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(57 ABSTRACT

According to one embodiment, a structuring circuitry tem-
porarily structures a dynamical model of analysis processing
based on the time-series medical image. The identification
circuitry identifies a latent variable of the dynamical model
so that at least one of a prediction value of a blood vessel
morphology and a prediction value of a bloodstream based
on the temporarily structured dynamical model is in con-
formity with at least one of an observation value of the blood
vessel morphology and an observation value of the blood-
stream measured in advance. The analysis circuitry analyzes
the dynamical model to which the identified latent variable
is allocated.
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BLOOD VESSEL ANALYSIS APPARATUS,
MEDICAL IMAGE DIAGNOSIS APPARATUS,
AND BLOOD VESSEL ANALYSIS METHOD

CROSS-REFERENCE TO RELATED
APPLICATIONS

[0001] This application is a Continuation Application of
U.S. patent application Ser. No. 14/731,908, filed on Jun. 5,
2015, which is a Continuation of PCT Application No.
PCT/IP2013/082872, filed on Dec. 6, 2013, which is based
upon and claims the benefit of priority from the Japanese
Patent Application No. 2012-268714, filed on Dec. 7, 2012;
the entire contents of each of which are incorporated herein
by reference.

FIELD

[0002] Embodiment described herein relate generally to a
blood vessel analysis apparatus, a medical image diagnosis
apparatus, and a blood vessel analysis method.

BACKGROUND

[0003] It is desired to develop a noninvasive or minimally
invasive technique for preventing and diagnosing stenosis of
a coronary artery causing heart disease which is one of three
major diseases, cerebral aneurysm, or stenosis caused by a
plaque of a carotid artery which may be a premonition
thereof.

[0004] Stenosis of a coronary artery is a setious pathologic
change that may lead to ischemic heart disease. A diagnosis
of stenosis of a coronary artery is mainly Coronary Angiog-
raphy (CAG) using a catheter. A diagnosis index of an
organic pathologic change of a coronary artery includes
Fractional Flow Reserve (FFR). The FFR is defined as a
ratio of the maximum coronary blood flow where stenosis
exists with respect to the maximum coronary blood flow
where stenosis does not exist. The FFR is substantially the
same as the ratio of a stenosis distal portion coronary
internal pressure with respect to a stenosis proximal portion
coronary internal pressure. The FFR is measured by a
pressure sensor provided at a catheter distal end. More
specifically, a catheter operation is required to measure the
FFR.

[0005] When the analysis of stenosis of the coronary
artery can be performed with a heart CT, this is minimally
invasive, and can reduce the burden imposed on the patient
and save the medical cost as compared with the measure-
ment of the FFR with the catheter operation. However, in the
heart CT, only the index based on the size of a plaque region
or a thrombus region included in a CT image can be
measured in a minimally invasive manner. If a pressure
difference and the like before and after the thrombus can be
measured based on the CT image by structural fluid analysis,
the effect exerted by the thrombus (or plaque) is expected to
be quantified.

[0006] Medical imaging techniques such as ultra-fast CT,
cine angiography, MRI (magnetic resonance image method),
ultrasonic imaging method, SPECT (single photon emission
tomography). PET (positron emission tomography), and the
like have been developed in terms of clinical aspect as a
dynamic evaluation of coronary circulation, and are used for
evaluation of diagnosis and treatment methods.

[0007] However, it is difficult for a medical image diag-
nosis apparatus to accurately recognize coronary microve-
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ssels. Even if a blood vessel shape is clear, a medical image
may include noises, and the threshold value setting at the
boundary of a living tissue may be ambiguous. As described
above, a blood vessel shape obtained by the medical image
diagnosis apparatus involves uncertainty.

[0008] When a medical image diagnosis apparatus is uti-
lized in a clinical application, analysis is often performed on
the target of only a thick region of coronary artery from the
origin of the aorta at the upstream of the coronary microve-
ssels. Since the bloodstream of the coronary artery is also
greatly affected by the tonus of the coronary microvessels,
it is the problem to appropriately set boundary conditions of
fluid analysis such as the volume of flow or pressure at the
exit of the coronary artery of the thick region or the rate of
change thereof. The bloodstream of the coronary artery
receives mechanical factors of pulsation of the heart (overall
movement caused by pulsation, and forced displacement or
external force due to local expansion and contraction, twist-
ing, and shearing deformation). With the fluid analysis
alone, the effect of the mechanical factors such as pulsation
of the heart cannot be taken into consideration, and there-
fore, the volume of flow distribution of the bloodstream and
the internal pressure distribution cannot be accurately mea-
sured. On the other hand, a structure-fluid interaction analy-
sis is also carried out on the heart and the blood vessel
system captured in an image in view of the effects of the
mechanical factors. However, even when the structure-fluid
interaction analysis is performed, it is often difficult to
correctly set the material model of the blood vessel and the
plaque and the boundary condition at the entrance and the
exit of the blood vessel in the fluid analysis of the blood
(including contrast agent). When there is a microvessel that
is not captured in the image, the effect of the microvessel
given to the bloodstream cannot be taken into consideration.
For this reason, the analysis result of the structure-fluid
interaction analysis may not be reproducing actual blood-
stream and blood vessel deformation. In a case where the
boundary condition, the load condition, and the material
model are not appropriate, or in a case where the blood
vessel involves great movement, there may be a problem in
the convergence and the analysis stability. As described
above, in conventional structural fluid analysis of blood
vessels, it may be required to have large analysis resources
and it may take an analysis time, or the error of the analysis
result may increase, and therefore, there may be a problem
in the utilization in actual clinical scenes.

BRIEF DESCRIPTION OF THE DRAWING

[0009] FIG. 1 is a figure illustrating a schematic block
configuration of a medical image diagnosis apparatus (X-ray
computed tomography apparatus) according to the present
embodiment.

[0010] FIG. 2 is a figure illustrating an example of a
dynamical model of a target region of a structural fluid
analysis according to the present embodiment.

[0011] FIG. 3 is a figure illustrating a typical flow of
structural fluid analysis processing performed under the
control of a system control circuitry of FIG. 1.

[0012] FIG. 4 is a figure illustrating a block configuration
of the image processing circuitry of FIG. 1.

[0013] FIG. 5 is a figure schematically illustrating a cross
section perpendicular to a center line of a blood vessel
region included in a CT image.
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[0014] FIG. 6 is a figure illustrating a time change of an
aspect of a blood vessel center line used for image tracking
processing performed with image analysis/tracking process-
ing of FIG. 4.

[0015] FIG. 7 is a figure for explaining image tracking
processing according to the image analysis/tracking process-
ing of FIG. 4, and is a figure illustrating an example of
tracking processing between a time t and a time t+At.
[0016] FIG. 8 is a figure illustrating a cross section per-
pendicular to a center line of a shape model structured by a
dynamical model structuring circuitry of FIG. 4.

[0017] FIG. 9 is a figure illustrating an example of a CT
value—material model table stored in a storage of FIG. 1.
[0018] FIG. 10 is a figure for explaining allocation of a
forced displacement history to a shape model performed by
the dynamical model structuring circuitry of FIG. 4.
[0019] FIG. 11 is a figure for explaining posterior distri-
bution calculation and identification of an average internal
pressure of a load condition (an average pressure in a blood
vessel) according to hierarchical Bayesian model and
Markov chain Monte Carlo methods performed by the
statistical identification circuitry of FIG. 4.

[0020] FIG. 12 is a figure for explaining identification of
a material model parameter and a posterior distribution
calculation about the material model parameter based on
hierarchical Bayesian model and Markov chain Monte Carlo
method (an equivalent elastic modulus of a blood vessel
wall) performed with the statistical identification circuitry of
FIG. 4.

[0021] FIG. 13 is a figure illustrating an example of
display of a space distribution of an internal pressure which
is one of dynamical indexes according to the display device
of FIG. 1.

[0022] FIG. 14A s a figure illustrating another example of
allocation of a forced displacement history according to the
dynamical model structuring circuitry of FIG. 4.

[0023] FIG. 14B is a figure illustrating another example of
allocation of a forced displacement history according to the
dynamical model structuring circuitry of FIG. 4.

[0024] FIG. 15 is a figure illustrating another example of
allocation of a forced displacement history according to the
dynamical model structuring circuitry of FIG. 4.

[0025] FIG. 16 is a figure illustrating another example of
allocation of a forced displacement history according to the
dynamical model structuring circuitry of FIG. 4.

[0026] FIG. 17A is a schematic diagram of a heart where
any collateral does not exist.

[0027] FIG. 17B is a schematic diagram of a heart where
collateral exists.

[0028] FIG. 18 is a figure illustrating a typical flow of
processing performed under control of the system control
circuitry according to an application example of the present
embodiment.

[0029] FIG. 19 is a figure for explaining determination
processing in which a collateral determination circuitry of an
image processing circuitry according to an application
example of the present embodiment determines whether
collateral exists or not.

DETAILED DESCRIPTION

[0030] In general, according to one embodiment, a blood
vessel analysis apparatus includes a storage, a structuring
circuitry, an identification circuitry, and an analysis circuitry.
The storage is configured to store data of a time-series
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medical image of a blood vessel of a subject. The structuring
circuitry is configured to temporarily structure a dynamical
model of analysis processing based on the time-series medi-
cal image. The identification circuitry is configured to iden-
tify a latent variable of the dynamical model so that at least
one of a prediction value of a blood vessel morphology and
a prediction value of a bloodstream based on the temporarily
structured dynamical model is in conformity with at least
one of an observation value of the blood vessel morphology
and an observation value of the bloodstream measured in
advance. The analysis circuitry is configured to analyze the
dynamical model to which the identified latent variable is
allocated.

[0031] A blood vessel analysis apparatus, a medical image
diagnosis apparatus, and a blood vessel analysis method
according to the present embodiment will be hereinafter
explained with reference to drawings.

[0032] A blood vessel analysis apparatus according to the
present embodiment is a computer apparatus for performing
structural fluid analysis on a blood vessel region included in
a medical image generated by a medical image diagnosis
apparatus. The blood vessel analysis apparatus according to
the present embodiment may be incorporated into a medical
image diagnosis apparatus, or may be a computer apparatus
such as a work station provided separately from the medical
image diagnosis apparatus. In order to explain in a specific
manner, the blood vessel analysis apparatus according to the
present embodiment is considered to be incorporated into
the medical image diagnosis apparatus in the explanation
below.

[0033] The medical image diagnosis apparatus according
to the present embodiment can be applied to any type of
image diagnosis apparatus provided with an imaging mecha-
nism scanning a subject. For example, an X-ray computed
tomography apparatus (X-ray CT apparatus), a magnetic
resonance diagnosis apparatus, ultrasonic diagnosis appara-
tus, SPECT apparatus, PET apparatus, radiological treat-
ment apparatus, and the like can be used as necessary as the
medical image diagnosis apparatus according to the present
embodiment. In order to explain in a specific manner, the
medical image diagnosis apparatus according to the present
embodiment is considered to be an X-ray computed tomog-
raphy apparatus s in the explanation below.

[0034] FIG. 1 is a schematic block configuration diagram
illustrating the medical image diagnosis apparatus according
to the present embodiment (X-ray computed tomography
apparatus). As shown in FIG. 1, the X-ray computed tomog-
raphy apparatus includes a CT gantry 10 and a console 20.
The CT gantry 10 scans an imaging part of a subject using
an X-ray in accordance with the control of the gantry control
circuitry 23 of the console 20. The imaging part is, for
example, a heart. The CT gantry 10 includes an X-ray tube
11, an X-ray detector 13, and a data acquisition circuitry 15.
The X-ray tube 11 and the X-ray detector 13 are provided on
the CT gantry 10 so as to be able to rotate about a rotation
axis. The X-ray tube 11 emits an X-ray onto a subject in
which a contrast agent is injected. The X-ray detector 13
detects the X-ray generated from the X-ray tube 11 and
transmitted through the subject, and generates an electric
signal in accordance with the intensity of the detected X-ray.
The data acquisition circuitry 15 reads the electric signal
from the X-ray detector 13 and converts the electric signal
into digital data. A set of digital data for each view is referred
to as a raw data set. A time-series raw data set of multiple
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scan times are transmitted by a non-contact data transmis-
sion apparatus (not shown) to the console 20.

[0035] The console 20 has a system control circuitry 21 as
a center, and includes a gantry control circuitry 23, a
reconstruction circuitry 25, an image processing circuitry
27, an input device 29, a display 31, and a storage 33. The
console 20 is connected to an electrocardiograph 35. The
electrocardiograph 35 generates cardiac beat information
about the subject, and provides the cardiac beat information
to the gantry control circuitry 23 of the console 20.

[0036] The gantry control circuitry 23 controls each appa-
ratus in the console 20 in accordance with a scan condition
set with the input device 29 by the user. The gantry control
circuitry 23 executes scan in synchronization with the car-
diac beat information provided by the electrocardiograph 35.

[0037] The reconstruction circuitry 25 generates data of a
CT image of a subject based on a raw data set. More
specifically, first, the reconstruction circuitry 25 generates a
projection data set by preprocessing the raw data set. The
preprocessing includes logarithmic transformation, non-uni-
form correction, calibration correction, and the like. Subse-
quently, the reconstruction circuitry 25 generates data of a
CT image by applying image reconstruction processing to
the projection data set. Existing algorithms such as analytic
image reconstruction methods such as filtered back projec-
tion (FBP) method and successive approximation image
reconstruction such as maximum likelihood expectation
maximization (ML-EM) method and ordered subset expec-
tation maximization (OS-EM) method can be applied as the
image reconstruction algorithm. In the present embodiment,
the reconstruction circuitry 25 generates time-series data of
CT images based on time-series projection data set. The CT
image includes pixel regions of blood vessels imaged with
the contrast agent (hereinafter referred to as blood vessel
regions). It should be noted that the CT image may be slice
data representing two-dimensional space distribution of CT
values, or may be volume data representing three-dimen-
sional space distribution of CT values. Hereinafter, a CT
image is considered to be volume data. The data of the
time-series CT image are stored in the storage 33.

[0038] The image processing circuitry 27 executes struc-
tural fluid analysis by structuring a dynamical model based
on the time-series CT images. The details of the processing
of the image processing circuitry 27 will be explained later.

[0039] The input device 29 receives various kinds of
commands and information inputs from the user. A key-
board, a mouse, a switch, and the like can be used as the
input device 29.

[0040] The display 31 displays various kinds of informa-
tion such as a CT image, a structural fluid analysis result,
and the like. For example, a CRT display, a liquid crystal
display, an organic EL display, a plasma display and the like
can be used as the display 31 as necessary.

[0041] The storage 33 is constituted by various kinds of
storage media such as a hard disk apparatus. The storage 33
stores various kinds of data such as time-series projection
data, time-series CT image data, and the like. For example,
the storage 33 stores time-series CT image data in a medical
image file format based on digital imaging and communi-
cations in medicine (DICOM) specification. The storage 33
may store medical data collected by an external device in
association with time-series CT image data in a medical
image file.

Jun. 21,2018

[0042] The system control circuitry 21 includes a central
processing unit (CPU), region only memory (ROM), a
random access memory (RAM). The system control cir-
cuitry 21 functions as the center of the X-ray computed
tomography apparatus. The system control circuitry 21
executes the blood vessel structure analysis processing
according to the present embodiment by executing the blood
vessel analysis program stored in the ROM and the RAM.
[0043] It should be noted that the system control circuitry
21, the image processing circuitry 27, the input device 29,
the display 31, and the storage 33 constitute the blood vessel
analysis apparatus 50. Like the present embodiment, the
blood vessel analysis apparatus 50 may be incorporated into
the medical image diagnosis apparatus (X-ray computed
tomography apparatus), or may be a computer apparatus
provided separately from the medical image diagnosis appa-
ratus. The blood vessel analysis apparatus 50 is provided
separately from the medical image diagnosis apparatus, the
blood vessel analysis apparatus 50 may collect medical data
such as time-series CT images via a network from the
medical image diagnosis apparatus and a picture archiving
and communication systems (PACS).

[0044] Subsequently. an example of operation of the pres-
ent embodiment will be explained in details. The blood
vessel analysis apparatus, medical image diagnosis appara-
tus, blood vessel analysis method, and the blood vessel
analysis program according to the present embodiment can
adopt, as the analysis target, blood vessels in any portion of
the human body such as a heart blood vessel, a carotid artery,
and a cerebral artery. However, in order to explain in a
specific manner, analysis target according to the present
embodiment is considered to be a blood vessel in the heart
in the explanation below.

[0045] Examples of blood vessels of the heart include a
coronary artery and an aorta. The coronary artery starts from
the coronary artery origin of the aorta, runs on the cardiac
muscle surface and enter into the endocardium side from the
epicardium side. The coronary artery branches into numet-
ous number of capillaries at the endocardium of the cardiac
muscle. After the coronary artery branches into numerous
number of capillaries, the numerous number of capillaries
are united again to form a great cardiac vein and connected
to the coronary sinus. Unlike other organs, the coronary
vascular system is characterized in that the perfusion is to be
ensured in dynamics change of contraction and relaxation of
the cardiac muscle.

[0046] The blood vessel analysis apparatus 50 according
to the present embodiment structures the dynamical model
based on the time-series CT images, and executes the
structural fluid analysis on the blood vessel of the heart by
using the dynamical model, and accurately calculates the
dynamics index and the blood flow volume index in the
blood vessel. Hereinafter, the blood flow volume index will
be referred to as a bloodstream index. In order to accurately
calculate the dynamics index and the bloodstream index, it
is necessary to allocate a highly accurate latent variable to
the dynamical model. When the blood vessel analysis appa-
ratus 50 structures the dynamical model, the blood vessel
analysis apparatus 50 statistically identifies a latent variable
by performing inverse analysis on the initial dynamical
model. Therefore, the blood vessel analysis apparatus 50 can
accurately determine the latent variable. The dynamics
index means the dynamics index about the blood vessel wall.
The dynamics index about the blood vessel wall is classified
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into, for example, an index of displacement of a blood vessel
wall, an index of stress and distortion applied to a blood
vessel wall, an index of internal pressure distribution applied
to an intravascular lumen, an index of material characteris-
tics representing the hardness of the blood vessel, and the
like. The index of material characteristics representing the
hardness of the blood vessel includes, e.g., an average
inclination of a curved line representing a relationship of
stress and distortion of a blood vessel tissue. The blood-
stream index means an index of hemodynamics about blood
flowing in a blood vessel. Examples of bloodstream indexes
include the volume of flow of blood, the flow rate of blood,
viscosity of blood, and the like.

[0047] The latent variable includes, for example, at least
one of a parameter of a material model such as a material
constitutive equation of blood vessel or a material consti-
tutive equation of blood (for example, Young’s modulus,
Poisson’s ratio, and the like), a load condition parameter
such as an internal pressure distribution applied to an
intravascular lumen, a boundary condition parameter of
structure analysis and fluid analysis, and a variation distri-
bution parameter related to uncertainty of a time-series
morphology index and shape deformation index. In this
case, a variation distribution parameter related to uncertainty
of time-series morphology index and shape deformation
index is such that various kinds of uncertainties are
expressed as probability distributions in view of the fact that
medical image data include variation distribution caused by
noise of each CT value, probability distribution caused by
ambiguity of a boundary threshold value of a living tissue,
and the like. Examples of various kinds of uncertainties
include uncertainty in a space coordinate of boundary coor-
dinates of blood vessel tissue and blood and feature points
(such as a blood vessel branching portion, a contrast agent
distribution arrangement, and the like), uncertainty of a
geometric structure parameter (lumen radius and the like in
a cross section perpendicular to a center line), and uncer-
tainty of a medical image data itself (such as a CT value, a
boundary threshold value, and the like).

[0048] The dynamical model is a numerical model
expressing behavior of a blood vessel and blood. The
dynamical model has different types according to schemes
of structural fluid analysis. For example, the dynamical
model is classified into continuum dynamical model and
simplified dynamical model. The continuum dynamical
model is used for, for example, finite element method (FEM)
and boundary element method. The simplified dynamical
model is classified into, for example, a material dynamical
model based on material dynamics and a fluid dynamical
model based on flow studies. Unless otherwise specified in
the following explanation, the type of the dynamical model
is not particularly limited. The initial dynamical model is
considered to mean a dynamical model allocated with a
sampling set about parameters of latent variables that can be
obtained from a variable range and probability distribution
of latent variables (a set of combination of parameters).

[0049] FIG. 2 is a figure illustrating an example of a
dynamical model M1 of a target region of structural fluid
analysis (hereinafter referred to as an analysis target region).
As shown in FIG. 2, the dynamical model M1 includes an
aorta region R1, a right coronary artery region R2, and a left
coronary artery region R3. The blood flows from the aorta to
the right coronary artery or the left coronary artery.
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[0050] As shown in FIG. 2, in the dynamical model M1,
the end at the side of the origin of the aorta is set as the
entrance of the bloodstream, and the end of the right
coronary artery region and the end of the left coronary artery
region are set as the exit of the bloodstream. A boundary
condition is set at each of the entrance and the exit. The
boundary condition about the entrance includes, for
example, the flow rate of the bloodstream, or the pressure
generated by the bloodstream at the entrance, or the rate of
change thereof. The boundary condition about the exit
includes, for example, the flow rate of the bloodstream, or
the pressure generated by the bloodstream at the exit, or the
rate of change thereof. The deformation of the aorta, the
right coronary artery, and the left coronary artery depends on
various factors such as mechanical action to the blood vessel
wall caused by the bloodstream, mechanical action to the
blood vessel wall caused by the pulsation of the heart
(external force), the load condition of the blood vessel cross
section boundary, the material model of the blood vessel
wall, non-stress state of the blood vessel, geometric shape of
the blood vessel wall, and the like. In this case, the mechani-
cal action to the blood vessel wall caused by the bloodstream
includes, for example, the internal pressure caused by the
bloodstream and the shear stress caused by the bloodstream.
Due to the internal pressure caused by the bloodstream,
deformation occurs in the blood vessel circle or the direction
perpendicular to the intravascular lumen surface. With the
mechanical action to the blood vessel wall caused by the
pulsation of the heart and the shear stress caused by the
bloodstream, this generates deformation caused by the
mechanical action applied to the blood vessel such as
expansion and contraction, twisting, bending, and the like in
the blood vessel center line direction. The deformation of the
blood vessel such as expansion and contraction, twisting,
bending, and the like in the blood vessel center line direction
is allocated, as the load condition, to the aorta region R1, the
right coronary artery region R2, and the left coronary artery
region R3. More specifically, the deformation of the blood
vessel such as expansion and contraction, twisting, bending,
and the like in the blood vessel center line direction is
expressed by a forced displacement (movement vector and
rotation displacement) or a temporal change of a load vector.
The deformation in the blood vessel circle or the direction
perpendicular to the lumen surface based on the internal
pressure caused by the bloodstream is allocated to the
intravascular lumen as a temporal change of the pressure
distribution.

[0051] The displacement constraint condition due to
forced displacement is allocated to the aorta region R1, the
right coronary artery region R2, and the left coronary artery
region R3 in the structural fluid analysis. Therefore, the
deformation freedom degree of the blood vessel wall in the
structural fluid analysis can be reduced, and the calculation
convergence can be stabilized, and the analysis time can be
reduced.

[0052] For example, the deformation degree of the shape
of the blood vessel depends on the material of the blood
vessel wall. For this reason, the material model is allocated
to the aorta region R1, the right coronary artery region R2,
and the left coronary artery region R3. The deformation
degree of the shape of the blood vessel also depends on the
non-stress state of the blood vessel. The residual stress
distribution of the blood vessel may be allocated as the
initial value of the load condition.
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[0053] The parameters about latent variables such as the
material model, the boundary condition, and the load con-
dition are identified by the inverse analysis (statistical iden-
tification processing) based on the dynamical model
explained later. The accurate latent variables identified by
the inverse analysis region allocated to the dynamical
model. With the dynamical model to which accurate latent
variables region allocated, the hemodynamics analysis can
be executed based on structural fluid analysis or fluid
analysis or structure analysis or image analysis in view of
the effect to the analysis target blood vessel region due to the
external factors such as the blood vessel and the heart
outside of the analysis target blood vessel region. When the
blood vessel analysis apparatus 50 structures the dynamical
model, the blood vessel analysis apparatus 50 can solve the
following four difficulties associated with a conventional
example using the identification of the latent variables with
the inverse analysis. Difficulty 1: identification method of
the material model of the coronary artery. Difficulty 2:
incorporation of the effect of deformation of the shape of the
heart to the coronary artery. Difficulty 3: identification
method of the boundary condition of the coronary artery.
Difficulty 4: image analysis and structural fluid analysis
using the blood vessel shape having variation based on
uncertainty of medical image data. By overcoming the four
difficulties, the blood vessel analysis apparatus 50 achieves
the improvement of the analysis accuracy as compared with
a conventional blood vessel structural fluid analysis in which
latent variables are not identified with the inverse analysis.
[0054] Subsequently, the details of the structural fluid
analysis processing according to the present embodiment
will be explained. FIG. 3 is a figure illustrating a typical flow
of structural fluid analysis processing performed under the
control of the system control circuitry 21 according to the
present embodiment. FIG. 4 is a figure illustrating a block
configuration of the image processing circuitry 27.

[0055] As shown in FIG. 3, in the structural fluid analysis
processing, first, the system control circuitry 21 reads a
medical image file of processing target from the storage 33,
and provides the medical image file to the image processing
circuitry 27. The medical image file includes not only data
of time-series CT images but also data of observation value
of the bloodstream index. The data of the time-series CT
images are data representing three-dimensional space dis-
tribution of time-series CT values. The time-series CT
images include, for example, 20 CT images per cardiac beat,
and more specifically, the time-series CT images include, for
example, CT images for about 20 cardiac phases.

[0056] As shown in FIG. 3, the system control circuitry 21
causes the image processing circuitry 27 to perform the
region setting processing (step S1). In step S1, the region
setting circuitry 51 of the image processing circuitry 27 sets
the analysis target region of the structural fluid analysis in
the blood vessel region included in the time-series CT
image, and sets the identification target region of the latent
variable in the analysis target region. The analysis target
region may be all of the blood vessel region drawn in the
time-series CT image, or may be a part thereof. For example,
the analysis target region is set to any given part of the blood
vessel region with regard to the coronary artery.

[0057] In this case, a structure of a blood vessel drawn in
a CT image will be explained with reference to FIG. 5. FIG.
5 is a figure schematically illustrating a cross section per-
pendicular to the center line of the blood vessel (hereinafter
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referred to as a center line longitudinal cross section). As
shown in FIG. 5, the blood vessel includes a tube-like blood
vessel wall. The pixel region corresponding to the blood
vessel wall will be referred to as a blood vessel wall region.
The center axis of the blood vessel wall will be referred to
as an axial line. The inner side of the blood vessel wall will
be referred to as an intravascular lumen. A pixel region
corresponding to blood where blood and contrast agent
flows in the lumen will be referred to as a blood region, and
a pixel region corresponding to the contrast agent will be
referred to as a contrast agent region. When the blood region
and the contrast agent region are not particularly distin-
guished from each other, it will be referred to as a lumen
region. The border between the lumen and the blood vessel
wall is referred to as a blood vessel wall. Outside of the
blood vessel wall, perivascular tissues such as cardiac
muscles are distributed. The border between the blood vessel
wall and the perivascular tissue is referred to as a blood
vessel external wall. Inside of the blood vessel wall, a plaque
may be generated. A pixel region corresponding to the
plaque will be referred to as a plaque region. The plaque is
classified into, for example, calcified plaque which has been
calcified, atherosclerotic plaque, and the like. The athero-
sclerotic plaque is soft, and the blood vessel wall may break
and exude to the inside of the blood vessel as a thrombus,
and may be referred to as unstable plaque. Therefore, it is
useful to find the property of the plaque in a clinical manner.
As explained later, the property and the existing region of
the plaque may be identified by a CT value.

[0058] Forexample, the analysis target region is set by the
region setting circuitry 51 to be limited into a lesion region
or a treatment target according to a command given with the
input device 29 by the user. For example, in a case where a
lesion region such as a plaque and a stenosed portion is
found by image diagnosis and the like in advance, the
pathologic change portion may be set as the analysis target
region. Alternatively, the analysis target region may be
limited in accordance with a clinical empirical rule associ-
ated with a lesion region. For example, a pathologic change
generated in the heart blood vessel is likely to be generated
in the blood vessel running on the surface of the heart. In
general, the blood vessel running on the surface of the heart
is thicker than the blood vessel entering into the inside of the
heart. Therefore, the region setting circuitry 51 may set the
analysis target region in the blood vessel region associated
with the blood vessel running on the surface of the heart
according to the image processing or the command given
with the input device 29 by the user. For example, the region
setting circuitry 51 may set the analysis target region to be
limited into a blood vessel region where the diameter is
equal to or more than 2 mm. In other words, the region
setting circuitry 51 excludes the blood vessel region asso-
ciated with the blood vessel in the inside of the heart from
the analysis target region. As described above, the process-
ing efliciency can be improved by decimating the calculation
target in a spatial manner.

[0059] When step S1 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform image analysis/tracking processing (step S2). In
step S2, the image analysis/tracking processing unit 53 of
the image processing circuitry 27 performs image process-
ing on the time-series CT images, and calculates time-series
blood vessel morphology index and the time-series blood
vessel shape deformation index. More specifically, the
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image analysis/tracking processing unit 53 performs the
image analysis processing on the time-series CT image to
calculate the time-series blood vessel morphology index,
and performs tracking processing on the time-series CT
image to calculate the time-series blood vessel shape defor-
mation index. The blood vessel morphology index is an
index representing a mode of a blood vessel region. A
specific example of a blood vessel morphology index will be
explained later.

[0060] Hereinafter, image analysis/tracking processing
will be explained in a specific manner. In the image analysis
processing, the image analysis/tracking processing unit 53
extracts the blood vessel region from each CT image, and
identifies an intravascular lumen region, a blood vessel wall
region, and a plaque region as shown in FIG. 5. The image
analysis/tracking processing unit 53 identifies, as blood
vessel morphology indexes, three-dimensional coordinates
of multiple pixels included in contours of the intravascular
lumen region, the blood vessel wall region, and the plaque
region. A three-dimensional coordinate of a pixel is used as
a blood vessel morphology index. It should be noted that
pixels of a particular target of a three-dimensional coordi-
nate may be limited to pixels included in the contours of the
intravascular lumen region, the blood vessel wall region, and
the plaque region in a surface perpendicular to the intravas-
cular lumen surface or the blood vessel center line longitu-
dinal cross section. It should be noted that the blood vessel
morphology index may be not only the three-dimensional
coordinate but also geometric indexes such as a direction
vector of zero degrees and a radius and a diameter of the
intravascular lumen for every angle in the blood vessel
center line longitudinal cross section, an average region size
and an average radius for all the angles in the cross section,
an intravascular lumen capacity enclosed by multiple cross
sections perpendicular to the center line direction, a blood
vessel wall capacity and a plaque capacity enclosed by
multiple cross sections perpendicular to the lumen surface.

[0061] In the tracking processing, the image analysis/
tracking processing unit 53 sets multiple feature points such
as feature points, feature shapes, representative points, and
pixels, in the blood vessel wall region and the contrast agent
region, according to the image processing or the command
given with the input device 29 by the user. For example, the
image analysis/tracking processing unit 53 sets multiple
feature points such as a blood vessel branching portion and
an anatomical feature point on a surface. The image analy-
sis/tracking processing unit 53 applies image tracking pro-
cessing to multiple feature points at each time (each cardiac
phase), and calculates displacement values of multiple fea-
ture points. The image analysis/tracking processing unit 53
calculates a temporal change of a displacement value for
each of multiple nodes in the dynamical model based on the
calculated displacement value by the interpolation process-
ing. For example, the image analysis/tracking processing
unit 53 defines the node on the blood vessel center line in the
dynamical model. The image analysis/tracking processing
unit 53 may calculate the time-series deformation values
(time change of the deformation value) of twisting, bending,
and expansion and contraction in the center line direction of
the blood vessel based on the time-series displacement value
of nodes in the dynamical model (time change of the
displacement value). As explained later, the blood vessel
shape deformation indexes such as the displacement value
and the deformation value are used as forced displacement
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in the dynamical model. Hereinafter the time-series blood
vessel morphology index will be referred to as a shape
history, and the time-series blood vessel shape deformation
index will be referred to as a forced displacement history.
[0062] FIG. 6 is a figure illustrating a temporal change of
a mode of a center line of a blood vessel region included in
a CT image. As shown in FIG. 6, for example, the time-
series medical images include 20 CT images per cardiac
beat. More specifically, CT images are considered to be
obtained with an interval of 5% from the cardiac phases 0%
to 95%. The center line of the blood vessel region is
extracted by the image analysis/tracking processing unit 53.
As shown in FIG. 6, the mode of the center line changes in
accordance with the elapse of the cardiac phase.

[0063] FIG. 7 is a figure illustrating an example of track-
ing processing between a time t and a time t+At. As shown
in FIG. 7, the nodes of the dynamical model from P1 to P20
are set on the blood vessel center lines. Each of the nodes of
the dynamical model from P1 to P20 on the blood vessel
center line is mechanically connected to other nodes of the
dynamical model on the center line longitudinal cross sec-
tion including the node. However, they are independent from
the nodes of the dynamical model of the blood. Based on the
displacement values of the feature points of the blood vessel,
the displacement values of the nodes of P1 to P20 on the
blood vessel center line are calculated by processing such as
interpolation, and the forced displacement is set for each
node.

[0064] In order to explain the blood vessel shape defor-
mation index and the blood vessel morphology index, a local
blood vessel region RA defined by the node P13 and the
node P14 will be considered. At a time t, the distance
between the node P13 and the node P14 in the center line
direction is considered to be L, and the radius in the blood
vessel region is considered to be r. The image analysis/
tracking processing unit 53 calculates forced displacement
such as expansion and contraction, twisting, and bending in
the blood vessel center line direction of the node P13 and the
node P14, so that the forced displacement at the node P13
(the movement displacement in the three-dimensional space
and the rotation displacement in the center line direction)
and the forced displacement at the node P14 (the movement
displacement in the three-dimensional space and the rotation
displacement in the center line direction) are calculated.
[0065] As shown in FIGS. 6 and 7, the image analysis/
tracking processing unit 53 calculates the forced displace-
ment at each node on the center line (the movement dis-
placement in the three-dimensional space and the rotation
displacement rotating about the center line) based on the
coordinate and the movement vector of the feature point, and
calculates the blood vessel shape deformation index. For
example, the image analysis/tracking processing unit 53
calculates a time change of a coordinate difference of two
adjacent nodes is calculated as the expansion and contrac-
tion distance AL in the center line. With regard to each node
on the center line, the image analysis/tracking processing
unit 53 calculates a time change of a distance between the
node in question and another node on the blood vessel region
cross section including the node in question (the node in the
intravascular lumen or the blood vessel wall or the plaque
region) as the expansion and contraction distance Ar in the
radius direction. With regard to each feature point, the image
analysis/tracking processing unit 53 calculates a bending
angle A9 in the center line direction of the node in question
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on the center line based on the coordinates and the move-
ment vectors of multiple feature points in proximity to the
feature point.

[0066] In the above example, the spatial resolution of the
time-series CT image of the analysis target is expected to be
constant over the elapse of the time. However, the analysis
target according to the present embodiment is not limited
thereto.

[0067] For example, the X-ray computed tomography
apparatus according to the present embodiment may gener-
ate time-series CT images by executing CT scan so that the
temporal resolution of a designation section is higher than
the temporal resolution of another section. It should be noted
that setting the temporal resolution of a designation section
to be higher than the temporal resolution of another section
is considered to include a case where the temporal resolution
of the another section is set to be lower than the temporal
resolution of the designation section. A CT image outside of
the designation section where the temporal resolution is
reduced may be interpolated based on another CT image
adjacent to the CT image in question in terms of time. For
example, the designation section is set to a designation
section in which the temporal resolution is to be set to be
higher and which is designated with the input device 29 by
the user. For example, the designation section may be
designated in a time section where movement of the blood
vessel 1s intense. In a typical case, the movement of the
blood vessel is relatively slow during expansion and con-
traction, and the noise of the time-series CT image is
relatively low. Therefore, the designation section is prefer-
ably set between the expansion and the contraction. Alter-
natively, a time section where the motion is relatively slow
such as expansion and contraction may be set as the desig-
nation section. A CT image in this time section when the
motion is intense is preferably interpolated based on a CT
image in another time. Therefore, this can reduce noises in
the CT images in the time section where the motion of the
blood vessel and the like is intense, and further, enhance the
accuracy of the structural fluid analysis. As described above,
the calculation time associated with the structural fluid
analysis can be reduced by decimating the CT images in
terms of time.

[0068] The method for decimating the CT images of the
analysis target in terms of time is not limited to changing the
temporal resolution of the CT scan along the elapse of the
time. For example, a CT image used for the structural fluid
analysis may be individually selected from original time-
series CT images reconfigured by the reconstruction cir-
cuitry 25. For example, the above designation section is
preferably set in the original time-series CT image. In this
case, a CT image is preferably selected in a denser manner
in terms of time in the designation section than in other
sections.

[0069] When step S2 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the structuring processing (step S3). In step S3, the
dynamical model structuring circuitry 55 of the image
processing circuitry 27 temporarily structures the dynamical
model about the analysis target region based on the time-
series CT image. More specifically, the dynamical model
structuring circuitry 55 temporarily structures the dynamical
model about the analysis target region based on the time-
series CT image and the forced displacement history and the
shape history calculated based on the time-series CT image.
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The dynamical model is a numerical model about the
analysis target region for performing the structural fluid
analysis.

[0070] Hereinafter, step S3 will be explained in details.
First, the dynamical model structuring circuitry 55 structures
the shape model for solving the dynamical model (math-
ematical model) based on the CT image and the shape
history. The shape model schematically expresses the geo-
metric structure of the blood vessel region at each cardiac
phase. The shape model is classified into, for example,
multiple discretized regions. The vertex of each of the
discretized regions is referred to as a node. The dynamical
model structuring circuitry 55 may structure the shape
model for each cardiac phase based on the blood vessel
region and the blood vessel morphology index included in
the CT image for each cardiac phase, and may structure the
shape model for each cardiac phase based on the blood
vessel region and the blood vessel morphology index
included in the CT image of a particular cardiac phase. For
example, when it is assumed that there is no residual stress
in the blood vessel corresponding to the analysis target
region in the initial load state, a time phase at which the
blood vessel corresponding to the analysis target region is
most greatly contracted in the time phase of the non-stress
state is assumed to be a non-stress state.

[0071] FIG. 8 is a figure illustrating a cross section per-
pendicular to a center line of a shape model. As shown in
FIG. 8, the shape model has an intravascular lumen region
and a blood vessel wall region which region arranged from
the center line to the outside. When there is a plaque, a
plaque region may be provided in the blood vessel wall
region. When the effect to the blood vessel by the perivas-
cular tissue is taken into consideration, the dummy element
of the perivascular tissue may be provided outside of the
blood vessel wall region.

[0072] When the shape model is structured, the dynamical
model structuring circuitry 55 sets the sampling value about
the parameter of the latent variable obtained from the
variable range and the probability distribution of each latent
variable (for example, sampling from a set of combination
of parameters based on Markov chain Monte Carlo method
and the like) to the dynamical model. For example, as shown
in FIG. 2, the dynamical model structuring circuitry 55 sets
the region of the identification target of the boundary con-
dition about the entrance (hereinafter referred to as a bound-
ary condition identification region) at the end of the aorta
region R1 at the side of the origin of the aorta, and sets the
boundary condition identification region about the exit at the
end of the right coronary artery region R2 and the end of the
left coronary artery region R3. The dynamical model struc-
turing circuitry 55 allocates the sampling value about the
parameter of the boundary condition obtained from the
variable range and the probability distribution of the bound-
ary condition to each boundary condition identification
region. The dynamical model structuring circuitry 55 also
sets the region of the identification target of the material
model (hereinafter referred to as a material model identifi-
cation region) and the region of the identification target of
the load condition (hereinafter referred to as a load condition
identification region) in the aorta region R1, the right
coronary artery region R2, and the left coronary artery
region R3. The dynamical model structuring circuitry 55
allocates the sampling value about the parameter of the
material model obtained from the variable range and the
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probability distribution of the material model to each mate-
rial model identification region, and allocates the sampling
value about the parameter of the load condition obtained
from the variable range and the probability distribution of
the load condition to each load condition identification
region. In the blood vessel, even when the volume of flow
is zero, it is said that there is a residual stress. For example,
the dynamical model structuring circuitry 55 may allocate
the residual stress in a case where the volume of flow is zero
to the analysis target region as the initial value of the load
condition. The dynamical model structuring circuitry 55
may set an region of identification target of the geometric
structure (hereinafter referred to as a geometric structure
identification region) to a portion where there is uncertainty
in the geometric structure. It should be noted that the
parameter of the geometric structure is a variation distribu-
tion parameter related to uncertainty of the geometric struc-
ture, or a variation distribution parameter involved in the CT
image, and may be, e.g., a variation distribution of the
boundary threshold value of the living tissue and the varia-
tion distribution of each CT value. The dynamical model
structuring circuitry 55 may set the material model in the
plaque region, the details of which will be explained later.
The details of the material model will be explained later.

[0073] The initial value of the boundary condition accord-
ing to the fluid analysis may be calculated based on the
time-series CT image. In the CT scan using the contrast
agent, the X-ray computed tomography apparatus repeatedly
performs scan with a lose dose on a scan region while
injecting the contrast agent into the subject, and monitors the
contrast agent density of the blood vessel in the scan region.
Then, the X-ray computed tomography apparatus performs
scan with a normal dose when the contrast agent density
attains the already-determined value. The scan for monitor-
ing of the contrast agent density is referred to as a pre-scan.
The dynamical model structuring circuitry 55 may calculate
the initial value of the boundary condition according to the
fluid analysis based on the time-series CT image collected
by pre-scan (so-called prep image). For example, the
dynamical model structuring circuitry 55 sets an region of
interest (ROI) in the time-series CT image according to the
command given with the input device 29 by the user. The
ROI is preferably set in the boundary condition identifica-
tion region such as an entrance of the analysis target blood
vessel. The dynamical model structuring circuitry 55 calcu-
lates parameters such as an initial speed and a flow-in
volume of bloodstream in the ROI based on time change of
a pixel region of the contrast agent included in the ROI
(hereinafter referred to as a contrast agent region). For
example, the dynamical model structuring circuitry 55
applies image tracking processing to the contrast agent
region, thus calculating the parameters such as the initial
speed and the flow-in volume of the bloodstream. The
convergence time of the parameter of the latent variable can
be reduced by calculating the initial value of the boundary
condition based on the time-series CT image.

[0074] In order to easily identify the material model
parameter, the dynamical model structuring circuitry 55 may
determine the material model parameter allocated to the
material model identification region based on the CT value
of a pixel in the material model identification region. As
described above, the CT value is used as a plaque index for
estimating the property of the plaque. Hereinafter, the deter-
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mination processing of the material model parameter based
on the CT value will be explained using an example of blood
vessel wall.

[0075] The CT value is an index making the degree of
attenuation of the X-ray into a number in a relative manner.
Therefore, the CT value has a different value for a different
living tissue, and in other words, the CT value is scaled as
necessary so that the difference of the tissue can be recog-
nized. The storage 33 includes a table storing each of the
properties of multiple blood vessel walls in association with
the CT value range and the material model parameter.
Hereinafter, this table will be referred to as a CT value—
material model table.

[0076] FIG. 9 is a figure illustrating an example of a CT
value—material model table stored in the storage 33. As
shown in FIG. 9, the CT value—material model table
includes items, i.e., the property of the blood vessel wall, a
CT value range, and a material model parameter. Examples
of properties include normal, atherosclerotic plaque, and
calcified plaque. For each property, the empirically defined
CT value range and the material model parameter region
associated with each other. The material model parameter
may be defined by any given numeral, or may be defined in
a numerical range. First, the dynamical model structuring
circuitry 55 determines the representing pixel value in the
ROI included in the CT image. The ROI is set in the
identification target region of the material model according
to the image processing or the command given with the input
device 29 by the user. For example, the representing pixel
value is set to a statistical value such as an average value, a
median value, a modal value, a maximum value, and a
minimum value of pixel values of multiple pixels included
in the ROI. The dynamical model structuring circuitry 55
identifies the material model parameter associated with the
representing pixel value by applying the determined repre-
senting pixel value to the CT value—material model table.
The dynamical model structuring circuitry 55 allocates the
identified material model parameter to the material model
identification region on the dynamical model corresponding
to the ROIL. As described above, by initially designating the
material model parameter based on the CT value, the search
range of the parameter in the inverse analysis performed
later can be stenosed. Therefore, reduction of the calculation
time can be realized.

[0077] When the shape model is structured, the dynamical
model structuring circuitry 55 allocates the time-series blood
vessel shape deformation index calculated in step S2 to the
shape model, and more specifically, the dynamical model
structuring circuitry 55 allocates the forced displacement
history to the shape model. The shape model to which the
latent variable and the forced displacement history region
allocated will be referred to as a dynamical model.

[0078] In FIG. 10, the shape model M2 illustrates a
portion of the dynamical model of the blood vessel and the
blood, and FIG. 10 is a figure for explaining allocation of the
forced displacement history to the node in the dynamical
model. FIG. 10 illustrates a portion of the shape model M2.
However, although FIG. 10 shows a case where the center
line is located in the M2, the center line may also be located
outside of the M2. As shown in FIG. 10, multiple nodes PN
(PN1, PN2) are set in the shape model M2. The node on the
center line is referred to as PN1, and the nodes in the
dynamical model indicating the blood vessel and the blood
will be referred to as PN2. The shape model M2 is set for the
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dummy element surface, blood vessel external wall, blood
vessel wall, plaque region surface, plaque region internal, or
blood portion. The dynamical model structuring circuitry 55
allocates the forced displacement to each node PN1 of the
shape model M2, and more specifically, allocates the blood
vessel shape change index for each time.

[0079] More specifically, the dynamical model structuring
circuitry 55 connects the node PN1 and the node PN1, which
region adjacent to each other on the center line, with a beam
element (or rigid element) EB. The dynamical model struc-
turing circuitry 55 connects the node PN1 and another node
PN2 included in a longitudinal cross section passing through
the node PN1 with a beam element EB. The dynamical
model structuring circuitry 55 allocates the constraint con-
dition about the shape displacement direction of each blood
vessel shape deformation index to the node PN1 and the
beam element EB. The forced displacement allocated to the
region where the internal pressure of the material model and
the intravascular lumen is identified includes the expansion
and contraction of the blood vessel wall (or dummy element)
surface in the center line direction, the twisting of the blood
vessel wall (or dummy element) surface, and the bending
deformation of the blood vessel wall (or dummy element)
surface. For example, the forced displacement allocated to
the region where the internal pressure of the material model
and the intravascular lumen is not identified includes not
only the forced displacement in the center line direction and
the time-series expansion and contraction (displacement) of
the blood vessel wall in the radius direction. In a case where
the internal pressure affects deformation outside of the
center line longitudinal cross section, the forced displace-
ment is not allocated to the region, and the forced displace-
ment history is allocated to only the peripheral portion of the
region (for example, the surface node of the dummy ele-
ment). Cases where the internal pressure contributes to
deformation outside of the center line longitudinal cross
section includes a case where there is a protrusion on the
intravascular lumen and the blood vessel branching portion
and the like. The dynamical model structuring circuitry 55
allocates the time-series blood vessel shape deformation
index to the node PN1 and the beam element EB as the
forced displacement history. In this manner, the expansion
and contraction deformation, the twisting deformation, and
the bending deformation about the entire blood vessel or the
local portion thereof are expressed.

[0080] In FIG. 10, the forced displacement history is set
for the center line unit and the external wall unit of the shape
model, but the setting portion of the forced displacement
history is not limited thereto. For example, the forced
displacement history may be set in the blood vessel wall
region between the center line unit and the external wall
unit.

[0081] The image processing circuitry 27 according to the
present embodiment performs inverse analysis using the
mechanical model temporarily structured in step S3, and
statistically identifies the latent variable that is set in the
dynamical model. The statistical identification processing is
performed in step S6 explained later. Steps S4 and S5 are
provided to calculate the blood vessel morphology index and
the bloodstream index used for the statistical identification
processing.

[0082] When step 3 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the blood vessel stress analysis processing (step
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S4). In step S4, the blood vessel stress analysis circuitry 57
of the image processing circuitry 27 performs the blood
vessel stress analysis on the dynamical model of the current
stage, and calculates prediction value of the time-series
blood vessel morphology index. The blood vessel morphol-
ogy index may be any of blood vessel morphology indexes
explained above, and, for example, it is preferable to use the
cross section shape index of the lumen region in the blood
vessel center line direction and the cross section shape index
of the blood vessel wall. More specifically, the cross section
shape index of the lumen region is any one of the coordinate
value of the attention-given pixel in the lumen region and the
geometric structure parameter in the lumen region (the
radius of the lumen region, the diameter of the lumen region,
and the like). More specifically, the cross section shape
index in the blood vessel wall region is any one of the
coordinate value of the attention-given pixel in the blood
vessel wall region and the geometric structure parameter in
the blood vessel wall region (the radius of the blood vessel
wall region, the diameter of the wall region, and the like). It
should be noted that the prediction value means the calcu-
lation value of the blood vessel morphology index calculated
by performing the blood vessel stress analysis on the
dynamical model.

[0083] When step 3 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the blood fluid analysis processing (step S5). In step
S5, the blood fluid analysis circuitry 59 of the image
processing circuitry 27 performs the blood fluid analysis to
the temporarily structured dynamical model to calculate the
prediction value of the time-series blood flow volume index.
The blood flow volume index is the volume of blood flow or
the flow rate. The bloodstream index may be any one of the
volume of blood flow or flow rate, and a spatial or temporal
average value of the volume of blood flow or flow rate. It
should be noted that the prediction value means the calcu-
lation value of the blood fluid index calculated by perform-
ing the blood fluid analysis on the dynamical model.

[0084] When steps S4 and S5 are performed, the system
control circuitry 21 causes the image processing circuitry 27
to perform the identification processing (step S6). In step S6,
the statistical identification circuitry 61 of the image pro-
cessing circuitry 27 statistically identifies the parameter of
the latent variable of the mechanical model so that at least
one of the prediction value of the blood vessel morphology
index calculated in step S4 and the prediction value of the
bloodstream index calculated in step S5 are in conformity
with at least one of the observation value of the blood vessel
morphology index and the observation value of the blood-
stream index collected in advance.

[0085] As shown in FIG. 4, the statistical identification
circuitry 61 includes a first statistical identification circuitry
61-1 and a second statistical identification circuitry 61-2.
The first statistical identification circuitry 61-1 statistically
identifies the parameter of the latent variable so that the
prediction value of the blood vessel morphology index is in
conformity with the observation value of the blood vessel
morphology index. The second statistical identification cir-
cuitry 61-2 statistically identifies the parameter of the latent
variable so that the prediction value of the bloodstream
index is in conformity with the observation value of the
bloodstream index. Hereinafter, the first statistical identifi-
cation circuitry 61-1 and the second statistical identification
circuitry 61-2 will be explained in order.
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[0086] More specifically, in step S6, the first statistical
identification circuitry 61-1 sets the data distribution based
on the prediction value and the observation value of the
blood vessel morphology index calculated in step S4. The
data distribution indicates, for example, a multivariate nor-
mal distribution function about an error of the prediction
value and the observation value of the blood vessel mor-
phology index. More specifically, the first statistical identi-
fication circuitry 61-1 calculates the normal distribution
function value of the error between the prediction value and
the observation value for each node or each element in the
dynamical model. The first statistical identification circuitry
61-1 sets a product of each calculated normal distribution
function value as data distribution. The data distribution may
be set individually for each cardiac phase, or may be set
collectively for multiple cardiac phases.

[0087] Subsequently, the first statistical identification cir-
cuitry 61-1 allocates prior distribution (prior probability
distribution) to the latent variable of the dynamical model.
More specifically, the prior distribution is allocated to each
parameter related to material model, boundary condition,
load condition, and uncertainty of the shape deformation
index and the time-series morphology index. For example,
the prior distribution related to the pressure value is allo-
cated to the pressure value related to the intravascular lumen
which is one of the parameters of the load condition. The
range of the value that can be taken by the pressure value
(hereinafter referred to as expected range) can be limited
empirically in advance. The first statistical identification
circuitry 61-1 executes Monte Carlo simulation of the inter-
nal pressure value with limitation within the expected range,
so that the probability distribution of the internal pressure
value, i.e., the prior distribution, is calculated for each
discretized region. For example, the first statistical identifi-
cation circuitry 61-1 may set, as the prior distribution, a
probability distribution mathematically expressed by a mul-
tivariate normal distribution function indicating that the
inclination of average pressure change in the center line
direction is negative in a predetermined case. Examples of
predetermined cases include a case where the pressure
distribution in the center line direction is smooth, a case
where the pressure change over the elapse of the time is
smooth, and a case where any backward flow of bloodstream
is observed. In accordance with the probability distribution
expected by being limited into the expected range, first
statistical identification circuitry 61-1 executes the Monte
Carlo simulation about the parameter of the load condition,
and can obtain the sampling value of the load condition for
setting in the dynamical model (latent variable). Subse-
quently, the first statistical identification circuitry 61-1 per-
forms the statistical identification processing on the prior
distribution and the data distribution for each latent variable,
and calculates the posterior distribution (posterior probabil-
ity distribution). The statistical identification processing
includes, for example, hierarchical Bayesian model and
Markov chain model. Then, the first statistical identification
circuitry 61-1 identifies the parameter of each latent variable
from the statistical value such as the modal value and the
average value of the posterior distribution for each latent
variable. For example, in the above example, the posterior
distribution of the intravascular lumen pressure value is
calculated, and the identification value of the intravascular
lumen pressure value is calculated from the posterior dis-
tribution.
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[0088] FIG. 11 is a figure for explaining identification of
the average internal pressure and the postetior distribution
calculation about the load condition based on hierarchical
Bayesian model and Markov chain Monte Carlo method (the
average pressure in the blood vessel). In the graph as shown
in FIG. 11, the vertical axis is defined as the internal pressure
value, and the horizontal axis is defined as the distance from
the blood vessel origin in the blood vessel center line
direction. As shown in FIG. 11, The calcified plaque region
is set in the material model identification region, and in the
atherosclerotic plaque region, the material model identifi-
cation region is set. The blood vessel internal pressure
decreases along the blood vessel center line direction from
the blood vessel origin. Multiple nodes are set along the
blood vessel center line. In the longitudinal cross section
(node cross section) including each node, the posterior
distribution of the lumen internal pressure is calculated, and
the modal value of the posterior distribution is identified.

[0089] For example, the blood vessel morphology index
calculated in step S2 is used as the observation value of the
blood vessel morphology index.

[0090] The processing performed by the second statistical
identification circuitry 61-2 is the same as the processing
performed by the first statistical identification circuitry 61-1
only in that the index used for calculation of the data
distribution is different. More specifically, first, the second
statistical identification circuitry 61-2 sets the data distribu-
tion based on the prediction value and the observation value
of the bloodstream index calculated in step S5. Subse-
quently, the second statistical identification circuitry 61-2
allocates the prior distribution to the latent variable of the
dynamical model. For example, the prior distribution of the
parameter of the material model about the blood vessel, the
parameter of the material model about the blood, and the
parameter of the material model about the plaque region
allocated. Examples of parameters of the material model
include material model parameters such as parameters of an
elastic modulus and viscosity of the constitutive equation of
the blood. The probability distribution and the expected
range of the parameter of the material model can be set
empirically in advance. The second statistical identification
circuitry 61-2 sets the probability distribution of the param-
eter of the material model for each discretized region, and
more specifically, the second statistical identification cir-
cuitry 61-2 sets the prior distribution, and in accordance with
the expected probability distribution limited into the
expected range, the Monte Carlo simulation of the parameter
of the material model can be executed, and the sampling
value of the material model parameter for setting in the
dynamical model (latent variable) can be obtained. Subse-
quently, the second statistical identification circuitry 61-2
calculates the posterior distribution by performing the sta-
tistical identification processing on the prior distribution and
the data distribution for each latent variable, and identifies
the parameter of each latent variable from the statistical
value of the calculated posterior distribution. For example,
in the above example, the posterior distribution of the
parameter of the material model is calculated, and the
identification value of the parameter of the material model is
calculated from the posterior distribution.

[0091] FIG. 12 is a figure for explaining the identification
of the material model parameter and the posterior distribu-
tion calculation about the material model parameter based
on hierarchical Bayesian model and Markov chain Monte
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Carlo method (the equivalent elastic modulus of the blood
vessel wall). As shown in FIG. 12, the blood vessel mot-
phology is the same as FIG. 11. The posterior distribution of
the parameter of the material model of the blood vessel wall
(for example, the equivalent elastic modulus) is calculated
by limiting into the material model identification region, and
the modal value of the posterior distribution is identified as
the identification value. As shown in FIG. 12, the identifi-
cation value of the material model parameter of the equiva-
lent elastic modulus has a different value according to the
calcified plaque region, the atherosclerotic plaque region,
and the normal region. In other words, the material can be
found by observing the identification value of the material
model parameter of the equivalent elastic modulus.

[0092] It should be noted that the observation value of the
bloodstream index is assumed to be, for example, the
volume of blood flow change flown to the aorta, and the
observation value of the blood vessel morphology index can
be used as the capacity change value (CFA) of the left
ventricle measured by the image processing from the time-
series CT image. The temporal change of the movement
amount of the feature point is calculated by the image
tracking of the contrast agent after the contrast agent is
injected into the coronary artery, so that the flow rate and the
volume of flow may be calculated. The density change
amount of the contrast agent in the temporal particular
region or the blood vessel center line direction is obtained,
and the flow rate and the volume of flow may be calculated
from the temporal rate of change of the density change and
the value obtained by dividing the density change by the
distance interval distance in the center line direction of each
region. In the case of MRI, the image tracking of proton is
used, and in a case of ultrasonic echo, the volume of flow is
calculated by contrast echocardiography and the like.

[0093] In each step S6, both of the statistical identification
processing with the first statistical identification circuitry
61-1 and the statistical identification processing with the
second statistical identification circuitry 61-2 may not be
performed. More specifically, in step S6, any one of the
statistical identification processing with the first statistical
identification circuitry 61-1 and the statistical identification
processing with the second statistical identification circuitry
61-2 may be performed.

[0094] In the above example, the first statistical identifi-
cation circuitry 61-1 statistically identifies the parameter of
the latent variable so that the prediction value of the blood
vessel morphology index is in conformity with the obser-
vation value of the blood vessel morphology index, and the
second statistical identification circuitry 61-2 statistically
identifies the parameter of the latent variable so that the
prediction value of the bloodstream index is in conformity
with the observation value of the bloodstream index. How-
ever, the statistical identification circuitry 61 may statisti-
cally identify the parameter of the latent variable based on
the structure-fluid interaction analysis so that the prediction
value of the blood vessel morphology index and the predic-
tion value of the bloodstream index are in conformity with
the observation value of the blood vessel morphology index
and the observation value of the bloodstream index.

[0095] When step S6 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform setting processing (step S7). In step S7, the dynami-
cal model structuring circuitry 55 of the image processing
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circuitry 27 sets the parameter of the latent variable calcu-
lated in step S6 to the dynamical model.

[0096] When step S7 is performed, the system control
circuitry 21 determines whether the identification termina-
tion condition is satisfied or not (step S8). When the iden-
tification termination condition is determined not to be
satisfied in step S8 (step S8: NO), the system control
circuitry 21 repeats steps S4, S5, S6, S7 and S8. In this case
the identification termination condition is expressed by
whether the index for determining the identification termi-
nation (hereinafter referred to as an identification termina-
tion index) attains the defined value. Examples of identifi-
cation termination indexes include a difference value
between the prediction value and the observation value of
the blood vessel morphology index. In this case, when this
difference value is more than an already-determined value,
the system control circuitry 21 determines that the identifi-
cation termination condition is not satisfied, and when the
difference value is less than the already-determined value,
the system control circuitry 21 determines that the identifi-
cation termination condition is satisfied. For example, the
identification termination index may be the number of
sampling points of the Monte Carlo method. In this case,
when the number of sampling points is less than the already-
determined value, the system control circuitry 21 determines
that the identification termination condition is not satisfied,
and when the number of sampling points is more than the
already-determined value, the system control circuitry 21
determines that the identification termination condition is
satisfled. When the identification termination condition is
determined to be satisfied, the dynamical model structuring
circuitry 55 sets the latest dynamical model at that point in
time to the ultimate dynamical model.

[0097] Steps S4, S5, S6, S7 and S8 explained above may
be repeated according to the same identification method, or
may be repeated according to different identification meth-
ods. When steps S4, S5, S6, and S7 are repeated in accor-
dance with different identification methods, for example,
first, a simplified dynamical model may be used to tempo-
rarily identify the latent variable, and subsequently, a con-
tinuum dynamical model may be used to accurately identify
the latent variable. As described above, the statistical iden-
tification processing is performed in two steps in accordance
with different schemes, and the parameter of the latent
variable can be converged in a short time. A method using
the simplified dynamical model includes a method using an
expression of a material dynamics of a thick cylinder and an
expression of Hagen-Poiseuille flow and modified Bernoulli
with the internal pressure and the external pressure. A
method using a continuum dynamical model includes FEM
structural fluid analysis.

[0098] When the identification termination condition is
determined to be satisfied in step S8 (step S8: YES), the
system control circuitry 21 may cause the image analysis/
tracking processing unit 53 to perform amending processing
(step S9). In step S9, the image analysis/tracking processing
unit 53 amends the shape of the blood vessel region included
in the time-series medical image so that the structural fluid
analysis result carried out based on the latent variable
obtained by the inverse analysis according to the statistical
identification method (the prediction values of the dynami-
cal index and the prediction value of the blood fluid index)
are in conformity with the observation values (the observa-
tion value of the dynamical index and the observation value
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of the blood fluid index). The display 31 displays a diagnosis
result based on the amended time-series medical image.
Therefore, the blood vessel analysis apparatus 50 can dis-
play the diagnosis result in view of the ultimate dynamical
model. Alternatively, the display 31 may display, on a
screen, a blood vessel portion/region in which the identifi-
cation with the inverse analysis and the observation result
with the structural fluid analysis are not in conformity.
[0099] When step S9 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the blood vessel stress analysis processing (step
S10). In step S10, the blood vessel stress analysis circuitry
57 of the image processing circuitry 27 performs the blood
vessel stress analysis on the ultimate dynamical model, and
calculates the space distribution of the prediction value of
the time-series dynamical index. More specifically, the pre-
diction value of the dynamical index for each discretized
region is calculated.

[0100] When step S9 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the blood fluid analysis processing (step S11). The
blood fluid analysis circuitry 59 of the image processing
circuitry 27 in step S11 performs the blood fluid analysis on
the dynamical model temporarily structured, and calculates
the space distribution of the prediction value of the time-
series bloodstream index. More specifically, the prediction
value of the bloodstream index for each discretized region is
calculated.

[0101] It should be noted that the FFR may be calculated
as the dynamical index or the bloodstream index.

[0102] When steps S10 and S11 are performed, the system
control circuitry 21 causes the display 31 to perform the
display processing (step S12). In step S12, the display 31
displays the prediction value of the time-series dynamical
index calculated in step S10 and the prediction value of the
time-series bloodstream calculated in step S11. For example,
the display 31 displays the time-series dynamical index or
the time-series bloodstream index in a motion picture man-
ner in which the time-series dynamical model is in a color
according to the prediction value. Therefore, the display 31
holds a color table indicating a relationship between various
kinds of prediction values and color values (for example,
RGB). The display 31 uses a color table to identify the color
value according to the prediction value, and displays the
discretized region corresponding to the prediction value in a
color according to the color value identified.

[0103] FIG. 13 is a figure illustrating an example of
display of a space distribution of an internal pressure which
is one of dynamical indexes. As shown in FIG. 13, the
display 31 displays each discretized region constituting the
dynamical model in a motion picture manner in a color
according to the internal pressure value about the discretized
region. When the user observes the dynamical model, the
user can find, based on the color, the dynamical index
changing over time or space.

[0104] When step S11 is performed, the structural fluid
analysis processing is terminated.

[0105] It should be noted that the amending processing in
step S9 may not be necessarily performed. When the amend-
ing processing is not necessary, step S10 or step S11 may be
performed when the identification termination condition is
satisfied in step S8.

[0106] In the above embodiments, the allocation target of
the constraint condition of the forced displacement history is
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considered to be allocated uniformly to all the nodes.
However, the present embodiment is not limited thereto. For
example, the allocation target of the constraint condition of
the forced displacement history may be divided according to
whether the boundary condition and the material model are
identified or not. FIGS. 14A and 14B are figures illustrating
another example of allocation of forced displacement his-
tory, and illustrates a cross section of the shape model. For
example, when the boundary condition and the material
model are identified as shown in FIG. 14A, the forced
displacement history is allocated only to the node PN2 on
the external wall unit OW of the shape model, and the forced
displacement history is allocated to the node PN3 of the
blood vessel wall region RV. When the boundary condition
and the material model are identified as shown in FIG. 14B,
the forced displacement history is preferably allocated to
both of the node PN2 of the external wall unit of the shape
mode] and the node PN3 of the blood vessel wall region RV.
In this case, the forced displacement history is allocated to
the node PN1 on the center line. The node PN1 and the node
PN2 of'the external wall unit OW may be connected with the
beam element EB, and the forced displacement history may
be allocated to the nodes PN2 and PN3 on the beam element
EB. At this occasion, the contraction and the expansion in
the circle are expressed as the expansion and contraction
displacement of the beam element EB. The forced displace-
ment history may not be allocated to the lumen region RI in
order to ensure the displacement freedom degree.

[0107] FIG. 15 is a figure illustrating another example of
allocation of forced displacement history, and illustrates a
cross section of the shape model including the dummy
element RD of the perivascular tissue. As shown in FIG. 15,
the dummy element RD is set outside of the blood vessel
wall region RV. When the shape model includes the dummy
element RD, the node PN4 is set to not only the blood vessel
wall region RV but also the dummy element RD. The forced
displacement history is also allocated to the node PN4.
When the boundary condition and the material model are
identified, the dynamical model structuring circuitry 55
allocates the forced displacement history to the node PN 3
included in the blood vessel wall region RV, and when the
boundary condition and the material model are not identi-
fied, the dynamical model structuring circuitry 55 may not
allocate the forced displacement history. When the forced
displacement history is allocated to the node PN3, the
material model is identified in view of not only the shape
index of the lumen region RI but also the shape index of the
blood vessel wall region RV.

[0108] As described above, the deformation freedom
degree of the structural fluid analysis can be suppressed by
limiting the allocation target of the constraint condition, and
the analysis can be performed in a stable and efficient
manner. In a case where a dummy element is provided, and
the load with the internal pressure affects deformation
outside of the center line longitudinal cross section, the load
vector applied to the blood vessel and the internal pressure
can be separated and the latent variable can be identified in
view of the morphology indexes of not only the intravas-
cular lumen but also the blood vessel wall. Cases where the
load given by the internal pressure affects deformation
outside of the center line longitudinal cross section includes
a case where there is a protrusion on the intravascular lumen
and the blood vessel branching portion and the like. A
dummy element set simulates a fat layer of a wall surface in
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terms of physiology. On the other hand, in the numerical
calculation, a forced displacement is given to the blood
vessel wall surface with the dummy element set, so that
there is an effect of avoiding generation of a stress different
from the reality in a local portion in the blood vessel wall.

[0109] FIG. 16 is a figure illustrating another example of
allocation of forced displacement history, and illustrates a
cross section of the shape model including the plaque region
RP. As shown in FIG. 16, the plaque region RP is included
in the blood vessel wall region RV. The plaque region RP is
set in the material model identification region. For the
plaque region RP, the material model is identified in view of
the lumen shape index, the blood vessel wall shape index,
and the plaque index (CT value). The dynamical model
structuring circuitry 55 divides the plaque region into mul-
tiple partial regions in accordance with the property. For
example, the dynamical model structuring circuitry 55 sets
multiple local regions in the plaque region, and identifies the
material model parameter of each local region by using the
CT value—material model table from the CT values of
multiple pixels included in each local region. Then, the
dynamical model structuring circuitry 55 sets the identified
material model parameter (or, the parameter range) in the
local region. Then, in each partial region, the parameter
range according to the property of the partial region is
preferably set in advance. With the statistical identification
processing explained above, the material model parameter
for each partial region is identified by the statistical identi-
fication circuitry 61. Then, in step S12, the display 31
displays the index about the material characteristics of the
blood vessel as the dynamical index, so that the user can
accurately and easily find the property of the plaque.

[0110] As shown in FIG. 16, the dynamical model struc-
turing circuitry 55 may configure such that the calculation
density of the attention-given region such as a plaque region
in the dynamical model is higher than the calculation density
of another region. It should be noted that configuring the
calculation density of the attention-given region to be higher
than another region also includes configuring the calculation
density of the another region to be lower than the calculation
density of the attention-given region. The calculation den-
sity can be adjusted according to the density of a lattice and
a calculation element such as a node. It should be noted that
the dynamical model structuring circuitry 55 can set the
attention-given region at any given location in accordance
with a command given with the input device 29 by the user.
The calculation density of the attention-given region is
configured to be higher than another region, so that precise
structural fluid analysis can be performed by applying
limitation into the attention-given region while preventing
the processing efficiency from being reduced. In addition,
the calculation density in an region other than the attention-
given region is configured to be lower than the calculation
density of the attention-given region, so that the calculation
speed can be improved while the precision of the structural
fluid analysis can be maintained with regard to the attention-
given region. It should be noted that the attention-given
region is not limited to the plaque region, and can be set in
any given region with the input device 29 by the user.

[0111]  As described above, the blood vessel analysis appa-
ratus 50 according to the present embodiment includes the
storage 33, the dynamical model structuring circuitry 55, the
statistical identification circuitry 61, and the analysis cir-
cuitrys 57, 59. The storage 33 stores data of time-series

Jun. 21,2018

medical images of blood vessels of a subject. The dynamical
model structuring circuitry 55 temporarily structures the
dynamical model of the analysis processing based on the
time-series medical images. The statistical identification
circuitry 61 identifies the latent variable of the latent vari-
able identification region so that at least one of the prediction
value of the blood vessel morphology index and the predic-
tion value of the bloodstream index based on the temporarily
structured dynamical model is in conformity with at least
one of the observation value of the blood vessel morphology
index and the observation value of the blood vessel mor-
phology index measured in advance. The analysis circuitrys
57, 59 applies the analysis processing to the dynamical
model to which the identified latent variable is allocated.

[0112] According to the above configuration, the blood
vessel analysis apparatus 50 according to the present
embodiment can identify the latent variable such as material
model, boundary condition, load condition, and geometric
structure, and the like by performing inverse analysis using
the blood vessel shape deformation index and the blood-
stream index. The blood vessel analysis apparatus 50 repeat-
edly performs the inverse analysis while changing the latent
variable, so that the blood vessel analysis apparatus 50 can
identify the latent variable in view of all of the four
difficulties explained above, i.e., 1. the identification method
of the material model of the coronary artery, 2. incorporation
of the effect of the deformation of the shape of the heart to
the coronary artery, 3. the identification method of the
boundary condition of the coronary artery, and 4. the iden-
tification method of the load condition and the boundary
condition and the material model using the blood vessel
shape having uncertainty. Therefore, the blood vessel analy-
sis apparatus 50 can execute the structural fluid analysis in
view of the effect of the external factor such as the blood
vessel, the heart, and the like that are not drawn in a CT
image.

[0113] In the CT scan, stress such as vasodilator drug is
given to a subject in order to enhance drawing performance
and the like of blood vessel. When the vasodilator drug is
injected into the subject, the blood vessel of the subject
expands, and the blood vessel region included in the CT
image becomes clear. However, the vasodilator drug causes
arteriosclerosis in the blood vessel. In a case where the CT
scan is executed under the stress, and time-series CT images
(hereinafter referred to as stress-applied CT image) are
collected, parameters of latent variables such as a boundary
condition, a load condition, and the like and the material
mode] are identified by using the time-series stress-applied
CT images. However, the parameter of the latent variable
based on the stress-applied CT image may be different from
the parameter of the latent variable based on the heart blood
vessel of the subject in normal circumstances (stress-less
situation) in which no stress is applied.

[0114] The blood vessel analysis apparatus 50 according
to the present embodiment makes the parameter of the latent
variable to be closer to the parameter of the stress-less
situation, so that the time-series CT image collected by the
CT scan in the stress-less situation (hereinafter referred to as
a stress-less image) is used as the time-series CT image of
the analysis target. The blood vessel analysis apparatus 50
may identify parameters of latent variables such as a bound-
ary condition, a load condition, and the like and the material
mode] based on the time-series stress-less image. In addi-
tion, The blood vessel analysis apparatus 50 makes the
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parameter of the latent variable based on the stress-applied
CT image to be closer to the parameter of the stress-less
situation, and therefore, correction can be done by using the
stress-less image. As described above, the stress-applied CT
image is used, so that the parameter of the latent variable can
be made to be closer to the parameter in normal circum-
stances, and more accurate blood vessel structure analysis
can be performed.

[0115] As described above, according to the present
embodiment, the precision of the structural fluid analysis of
the blood vessel can be improved.

Application Example

[0116] A blood vessel analysis apparatus 50 according to
an application example determines whether collateral exists
or not by using the dynamical index calculated based on the
dynamical model.

[0117] FIGS. 17A and 17B are figures for explaining
collateral. FIG. 17A is a schematic diagram of a heart where
collateral does not exist. FIG. 17B is a schematic diagram of
a heart where collateral exists. As shown in FIG. 17A, in a
case where the blood vessel is closed due to stenosis,
thrombus, and the like, blood does not flow in the blood
vessel at the downstream of the obstruction existing portion
RS, and no blood spreads to the dominating region of the
blood vessel. Therefore, the tissue in the dominating region
is necrotized. In order to allow the blood to spread into the
dominating region, a detour circuit to the dominating region
is formed as shown in FIG. 17B. This detour circuit is a
microvessel called a collateral RC. With the collateral RC,
blood stream in the blood vessel at the downstream of the
obstruction portion to the dominating region is ensured, and
the perfusion to the heart is maintained. With the collateral,
the necrosis region RN is reduced. The collateral is very
small, and normally, the collateral is not drawn in the CT
image. Therefore, in a case where there is a collateral, the
behavior with the collateral cannot be completely reflected
in the dynamical model based on the blood vessel region
drawn in the CT image, and the accuracy of the dynamical
model is degraded.

[0118] The image processing circuitry 27 according to the
application example determines whether there is collateral
or not, and therefore, the image processing circuitry 27
further includes a collateral determination circuitry 63 as
shown in FIG. 4. The image processing circuitry 27 accord-
ing to the application example can restructure the dynamical
model in view of the existence of the collateral.

[0119] The details of processing according to the applica-
tion example will be hereinafter explained. FIG. 18 is a
figure illustrating a typical flow of processing performed
under the control of the system control circuitry 21 accord-
ing to the application example.

[0120] For example, the system control circuitry 21 starts
processing according to the application example as shown in
FIG. 18 upon receiving a determination start command for
determining whether collateral exists or not. For example,
this determination start command is preferably automati-
cally issued after step S9 of FIG. 3 (in a case where the
identification termination condition is determined to be
satisfied in step S8 in a case where step S9 is not performed).
The determination start command may be input with the
input device 29 by the user any given point in time after the
dynamical model is structured. In this case, it is considered
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that the storage 33 is storing a dynamical model structured
by the processing of FIG. 3 explained above.

[0121] Upon receiving a determination start command, the
system control circuitry 21 causes the image processing
circuitry 27 to perform the blood fluid analysis processing
(step S21). According to the same method as step S10, the
blood vessel stress analysis circuitry 57 of the image pro-
cessing circuitry 27 in step S21 performs the blood vessel
stress analysis on the dynamical model structuring circuitry,
and calculates the space distribution of the prediction value
of the dynamical index. In a case where the determination
start command is input with the input device 29 by the user,
the blood vessel stress analysis circuitry 57 reads the
dynamical model from the storage 33, and calculates the
space distribution of the prediction value of the dynamical
index based on the read dynamical model. The index
affected by whether the collateral exists or not is employed
as the dynamical index calculated in step S21. More spe-
cifically, dynamical indexes calculated in step S21 include
the internal pressure, the stress, the distortion, and the like.
[0122] When step S21 is performed, the system control
circuitry 21 causes the image processing circuitry 27 to
perform the determination processing (step S22). In step
S22, the collateral determination circuitry 63 of the image
processing circuitry 27 determines whether there is collat-
eral or not based on the change mode of the prediction value
of the time-series dynamical index in the center line direc-
tion.

[0123] FIG. 19 is a figure for explaining determination
processing in which the collateral determination circuitry 63
determines whether there is collateral or not. FIG. 19
illustrates a graph illustrating a space distribution of an
internal pressure. The vertical axis of the graph of F1G. 19
is defined as an internal pressure which is one of the
dynamical indexes, and the horizontal axis is defined as a
blood vessel center line direction distance from the blood
vessel origin. As shown in FIG. 19, in a case where there is
not any obstruction due to stenosis, thrombus, and the like
(dotted line of FIG. 19), the internal pressure gradually
decreases as the distance from the origin increases. When
obstruction exists, the internal pressure rapidly decreases at
the obstruction existing portion. In a case where obstruction
exists, and no collateral exists (broken line in FIG. 19), the
internal pressure that has rapidly decreased at the obstruc-
tion existing portion is still at a low level even if the distance
from the origin further increases. However, in a case where
obstruction exists, and collateral exists (alternate long and
short dashed line FIG. 19), the internal pressure that has
rapidly decreased in the obstruction existing portion
increases again in the portion where the collateral exists. As
described above, in a case where collateral exists, the space
distribution of the internal pressure indicates a peculiar
change mode. For example, in a case of FFR measurement
using a catheter, an FFR value is measured based on the
internal pressure difference of two points. Therefore, in a
case where the internal pressures at two points sandwiching
the portion where the collateral exists are measured, the FFR
value based on the internal pressures of the two points
cannot reflect the existence of the collateral.

[0124] The collateral determination circuitry 63 deter-
mines whether collateral exists or not by using a peculiar
change mode of the space distribution of the internal pres-
sure value indicated in a case where collateral exists. More
specifically, the collateral determination circuitry 63 ana-
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lyzes the shape in the change curved line of the internal
pressure value along the distance from the origin, and after
the internal pressure value once rapidly decreases as the
distance from the origin increases, the collateral determina-
tion circuitry 63 determines whether the internal pressure
value turns to increase or not. For example, the collateral
determination circuitry 63 calculates the distance differential
value of the internal pressure value with a regular distance,
and in a case where the distance differential value of the
internal pressure value is equal to or less than a threshold
value (hereinafter referred to as a decrease threshold value),
the internal pressure value is determined to have rapidly
decreased. In a case where the distance differential value of
the internal pressure value is determined to be less than the
decrease threshold value, the collateral determination cir-
cuitry 63 sets the position in the obstruction existing portion.
The collateral determination circuitry 63 calculates the dis-
tance differential value of the internal pressure value from
the obstruction existing portion with a regular distance
interval, and in a case where the distance differential value
of the internal pressure value is equal to or more than a
threshold value (hereinafter referred to as an increase thresh-
old value), the internal pressure value is determined to have
increased. In a case where the distance differential value of
the internal pressure value is determined to be more than the
increase threshold value, the collateral determination cir-
cuitry 63 determines that the collateral exists. In a case
where the distance differential value of the internal pressure
value is determined to be more than the increase threshold
value, the collateral determination circuitry 63 sets the
position in the portion where collateral exists. It should be
noted that the decrease threshold value the increase thresh-
old value explained above can be set separately from any
given value. As described above, in a case where the internal
pressure value once rapidly decreases, and turns to increase,
the collateral determination circuitry 63 determines that
collateral exists, and in a case where the internal pressure
value indicates another change mode, the collateral deter-
mination circuitry 63 determines that no collateral exists.
The internal pressure is explained as an example of a
dynamical index in order to explain determination process-
ing of collateral performed by the collateral determination
circuitry 63 in a more specific manner, but the dynamical
index that can be used for the determination processing of
the collateral is not limited to the internal pressure. For
example, not only the internal pressure but also stress,
distortion, and the like can be used in the same manner for
the determination processing of the collateral.

[0125] When step S22 is performed, the system control
circuitry 21 causes the display 31 to perform the display
processing (step S23). In step S23, the display 31 displays
the determination result indicating whether collateral exists
or not given by the collateral determination circuitry 63 in
step S22. More specifically, in a case where the collateral
determination circuitry 63 determines that collateral exists,
the display 31 displays a message to that effect, and in a case
where the collateral determination circuitry 63 determines
that no collateral exists, the display 31 displays a message to
that effect. In a case where collateral is determined to exist,
the display 31 may clearly indicate a portion where the
collateral exists on the graph of FIG. 19 and the dynamical
model. Further, the display 31 may clearly indicate an
obstruction portion of stenosis, thrombus, and the like on the
graph of FIG. 19 and the dynamical model.
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[0126] When step S23 is performed, the system control
circuitry 21 determines whether the system control circuitry
21 performs identification of the latent variable again or not
(step S24). For example, in a case where the collateral is
determined to exist, the system control circuitry 21 deter-
mines to automatically perform identification of the latent
variable again in step S24, and in a case where the collateral
is determined not to exist, the system control circuitry 21
determines not to automatically perform identification of the
latent variable again. In a case where a command for
performing the perform identification again is given with the
input device 29 by the user, it may be determined to perform
the identification of the latent variable again, and in a case
where the command is not given with the input device 29,
it may be determined not to perform the identification of the
latent variable again. In this case, the user refers to the
determination result as to whether the collateral exists or not,
and determines whether it is necessary to perform the
identification of the latent variable again or not. For
example, the user observes a CT image, and in a case where
the collateral is determined to be likely to exist, it is
determined that it is necessary to perform the identification
of the latent variable again. In a case where it is determined
that it is necessary to perform the identification of the latent
variable again, the user inputs a command for performing
the identification of the latent variable again with the input
device 29.

[0127] In a case where it is determined that the identifi-
cation of the latent variable is not performed again in step
S24 (step S23: NO), the system control circuitry 21 termi-
nates the processing according to the application example.
[0128] In a case where the identification of the latent
variable is determined not to be performed again in step S24
(step S23: YES), the system control circuitry 21 causes the
image processing circuitry 27 to perform the setting pro-
cessing (step S25). In step S25, the dynamical model struc-
turing circuitry 55 of the image processing circuitry 27 sets,
in the dynamical model, a boundary condition in view of the
existence of the collateral. For example, dynamical model
structuring circuitry 55 sets, in a portion where the collateral
exists, the initial value of the boundary condition about the
flow in and flow out of the blood with the collateral. A value
in a range empirically defined may be used as necessary as
the initial value of the flow in and flow out condition.
[0129] When the boundary condition in view of the exis-
tence of the collateral is set, the system control circuitry 21
repeatedly performs steps S4, S5, S6, S7, and S8, and
determines the parameters of the latent variables of the
dynamical model in view of the existence of the collateral.
After the parameters of the latent variables are determined in
step S9, amending of the medical image analysis/image
tracking processing and display of the amending result are
performed, and the time-series dynamical index is calculated
based on the dynamical model in step S10, and the time-
series bloodstream index is calculated based on the dynami-
cal model in step S11, and the time-series dynamical index
and the time-series bloodstream index are displayed in step
S12. These steps S4, S5, S6, S7, S8, S9, S10, S11, and S12
are the same as the processing as shown in FIG. 3, and
therefore they are not explained repeatedly.

[0130] The explanation about the processing according to
the application example has been hereinabove explained.
[0131] According to the application example, whether
there is collateral that is not drawn on the CT image can be



US 2018/0174297 Al

determined by using the dynamical model. Then, an accurate
dynamical model in view of the existence of the collateral
can be structured by re-identifying the parameters of the
latent variables in view of the existence of the collateral by
using the inverse analysis.

[0132] While certain embodiments have been described,
these embodiments have been presented by way of example
only, and are not intended to limit the scope of the inven-
tions. Indeed, the novel embodiments described herein may
be embodied in a variety of other forms; furthermore,
various omissions, substitutions and changes in the form of
the embodiments described herein may be made without
departing from the spirit of the inventions. The accompa-
nying claims and their equivalents are intended to cover
such forms or modifications as would fall within the scope
and spirit of the inventions.

1. (canceled)
2: A blood vessel analysis apparatus comprising;
a storage configured to store data of a medical image of
a blood vessel of a subject; and

processing circuitry configured to

calculate a blood flow index which is related to blood
pressure along with the blood vessel based on the data
of the medical image,
determine whether collateral exists or not, based on a
change mode of the blood flow index along with the
blood vessel, the change mode being a mode in which
the blood flow index at a first position is higher than the
blood flow index at a second position, the first position
being located in distal side of the second position along
with the blood vessel, and
output a determination result.
3: The apparatus according to claim 2, wherein the
processing circuitry determine whether collateral exists or
not, based on the change mode of the blood flow index along
with the blood vessel, the change mode being a mode in
which the blood flow index at a third position is lower than
the blood flow index at the first position and the blood flow
index at the second position, the third position being located
between the first position and the second position along with
the blood vessel.
4: The apparatus according to claim 2, wherein the
wherein the blood flow index at the third position is a
minimal of the blood flow index along with the blood vessel.
5. The apparatus according to claim 2, wherein the
processing circuitry calculates the time-series blood flow
index along with the blood vessel, based on the time-series
medical image, and determines whether collateral exists or
not based on a change mode of the time-series blood flow
index.
6: The apparatus according to claim 5, wherein the
processing circuitry is configured to
temporarily structure a dynamical model of analysis pro-
cessing based on the time-series medical image,

identify a latent variable of the dynamical model so that
at least one of a prediction value of a blood vessel
morphology and a prediction value of a bloodstream
based on the temporarily structured dynamical model is
in conformity with at least one of an observation value
of the blood vessel morphology and an observation
value of the bloodstream measured in advance, and

analyze the dynamical model to which the identified latent
variable is allocated.
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7. The apparatus according to claim 5, wherein the
processing circuitry is configured to
perform structure analysis, fluid analysis, or, structural
fluid interaction analysis with the dynamical model to
which the identified latent variable is allocated, and

calculate at least one of a prediction value of the time-
series dynamical index and a prediction value of the
time-series bloodstream.

8: The apparatus according to claim 5, wherein the
processing circuitry identifies the latent variable of the
dynamical model so that the prediction value of the blood
vessel morphology and the, prediction value of the blood-
stream are in conformity with the observation value of the
blood vessel morphology and the observation value of the
bloodstream.

9: The apparatus according to claim 5, wherein the
processing circuitry is configured to

set an analysis target region in a blood vessel region

included in the time-series medical image, and set a
latent variable identification region in the analysis
target region,

calculate a time-series morphology index and a time-

series shape deformation index of the analysis target
region by performing image processing of the time-
series medical image, and

temporarily structure a dynamical model of analysis pro-

cessing of the analysis target region, based on the
time-series morphology index, the time-series shape
deformation index, and the time-series medical image.

10: The apparatus according to claim 9, wherein the
processing circuitry locally sets the analysis target region to
a lesion region or a treatment target.

11: The apparatus according to claim 9, wherein the
processing circuitry locally sets the analysis target region to
a blood vessel region where a diameter is equal to or more
than 2 mm.

12: The apparatus according to claim 9, wherein the
processing circuitry excludes a pixel region of a blood vessel
in a heart from the analysis target region.

13: The apparatus according to claim 5, further compris-
ing a storage storing each of a plurality of CT value ranges
in association with a property of a blood vessel wall and a
material model,

wherein the latent variable includes a material model, the

time-series medical image is a time-series CT image
generated by an X-ray computed tomography appara-
tus, and, the processing circuitry identifies a material
model associated in the storage with a CT value of a
pixel constituting a blood vessel wall region included in
the medical image, and allocates the identified material
model to the blood vessel wall region of the dynamical
model.

14: The apparatus according to claim 5, wherein the latent
variable includes a boundary condition related to a blood
flow inlet and a blood flow outlet, and the processing
circuitry calculates an initial value of the boundary condition
based on the time-series CT image generated by a CT scan
for a subject injected with a contrast agent, by an X-ray
computed tomography apparatus.

15: The apparatus according to claim 5, wherein the
processing circuitry is configured to set a higher calculation
density to an interest region in the dynamical model than
another region.
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16: The apparatus according to claim 5, wherein the
time-series medical image is a time-series CT image gen-
erated by an X-ray computed tomography apparatus, and the
X-ray computed tomography apparatus executes CT scan so
that a temporal resolution of a designation section in the
time-series CT image is higher than a temporal resolution of
another section.

17: The apparatus according to claim 5, wherein the
time-series medical image is a time-series CT image gen-
erated by an X-ray computed tomography apparatus when
the subject is in a stress-less situation.

18: A blood vessel analysis method comprising:

acquiring data of a medical image of a blood vessel of a

subject;

calculating a blood flow index which is related to blood

pressure along with the blood vessel based on the data
of the medical image,

determining whether collateral exists or not, based on a

change mode of the blood flow index along with the
blood vessel, the change mode being a mode in which
the blood flow index at a first position is higher than the
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blood flow index at a second position, the first position
being located in distal side of the second position along
with the blood vessel, and

outputting a determination result.

19: A non-transitory computer readable medium string a
program causing a computer to perform a process, wherein
the process comprising;

acquiring data of a medical image of a blood vessel of a

subject;

calculating a blood flow index which is related to blood

pressure along with the blood vessel based on the data
of the medical image,

determining whether collateral exists or not, based on a

change mode of the blood flow index along with the
blood vessel, the change mode being a mode in which
the blood flow index at a first position is higher than the
blood flow index at a second position, the first position
being located in distal side of the second position along
with the blood vessel, and

outputting a determination result.
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