located by finding the transition from
the anechoic to the isoechoic region.

As described in greater detail below, the follicle identifier
118, through a coarse estimator 202 and a fine estimator 204,
processes the B-mode image and identifies follicles and
approximates their boundaries and refines the boundaries
with the approximated boundaries. In one instance, this can
be considered a two-stage process, wherein in a first stage
the coarse estimator 202 employs morphological filters to
identify follicles and find a coarse outline of their boundaries
and in a second stage the fine estimator 204 employs an
optimization algorithm to outline the boundaries with high
accuracy. The resulting follicle mask is then used to segment
follicles in the B-mod image.

The approach described herein is well-suited for ovarian
follicle segmentation application as it provides an accurate
delineation of follicles, which leads to more accurate iden-
tification of follicle boundaries and measurement of their
diameters, which is important for precise aspiration and
staging of the follicle growth. Furthermore, the process is
automated and/or semi-automated such that the identifica-
tion of follicle boundaries and measurement of their diam-
eters is not a painstaking or time consuming task for
clinicians and/or is less prone to human error.

The follicle identifier 118 and/or other components of the
system 102 can be implemented via one or more computer
processors (e.g., a central processing unit (CPU), a micro-
processor, etc.) executing one or more computer executable
instructions embedded or encoded on computer readable
storage medium, which excludes transitory medium, such as
physical memory. However, at least one of the computer
executable instructions can alternatively be carried out by a
carrier wave, signal, and other transitory medium and imple-
mented via the one or more computer processors.

A rendering engine 120 visually presents the B-mode
image and/or the processed B-mode image with the refined
approximate follicle boundaries via a display 122. The
display 122 can be a light emitting diode (LED), liquid
crystal display (LCD), and/or type of display, which is part
of the ultrasound imaging system 100 or in electrical com-
munication therewith via a cable. The B-mode image and/or
the processed the B-mode image can be stored locally and/or
in a remote repository (e.g., a PACS).

A user interface (UT) 130 includes an input device(s) (e.g.,
a physical button, a touch screen, etc.) and/or an output
device(s) (e.g., a touch screen, a display, etc.), which allow
for interaction between a user and the ultrasound imaging
system 102. A controller 132 controls one or more of the
components 108-130 of the ultrasound imaging system 102.
Such control includes controlling one or more of these
components to perform the functions described herein and/
or other functions.

In the illustrated example, the follicle identifier 118 is part
of the ultrasound imaging system 102. In another embodi-
ment, the follicle identifier 118 is separate and distinct
therefrom. For example, the follicle identifier 118 can be
part of another computing system, distributed across com-
puting system, a resource of cloud based computing, etc. As
such, the follicle identifier 118 may communicate with the
ultrasound imaging system 102 and/or remote repository via
a network (e.g., wireless communication or physical wire),
a bus, etc.

As briefly discussed above, the follicle identifier 118,
through the coarse estimator 202 and the fine estimator 204,
processes the B-mode image and identifies follicles and
approximates their boundaries and refines the boundaries
with the approximated boundaries. The following describes
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non-limiting examples of the coarse estimator 202 and the
fine estimator 204. The input to the follicle identifier 118 is
a B-mode image. The B-mode image can be obtained from
the ultrasound imaging system 102, another ultrasound
imaging system, a data repository (e.g., a PACS), and/or
other storage and/or source.

The coarse estimator 202 generates a coarse estimation of
the regions in the B-mode image that contains follicles and
outputs a coarse follicle mask that delineates the approxi-
mate borders of the possible follicles in the image. For this,
the coarse estimator 202 processes the B-mode image to
construct at least a variation image and, optionally, a pre-
processed B-mode image, and then constructs the coarse
follicle mask based on the variation image and either the
B-mode or the preprocessed B-mode image. The variation
image, in general, is representative of local variations in the
image data. Examples of such images are a variance image,
an entropy image, and the like. Examples of pre-processing
include low pass filtering, speckle removal, and/or other
pre-processing.

The following provides a non-limiting example of con-
structing the binary image. In this example, the coarse
estimator 202 constructs the binary image by applying a
predetermined threshold on the B-mode or pre-processed
B-mode image and the entropy image. Any pixel with a
B-mode intensity of less than 1, and an entropy value of less
than E,, is set to one (1) in the binary image, while all the
other pixels in the binary image are set to zero. Suitable
values of I, and E, are 0.5-20% and 1-40% of the maximum
values of the B-mode image and entropy image, respec-
tively. For example, in one instance, 2% and 25% represent
suitable values.

The following provides a non-limiting example of con-
structing the entropy image. In this example, entropy is a
local measure of an amount of information contained locally
within the B-mode image. In general, a region of an image
which is locally flat with no pixel intensity variations would
result in a local entropy value of zero, while large variations
of pixel intensity in a local area of an image would indicate
high entropy value in that area. The entropy map of a gray
scale image (B-mode image in this example) is an image of
the same size consisting of the entropy values for all
neighborhoods of size n xm, within the original gray scale
image, where n and m are positive integers.

In one instance, the entropy of a dataset of size nxm, is
determined by first computing a probability of each gray
scale intensity value in the data set. Intensity probabilities
can be computed using histogram of the data with a certain
number of histogram bins. If the histogram is computed with
a total of b, bins and the k” bin contains N, entries, the
probability of the intensity values represented by bin k
would be p,=N,/b,, and the entropy of the dataset can be
computed as shown in EQUATION 1:

raild

E=- Z Phiog(py)-
k=1

EQUATION1

An entropy image is constructed by computing the entropy
of all the n_xm, neighborhoods in the gray scale image.
The binary image may contain several disconnected pix-
els of the same value. For example, background pixels with
value zero may contain random instances of pixels with a
value of one, and foreground pixels that have a value of one
and indicate potential follicles may contain random and
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disconnected pixels with a value of zero. Optionally, the
coarse estimator 202 can remove instances of random ones
in the background by applying a morphological opening
operator on the binary image and/or remove instances of
random zeroes in the foreground by applying a morphologi-
cal closing operator on the binary image. Alternative
optional processing to remove this unwanted image noise
includes dilation, erosion, etc.

The coarse estimator 202 identifies connected regions
within the binary image and labels each of them as an
individual follicle masks. The resulting masks may contain
non-convex hull shapes. Optionally, in order to make the
follicle masks to look more like a convex hull, the coarse
estimator 202 morphologically filters or opens the mask for
each follicle with a kernel. The kernel can be rectangular,
circular, elliptical or any other shape and its cross-sectional
area must be smaller than the cross sectional area of a typical
follicle. Optionally, the cross-sectional area of the kernel can
be on an order of one tenth of the area of a follicle in the
image. If the original follicle mask is a convex hull, this
operation should not change the overall area; otherwise, the
follicle may divide into two or more follicles and their
cumulative areas would be different than that of the original
follicle.

Where morphological filters are employed, the coarse
estimator 202 compares each original connected region with
its corresponding morphologically filtered connected region.
If a change in the area between the two is greater than a
predetermined threshold, the coarse estimator 202 deter-
mines this is a significant change which would re-define the
follicle candidates. In this instance, the coarse estimator 202
performs another round of morphological opening of the
connected components and comparing areas with the previ-
ous connected components to determine the change. An
example of a threshold is more than 3.00%, 4.50%, 5.00%,
6.25%, 10.00%, or other percent, which may be greater or
less.

The coarse estimator 202 then thresholds the size of the
opened connected regions to extract those large-enough to
be considered candidates and/or discard those too small to
be considered candidates. A reasonable threshold is 20 mm?,
indicating that follicles only larger than 5 mm in diameter
are deemed potential candidates. Any other value for area
threshold and diameter threshold based on clinical evalua-
tion of follicles in in vitro fertilization can be acceptable.
The result provides an approximate estimate of the follicles
in a coarse follicle mask.

The coarse estimator 202 can identify a dominate follicle
in the image based on the estimate of the follicles. This can
be an automated process (with no human interaction) and/or
semi-autornated with human interaction in that a user can
manually indicate any region that has the characteristics of
a follicle, but has not been segmented in the fully-automated
technique. In the semi-automated follicle segmentation tech-
nique, a user indicates a point that lies within the follicle of
interest. Then, the candidate follicle is automatically seg-
mented and its border is reconstructed. If the point that has
been indicated by the user falls within an area designated as
potential follicle in the binary image, then the connected
pixels within the binary image will be selected and further
dilated to perform border optimization. If the indicated
initial point does not fall within a viable mask area, then the
point will be ignored.

FIGS. 2,3, 4,5, 6 and 7 illustrate an example of the above.
FIG. 2 shows the original B-mode image. FIG. 3 shows an
entropy image. FIG. 4 shows a filtered B-mode image,
where the filtering operation is applied. FIG. 5 shows a
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binary image constructed with the entropy and filtered
images. FIG. 6 shows binary image after removing noise.
FIG. 7 shows the connected components after the additional
opening and dilation operations. In FIG. 7, a follicle 702 is
identified as the dominate follicle.

The fine estimator 204 optimizes the contour of a follicle
wall of each follicle in the coarse follicle mask. In the
following example, the fine estimator 204 employs a non-
linear optimization that maximizes a diameter of a follicle
while keeping the cumulative echo intensity inside it at a
minimum. In other embodiments, other optimization
approaches can be employed.

The fine estimator 204 first maps every follicle detected
from the coarse estimation to the polar coordinate system
taking its center of mass as the origin. For this, the gray scale
B-mode image is multiplied by the dilated mask of the
follicle discussed above, yielding only the follicle of interest
in the Cartesian coordinate system. A center of mass of the
follicle mask is also calculated and assumed to be the origin
and then the polar map of the follicle is constructed using
pre-specified angular and radial resolutions. FIGS. 8 and 9
respectively show Cartesian and polar representations of the
follicle 702 of FIG. 7. In FIG. 9, the last value at a given
angle is used for the radial points that are beyond the extent
of the Cartesian mask. As a consequence, the polar image
appears to be washed out vertically after a certain radial
point at each angle.

In one non-limiting example, an angular resolution is set
to 0.5 degree, which corresponds to 720 angular points.
Also, the radial discretization is set to 200 points, yielding
sub-pixel resolution even for large follicles in standard
B-mode images. These settings result in a fixed-size polar
image, while maintaining sufficient accuracy for the opti-
mization result. Other angular resolution and/or radial dis-
cretization values are also contemplated herein. For
example, the radial discretization can be set to achieve a
consistent optimization resolution, at the cost of having
different computation times for different follicles.

The conversion of the Cartesian representation of a par-
ticular follicle to the polar representation is performed to the
smallest rectangular window that contains the follicle mask
as obtained in the coarse estimation. The angle measure-
ments are performed in standard trigonometric position,
with the angle increasing in the counter clock-wise direc-
tion. To further improve the estimates of follicle borders, a
morphological dilation operator is first applied to each
binary follicle mask to ensure that the mask would cover a
region large enough to encompass the follicle wall, and next
a non-linear optimization problem is solved for each of the
follicles found in the morphological processing.

The fine estimator 204 optimizes the contour of a follicle
wall by finding the optimal curve in the polar representation
of each follicle such that a predetermined set of follicle
characteristics (e.g., such as one or more of those described
herein) are satisfied. Such a curve should appear as a
functional graph in the angular-radial plane, meaning that
each angular point should corresponds to one and only one
radial point on the curve. In one non-limiting example, the
optimization is formulated by defining a following cost
function.

EQUATION 2 shows an example suitable cost function.

I ong EQUATION2

PO) = arg maxy > & fi(pB),
P

i=1 k=1
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-continued
where,
k-1
0, = 247D
g
0 < p(6k) <1,

where 0, is a k” angular step out of a total n_, p(0) is an
optimal curve function with each value representing a radius
of the follicle at every angle, n, is a number of radial points
used in the radial discretization, and r,. is a maximum
possible radius of the follicle.

EQUATION 2 combines n; different functionals, f(*),
each introducing a penalty on the curve. The contribution of
each functional in the overall cost function is determined
scalar weights alpha,. Without loss of generality and in order
to normalize the cost function, alpha, can be set to 1. The
objective of the optimization process is to find the optimal
curve such that the EQUATION 2 is minimized With p,(8)
being the initial guess of the optimal curve and 7 being the
polar image of the follicle, the following are a non-limiting
set of suitable functionals:

folp®) = Z(p(6), 0),
I S
hpO) = s
) ap(6)
hip®) = TR and
8 p()

HpO) =~

where Z (p(8), 8) is the polar image sampled at the coordi-
nates of the optimal curve. Each of {,, f}, f, and f; measure
a certain feature in the follicle characteristics. f, enforces
lower image intensity on the follicle borders, f; is small as
the cumulative diameter of the follicle is large, f, and f;
penalize the first and second derivatives of the curve func-
tion, enforcing a smooth border for individual follicles.

Solving for the optimal curve in EQUATION 2 includes
the use of a nonlinear optimization technique. An example
of suitable optimization techniques are discussed in I.
Nocedal, S. Wright, Numerical Optimization, 2nd Edition,
Springer, 2006. For example, a suitable optimization tech-
nique is an iterative approach for non-linear least-squares
optimization such as the Levenberg-Marquardt (LM) opti-
mization, which is a combination of Newtons and steepest
decent algorithms. With this approach, at each iteration, a
step direction is computed which would guide the cost
function to a local minimum.

The initial guess, p,(6), is chosen to be, at every angle, the
smallest radial point at which the underlying polar image is
larger than the I, threshold. At every iteration, 1, a step
direction is computed as Ap,(0) and the curve is updated as
shown in EQUATION 3:

Pil0)=pi1(O)+cAD;(0) EQUATION 3

where p,(0) is the curve function at iteration i and c; is the
step size.

In the Newtons and LM methods, the step direction is
computed by calculating the Jacobian matrix of the cost
function as follows as shown in EQUATION 4:
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EQUATION 4

-1 1 T ()

where [*]” is the transpose operator, According to Newtons
algorithm, the optimal descent can be computed as shown in
FEQUATION 5:

JTWIApO) = —JT WS, EQUATIONS
where,

I 0 0 0

0ol 0 0
w= )

0 0 af 0

0 0 0 asl

where 1 is the identity matrix. According to the LM method,
the Newtons step can be modified to address situations
where the Hessian matrix J”W1 is not positive definite (i.e.
the Hessian matrix has such small eigenvalues that make its
inversion infeasible). The Tikhonov regularization, whereby
a small perturbation, Al is added to the Hessian, guarantees
positive definiteness. The result is shown in EQUATION 6:

(TTWINDAP©)=-J T, EQUATION 6

In one instance, the regularization is used only as a
preventative measure to avoid unexpected behavior of the
optimization process. Examples values of A are 1072°-10.
Small values such as 10~'* ensure the convergence speed of
the Newtons method would be attained while ensuring
convergence stability of the LM algorithm. Furthermore,
since the regularization is small and the solution method is
similar to the Newtons algorithm, the step size has been set
equal to the optimal step size of the Newtons method, i.e.
c~=1.

For the follicle shown in FIG. 8, the initial curve 1002 and
a curve 1102 obtained after five iterations are depicted in
FIGS. 10 and 11, respectively. FIG. 10 shows the initial
guess of the border superimposed on the polar map of the
follicle, and FIG. 11 shows the 5th iteration. To illustrate the
enhancement that was achieved, the two curves are plotted
in a larger and expanded view in one view in FIG. 12. In this
example, @,=10°, o,=5x10* and @,=10°. The values
obtained for the cost function at each iteration using EQUA-
TION 2 are normalized with respect to the value of the cost
function evaluated with the initial curve and plotted in FIG.
13, which shows values of the cost function at different
iterations normalized to the value at initial iteration.

FIGS. 14, 15, 16, 17, 18, 19, 20 and 21 show a few
examples of the results after applying the above. FIGS. 14,
16, 18 and 20 show original B-mode images, and FIGS. 15,
17, 19 and 21 show corresponding segmented B-mode
images identified follicles. A few follicles have been iden-
tified on the boundaries of the images in FIGS. 17 and 19.
Generally such follicles are not of interest to the clinician
since the most important follicles are placed in the middle of
the image prior to performing automated segmentation.
These follicles can be remove or not shown in the first place.
In FIGS. 15, 17, 19 and 21, no area threshold is applied so
that all follicle candidates are illustrated. In a clinical setting,
applying such a threshold will remove unwanted follicles
based on the preference of the clinician.

Changing the settings on the parameters in EQUATION 2
may result in different segmentation result. The identified
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follicles may remain the same, however, their diameter and
border smoothness will change based on how the operator
would prefer to see the region segmented. Since the opti-
mization problem requires solving several iterations of large
systems of equations for every follicle, this approach can be
computationally intensive. In general, the first step of
obtaining a coarse estimate of the follicle borders is signifi-
cantly faster than the iterative optimization procedure.

Generally, with this approach, in the first stage the
approximate boundary of one or more follicles is detected.
In the second stage, for each follicle, using the result from
the first stage as a priori data, an optimization problem is
solved to find the most likely boundary map for the follicle.
While the first stage segmentation relies on morphological
image filtering using image intensity maps and entropy, the
second stage takes the smoothness of the follicle boundary
contour into account while minimizing a cost function. With
the approach described herein, accurate measurements of the
follicles can be made, which allows for precise aspiration
and staging of the follicle growth.

FIG. 22 illustrates an example method in accordance with
an embodiment herein.

It is to be appreciated that the ordering of the above acts
is not limiting. As such, other orderings are contemplated
herein. In addition, one or more acts may be omitted and/or
one or more additional acts may be included.

At 2202, a B-mode of ovarian follicles is obtained, as
described herein and/or otherwise.

At 2204, a variation image is constructed from the
B-mode, as described herein and/or otherwise.

At 2206, a binary image is constructed from the variation
image and the B-mode using a predetermined threshold, as
described herein and/or otherwise.

At 2208, connected components are identified in the
binary image, as described herein and/or otherwise.

At 2210, a coarse follicle mask is generated based on the
connected components, as described herein and/or other-
wise.

At 2212, contours of the connected components are
optimized in the coarse follicle mask, as described herein
and/or otherwise.

At 2214, follicles in the B-mode image are segmented
with the optimized follicle mask.

At 2216, the B-mode image with the segmented follicles
is displayed.

At 2218, one or more of the segmented follicles are
measured.

FIG. 23 illustrates another example method in accordance
with an embodiment herein.

It is to be appreciated that the ordering of the above acts
is not limiting. As such, other orderings are contemplated
herein. In addition, one or more acts may be omitted and/or
one or more additional acts may be included.

At 2302, a B-mode of ovarian follicles is obtained, as
described herein and/or otherwise.

At 2304, a variation image is constructed from the
B-mode, as described herein and/or otherwise.

At 2306, the B-mode image is pre-processed, producing a
pre-processed image, as described herein and/or otherwise.

At 2308, a binary image is constructed from the variation
image and the B-mode using a predetermined threshold, as
described herein and/or otherwise.

At 2310, the binary image is morphologically filtered, as
described herein and/or otherwise.

At 2312, connected components are identified in the
morphologically processed binary image, as described
herein and/or otherwise.
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At 2314, each connected component is morphologically
filtered, as described herein and/or otherwise.

At 2316, a size of the original and morphologically
filtered connected components is compared, as described
herein and/or otherwise.

At 2318, if a difference for a connected component is less
than a predetermined threshold (TH), at 2320 the connected
component is processed with a first dilation algorithm;
Otherwise, at 2322 the connected component is processed
with a second dilation algorithm.

At 2324, the dilated connected components are thresh-
olded with a predetermined threshold, where only connected
components greater than (or equal to and greater than) the
threshold are identified to create a coarse follicle mask of
candidate follicles, as described herein and/or otherwise.

At 2326, contours of the candidates are optimized, as
described herein and/or otherwise.

At 2328, afollicle in the B-mode image is identified based
on the optimized follicle mask, as described herein and/or
otherwise.

At least a portion of the methods discussed herein may be
implemented by way of computer readable instructions,
encoded or embedded on computer readable storage medium
(which excludes transitory medium), which, when executed
by a computer processor(s), causes the processor(s) to carry
out the described acts. Additionally or alternatively, at least
one of the computer readable instructions is carried by a
signal, carrier wave or other transitory medium.

Although the above is described in the context of ovarian
follicles, it is to be understood that other tissue and/or
objects with similar characteristics as those described herein
are also contemplated herein.

The application has been described with reference to
various embodiments. Modifications and alterations will
occur to others upon reading the application. It is intended
that the invention be construed as including all such modi-
fications and alterations, including insofar as they come
within the scope of the appended claims and the equivalents
thereof.

What is claimed is:

1. A method, comprising:

constructing a variation image from an ovarian follicle
B-mode ultrasound image, wherein the variation image
is indicative of local variations in the ovarian follicle
B-mode ultrasound image, and wherein the variation
image includes one of a variance image and an entropy
image;

constructing a binary image from the variation image and
the ovarian follicle B-mode image;

identifying connected components in the binary image,
wherein each connected component corresponds to a
different ovarian follicle candidate;

constructing a coarse follicle mask from the binary image
where each identified connected component represents
a mask for a corresponding different ovarian follicle
candidate in the binary image;

optimizing contours of the follicles in the coarse follicle
mask; and

segmenting one or more ovarian follicles from the ovarian
follicle B-mode ultrasound image with the optimized
follicle mask.

2. The method of claim 1, wherein constructing the binary

image includes:

setting a value of a pixel in the binary image to a value of
one only if a first corresponding pixel in the variation
image is less than a first predetermined threshold and a
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second corresponding pixel in the ovarian follicle
B-mode ultrasound image is less than a second prede-
termined threshold.

3. The method of claim 1, further comprising: pre-pro-
cessing the ovarian follicle B-mode ultrasound image, con-
structing a pre-processed image, wherein the pre-processing
includes at least one of low pass filtering the ovarian follicle
B-mode ultrasound image and removing speckle from the
ovarian follicle B-mode ultrasound image.

4. The method of claim 3, wherein constructing the binary
image includes:

setting a value of a pixel in the binary image to a value of

one only if a first corresponding pixel in the variation
image is less than a first predetermined threshold and a
second corresponding pixel in the pre-processed image
is less than a second predetermined threshold.

5. The method of claim 1, wherein the binary image
includes noise, wherein the noise includes at least one of a
pixel with a value of one in a region of pixels with values of
zero and a pixel with a value of zero in a region of pixels
with values of one, and further comprising: processing the
binary image to remove the noise.

6. The method of claim 5, wherein the binary image is
processed with at least one of morphological opening and
closing operations, dilation and erosion.

7. The method of claim 1, further comprising:

extracting only identified connected components having

an area that satisfies a predetermined follicle size
threshold; and

constructing the coarse follicle mask with the extracted

connected components.

8. The method of claim 1, wherein the binary image
includes at least one connected component that has a non-
convex hull shape, and further comprising: morphologically
filtering the connected component which re-shapes the at
least one connected component so that it has convex hull
shape.

9. The method of claim 8, wherein the morphologically
filtering employs a disk-shaped kernel with an area on an
order of one tenth of the area of the connected component.

10. The method of claim 8, further comprising:

comparing an area of a morphologically filtered con-

nected component with an area of a corresponding
connected component;
dilating the connected component with a first scaling
factor in response to a difference in the areas satisfying
a predetermined threshold; and

dilating the connected component with a second scaling
factor in response to a difference in the areas not
satisfying the predetermined threshold.

11. The method of claim 8, further comprising:

extracting only dilated connected components having an

area that satisfies a predetermined follicle size thresh-
old; and

constructing the coarse follicle mask with the extracted

connected components.

12. The method of claim 1, wherein follicle walls are
optimized by finding an optimal curve in a polar represen-
tation of each follicle such that a predetermined set of
follicle characteristics are satisfied.

13. The method of claim 12, wherein the optimizing
includes:

multiplying the ovarian follicle B-mode image by a

follicle mask, producing only the follicle in a Cartesian
coordinate system;

calculating a center of mass of the follicle mask;
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constructing a polar map of the follicle using pre-specified
angular and radial resolutions; and

optimizing the contour by minimizing a cost function.

14. An apparatus, comprising;:

a follicle identifier that receives an ultrasound B-mode
image generated by an ultrasound imaging system,
wherein the follicle identifier includes:

a coarse estimator configured to employ morphological
filters to identify potential ovarian follicles in the
ultrasound B-mode image and determine a coarse
outline of their boundaries, wherein the course esti-
mator constructs a variance image or an entropy
image from the ultrasound B-mode image, constructs
a binary image from the variance or entropy image
and the ultrasound B-mode image or a pre-processed
ultrasound B-mode image, identifies candidate ovar-
ian follicle in the binary image through connected
components, and constructs a course follicle mask
which includes the coarse outline of the boundaries,
where each identified connected component repre-
sents a mask for a corresponding different ovarian
follicle candidate in the binary image; and

a fine estimator configured to employ a non-linear
optimization to refine the borders.

15. The apparatus of claim 14, wherein the coarse esti-
mator identifies, automatically or semi-automatically, a
dominate follicle in the coarse follicle mask, and further
comprises: displaying the coarse follicle mask with indicia
highlighting the dominate follicle.

16. The apparatus of claim 14, wherein the coarse esti-
mator morphologically opens and closes the binary image
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generating a de-noised binary image, and morphologically
filters the candidate ovarian follicles to re-shape candidate
ovarian follicles not satisfying a predetermined follicle
shape.

17. The apparatus of claim 14, wherein the fine estimator
multiplies the ultrasound B-mode image by a follicle mask
producing only the follicle in a Cartesian coordinate system,
calculates a center of mass of the follicle mask, constructs a
polar map of the follicle using pre-specified angular and
radial resolutions, and optimizes the contour through mini-
mizing a cost function based on the polar map.

18. A non-transitory computer readable medium encoded
with computer executable instructions, which, when
executed by a computer processor, causes the processor to:

construct an entropy image with a B-mode image;

low pass filter the B-mode image;

construct a binary image based on pixels values of both

entropy image and the low pass filtered B-mode image;
morphologically filter the binary image;

identify connected components in the morphologically

filtered binary image;

create a coarse follicle mask with the connected compo-

nents having an area that satisfied a predetermined
threshold;

refine contours of the follicles in the coarse follicle mask;

and

identify ovarian follicle B-mode image based on the

follicles with the refined contours.
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