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1
PHYSIOLOGICAL SIGNAL-BASED
ENCRYPTION AND EHR MANAGEMENT

RELATED APPLICATIONS

This application claims the benefit of U.S. Provisional
Application No. 61/980,374, filed on Apr. 16, 2014 and
entitled “PEHR-MAN: Physiology Based Life-Long EHR
Management,” the entire contents of which are incorporated
herein by reference.

STATEMENT REGARDING FEDERALLY
SPONSORED RESEARCH OR DEVELOPMENT

This invention was made with government support under
grants 0831544 and 1116385 awarded by the National
Science Foundation. The government has certain rights in
the invention.

BACKGROUND

The present invention relates to mechanisms for secured
communication between two or more devices/systems. In
particular, the present invention relates to systems and
methods that utilize physiological signals to encode secret
data.

The current way of managing electronic health records
(EHRs) has several key drawbacks, which cannot be sus-
tained as the number of disparate health records for a patient
increases over time. Setting up an EHR requires the patient
to create a username and a password with an EHR provider
or with the application used in the smartphone. Password
based security in practice fails to provide adequate levels of
privacy (enterprise security initiatives like FIDO are switch-
ing away from passwords) and can be easily forgotten given
the large number of EHRs that an individual may maintain
throughout his lifetime leading to loss of useful health data.
Collating data from the disparate EHRs to create a compre-
hensive health history is therefore not easy. For the patients
at the very least this requires managing usernames and
passwords at for each of the EHR that they have. This is not
scalable. On the clinical side, this requires filling out cum-
bersome paperwork from one health system to the other
causing considerable delays in diagnosis and treatment of a
patient. Such delays can be especially inconvenient when
the user is in need of emergency care. Another problem with
our current approach of EHR management is that the health
records have to be increasingly maintained for the entire
lifetime of the patient. This imposes considerable burden on
the system to keep patient data private, which often trans-
forms into a long-term password maintenance nightmare and
regular password changes. What is required is a more
seamless scheme of ensuring the privacy of the disparate
patient EHRs and make them available as needed.

The Health Insurance Portability and Accountability Act
(HIPAA) rules any form of personally identifiable health
information has to be secured. Hence the data collection
phase requires a secure communication channel from the
sensors to the smartphone and subsequently to the EHR.
However, compliance to the HIPAA rules should not impose
a high cognitive load on the user and has to be done
implicitly in a fast and transparent way.

SUMMARY

Given the real time nature of the assessment and sugges-
tion modules of our architecture, health data reconciliation
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2

has to be fast. However, HIPAA rules of privacy have to be
maintained during the reconciliation process as well. Tradi-
tional methods of granting EHR access through username
and password will surely not work in a real-time proactive
setting. Further, open access to EHR whenever required is
not HIPAA compliant.

In various embodiments, the invention provides systems
and methods that use time-varying physiological signal
features to ensure privacy of data communication as well as
storage in EHRs in a way that it is transparent to the users,
in that they do not have to perform any specific action (e.g,,
security configuration such as password entry) to secure the
data transfer to the EHR. Some embodiments utilize gen-
erative models that represent physiological signals with two
types of parameters: a) slow varying repetitive morphologi-
cal features, and b) highly varying temporal features. Some
such embodiments utilize generative models of PPG and/or
ECG signals can be used to implement end-to-end security
from the sensors directly to the EHRs.

In some embodiments, generative signal models are used
as unique physiological signatures of a specific person to
facilitate fast authenticated reconciliation of EHRs. In this
technique, whenever the assessment module needs to rec-
oncile multiple EHRs, it will sample the given physiological
signal and derive its generative model using a curve fitting
procedure. The assessment module can then use the synthe-
sized physiological signals to perform PPA with multiple
EHRs and establish a HIPAA compliant communication
channel through which it can reconcile the data. Thus,
HIPAA compliant reconciliation is transparent to the user.

In some embodiments, the invention includes a non-
invasive method for life long end-to-end management of
electronic health records (EHR), from body worn sensors to
the cloud servers, using physiological signals. The technique
may use physiological signals and models of the signals to
automatically manage (i.e., create, access, fuse, and omit)
EHRs associated with a given user in an authenticated
privacy ensured manner. At the time of EHR creation
(potential at time of birth) the doctor with the help of
proposed system samples the person’s (baby’s) physiologi-
cal signals and trains a generative model and uses the model
parameters to create an EHR. After the initialization step, the
sensors on the user use current physiological signal samples
to encrypt secrets and transfer them to the cloud server
where the EHR is hosted. The EHR uses the generative
model to generate physiological signal samples and then
uses the model generated signal to decrypt the secret. This
secret is then used to encrypt further health record data and
to update person’s EHR in an authenticated and secure
manner.

In some embodiments, the invention provides a method to
create, access, and fuse EHRs. A sensor on the user gener-
ates a secret key. The sensor uses sensed physiological
signals to hide the generated secret in the form of a fuzzy
vault. The fuzzy vault is then transferred to the EHR server.
The EHR server uses the generative model to synthesize
timely physiological signal and uses it to unhide the secret
from the vault. The secret is then used to securely transfer
data from a sensor to the health record.

In some embodiments, the invention provides a method
for authenticated access. The sensor on the user sends a
sample of the physiological signal to the EHR server. The
EHR server learns a model from the physiological signal
sample. The server matches the learned model with the
stored one. If there is a match access is granted.

In some embodiments, the invention provides a method
for fusing EHRs based on a unique model of a physiological
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signal for each user. A sample of a first physiological signal
is generated using a stored model. The system then obtains
frequency domain features from the physiological signal and
hides them in a fuzzy vault. A sample of a second physi-
ological signal is also generated from a generative model
and frequency domain features are obtained from the second
signal. The system that generated the second signal then
matches the features from the generative model with the
features in the vault. If there is enough match among the two
sets of features, then it is concluded that both the EHRs are
of the same person and can be merged. In this way without
any user involvement the two EHRs are authenticated to
each other.

In one embodiment, the invention provides a method of
encoding a data item string for secure transmission using a
physiological signal. The data item string—for example, a
128-bit encryption key—is separated into a defined number
of component segments. A polynomial equation is then
constructed based on the data item string such that each
component segment of the data item string is used as a
different coefficient of the polynomial equation. A plurality
of signal features are then identified from a physiological
signal and a plurality of ordered pairs are created based on
the plurality of identified signal features. In particular, the
first element of each ordered pair corresponds to an index of
a different one of the identified signal features and, when
provided as an input to the constructed polynomial equation,
produces the second element of the ordered pair as an
output. Lastly, a data package is prepared for transmission
including the plurality of ordered pairs.

In another embodiment, the invention provides a method
of decoding a data item string from a received data package
using a physiological signal. A plurality of signal features is
identified and a plurality of data pairs is accessed from the
data package. A subset of data pairs are identified from the
data package as corresponding to one or more of the
plurality of identified signal features—the remaining data
pairs are rejected as “chaff’ points.” Using LaGrangian
interpolation, a polynomial equation is reconstructed such
that, when the first element of each data pair of the subset of
data pairs is provided as an input to the polynomial equation,
the corresponding second element is calculated as the output
of the polynomial equation. The data item string is recon-
structed based on the coeflicients of the reconstructed poly-
nomial equation. In some embodiments, the data item string
is reconstructed by appending the coefficients in order to
form a larger, aggregated data string.

Other aspects of the invention will become apparent by
consideration of the detailed description and accompanying
drawings.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1A is a block diagram of a communication network
for generating, storing, and accessing medical records
including information related to physiological signals
detected by one or more sensors.

FIG. 1B is a schematic diagram of various components of
a communication network such as illustrated in FIG. 1A for
recording ECG signals.

FIG. 2 is a flowchart of a method for distributing an
encryption key encoded in a physiological signal for secure
communication between two physiological sensor systems
that each monitor a physiological signal of the same patient.
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FIG. 3 is a flowchart of a method for associating new
medical information with an existing electronic health
record of a patient based on a comparison between two
physiological signals.

FIG. 4 is a flowchart of a method for distributing an
encryption key encoded in a physiological signal for secure
communication between a sensor system and a remote
server or cloud system.

FIG. 5A is a method of initializing the remote server to
decode an encryption key encoded in physiological signal
data received from a sensor system using a synthesized
physiological signal.

FIG. 5B is a graph illustrating the static morphology and
temporal variations used to derive a physiological signature
of an ECG signal.

FIG. 6A is a method of encoding an encryption key in a
monitored physiological signal.

FIG. 6B is a method of decoding the encryption key from
the method of FIG. 6A using a synthesized physiological
signal.

FIG. 7A s a graph of a photoplethysmogram (PPG) signal
measured by a sensor system compared to a synthesized
PPG signal generated based on a generative signal model.

FIG. 7B is a graph of the measured PPG signal and the
synthesized PPG signal of FIG. 7A transformed to the
frequency domain using a Fourier transform.

FIG. 7C is a graph of identified peak features of the FFT
of the measured signal and the FFT of the synthesized signal
of FIG. 7B that are used for encoding the encryption key in
the method of FIG. 6A and for decoding the encryption key
in the method of FIG. 6B.

FIG. 8A is a graph of an electrocardiogram (ECG) signal
measured by a sensor system compared to a synthesized
ECG signal generated based on a generative signal model.

FIG. 8B is a graph of the measured ECG signal and the
synthesized ECG signal of FIG. 8A transformed to the
frequency domain using a Fourier transform.

FIG. 8C is a graph of identified peak features of the FFT
of the measured signal and the FFT of the synthesized signal
of FIG. 8B that are used for encoding the encryption key in
the method of FIG. 7A and for decoding the encryption key
in the method of FIG. 6B.

FIG. 9 is graph comparing the temporal properties (e.g.,
FFT signal peaks) of an ECG signal and a PPG signal.

FIG. 10 is a graph comparing identified signal peaks from
ECG signal data and identified signal peaks from EEG
signal data.

DETAILED DESCRIPTION

Before any embodiments of the invention are explained in
detail, it is to be understood that the invention is not limited
in its application to the details of construction and the
arrangement of components set forth in the following
description or illustrated in the following drawings. The
invention is capable of other embodiments and of being
practiced or of being carried out in various ways.

FIG. 1A illustrates one example of a communication
network for medical systems including at least two sensors/
actuators 101, 103, a medical data server (or cloud comput-
ing/storage environment) 105, a base station 107, and an
access point 109 by which a physician or other medical
professional can interact with the medical system commu-
nication network. The sensor/actuators 101, 103 are user-
end devices that might, for example, measure a physiologi-
cal signal of a patient (e.g., an electrocardiogram (ECG)
system, a photoplethysmogram (PPG) system, or an elec-
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troencephalogram (EEG) system). The physiological signal
data monitored and captured by the sensors 101, 103 may be
used, for example, to trigger the actuation of another medi-
cal system or initial an alarm or may be stored on the
medical data server 105 for later review and analysis by the
patient and/or a medical professional (e.g., via physician
access point 109). Alternatively, one or more of the user-end
devices 101, 103 may include an actuator component such
as, for example, an infusion pump to administer intervening
measures in response (or based on) the physiological signal
monitored by one or more connected sensor systems).

The medical data server 105 may be configured as a single
server storage device or as a cloud-based storage mecha-
nisms for storing, managing, and providing access to elec-
tronic health records (EHRs) for one or more patients. The
server 105 may include, for example, one or more proces-
sors and one or more non-transitory memory storage units
(e.g., hard-disk, flash, RAM, or ROM storage devices).

The base station 107 may be implemented as a dedicated
device that is to be positioned near the patient in order to
establish and maintain wired or wireless communication
with one or more of the user-end sensor/actuator devices
101, 103. In some implementations, the base station is
implemented as an application running on a smart phone or
tablet computer that is to be carried by the patient.

The physician access point 109 is a device that is con-
figured to access information that is stored on the medical
data server/cloud 105 and, in some implementations, may be
configured to control operations of one or more of the
user-end sensor/actuator devices 101, 103 remotely and/or
to send data (e.g., a message or an alarm signal) to the user
base station 107 or to the sensor/actuator device 101, 103. In
some implementations, the physician access point 109 is
implemented as a personal computer device (e.g., a desktop,
laptop, notebook, or tablet computer or a smart phone)
configured to establish and manage wired or wireless com-
munication with the medical data server 105, for example,
through the Internet or another type of network. In such
implementations, the physician access point 109 will include
at least one processor and one or more non-transitory
computer readable memories. The memory or memories
store instructions that are executed by the processor to,
among other things, provide communication and data pro-
cessing functionality.

As described in further detail below, there are various
different communication mechanisms that can be imple-
mented either simultaneously or alternatively to facilitate
communication between various components in the medical
communication network illustrated in FIG. 1A. For
example, one sensor/actuator device 101 may be configured
to communicate directly with another sensor/actuator device
101 through wired or wireless communication protocol (e.g.,
Bluetooth) (communication path A). Alternatively, the base
station 107 may be configured to facilitate communication
between the two sensors/actuators 101, 103.

In order to allow for remote access of the medical data and
to maintain an electronic health record (EHR) for the patient,
the sensor/actuator devices 101, 103 may be configured to
communicate with the medical data server 105. In some
implementations, the sensor/actuator devices 101, 103 are
configured to communicate with the medical data server 105
directly (i.e., communication path B). For example, the
sensor/actuator devices 101, 103 may be equipped with 1P
communication mechanisms to communicate with the medi-
cal data server 105 directly through the Internet or may be
equipped with a cellular communication module to establish
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communication with the medical data server 105 wirelessly
over a cellular phone communication network.

In still other implementations, the sensor/actuator devices
101, 103 communicate with the medical data server 105
indirectly through the base station/smart phone 107 (i.e.,
communication path C). For example, the sensor/actuator
devices 101, 103 can be configured to communicate with a
smart phone 107 carried by the patient through a wireless
communication mechanism such as Bluetooth, WiFi, or
other near-field communication (NFC). The smart phone
107 will then establish communication with the medical data
server 105 through the Internet or through a cellular com-
munication network and transmit data to the medical data
server 105 as necessary.

FIG. 1B illustrates a specific example of one such medical
communication network. In this example, the first sensor
device 101 is an ECG monitoring system that is coupled by
wire to a plurality of ECG leads 111 positioned on the body
of a patient. A more advanced monitor system 103 (e.g., a
“Holter monitor”) is also coupled to each ECG electrode 111
and also to an AgCl sensor 115 positioned on the body of the
patient. The patient carries a smart phone 107 running an
application that allows the smart 107 to operate as a base
station that performs various data processing/monitoring
functions and also facilitates communication between the
ECG monitor 101 and the Holter monitor 103.

In the system of FIG. 1B, it may be necessary for the ECG
monitor 101 and the Holter monitor 103 to communicate
with each other. Similarly, it may be necessary for the
physiological data captured by the ECG monitor 101 and the
Holter monitor 103 to be transmitted to a remote medical
data server 105 for storage and/or later processing.

To provide for encrypted communication between the two
sensor systems 101, 103 or between the smart phone 107 and
a remote server (or cloud) storage system 105, an encryption
key must be distributed to both devices. That encryption key
will then be used to encrypt data communications. FIG. 2
illustrates one example of a method for securely distributing
an encryption key from the first sensor system 101 to the
second sensor 103 using the patient’s own physiological
signals to obscure the encryption key.

First, an encryption key is generated by the first sensor
system 101 (step 201). This encryption key can be selected
according to a variety of different key generation mecha-
nisms including, for example, a random number generator.
The first sensor system 101 then derives certain physiologi-
cal features from a physiological signal monitored by the
first sensor system 101 (step 203). For example, in the
system of FIG. 1B, the ECG system 101 will monitor the
patient’s ECG signal for various features. The detected
physiological features are then transformed based on the
generated encryption key (step 205). In some implementa-
tions, the combined data set (i.e., generated based on both
the physiological signal data and the encryption key) is
further obfuscated, for example, by inserting further ran-
domly generated “chaff points™ as discussed in further detail
below (step 207). The key-encoded physiological signal is
then transmitted from the first sensor device 101 to the
second sensor device 103 (step 209).

The second sensor 103 is also configured to monitor a
physiological signal of the same patient. In some implemen-
tations, the two sensor systems 101, 103 are configured to
monitor the same physiological signal. For example, in FIG.
1B, both the ECG system 101 and the Holter monitor 103
monitor ECG leads. Therefore, the second sensor 103 is able
to use the same processing mechanism as the first sensor 101
(in step 203) to derive identifiable physiological features
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from the physiological signal (step 211). The second sensor
system 103 performs feature matching between the two
physiological signals (step 213) and, based on the matched
features from the common physiological signal, is then able
to derive the encryption key from the key-encoded signal
(step 215). Once the encryption key is derived by the second
sensor system 103, the encryption key can be used by the
second sensor system and the first sensor system to provide
for secure, encrypted communication between the two sen-
sors systems (steps 217 and 219, respectively).

In other implementations, as discussed further below, the
sensor systems may be configured to monitor different
physiological signals; however, they can be configured to
derive similar physiological features for each signal that
establish a physiological signature of the patient that is
common to both physiological signal and that can be used to
unlock the encryption key from the key-encoded signal from
the first sensor 101.

Furthermore, the physiological signal can be used as a
vehicle to encode other “secret” data and, thereby, in some
implementations, may itself be used as an encryption key.
For example, in the method of FIG. 2, instead of generating
an encryption key at step 201, the first sensor system 101
may generate or capture other data that is to be communi-
cated to the other sensor system 103. For example, the first
sensor system 101 may have calculated a heart rate for the
patient based on the ECG signal or received other patient
data through a user interface that is to be shared with the
other communicative-coupled sensor device 103. The sensor
system 101 will again derive physiological features from the
monitored physiological signal (step 203) and transform the
features using the “secret” data that is to be communicated
to the other device (step 205). The “secret”-encoded signal
is then transmitted to the second sensor system 103 where it
is decoded (step 215) using a physiological signal monitored
by the second sensor.

Although some of the other examples described below
may specifically refer to using the same physiological signal
to encode and decode data, it is to be understood that
disparate physiological signal may also be utilized to derive
a shared “physiological signature” data that is common to
both signals. Furthermore, although examples below may
specifically refer to encoding an encryption key in the
physiological signal, such mechanism may be adapted to
transmit other “secret” data between various systems such
that the physiological signal itself serves as the encryption
key.

In addition to facilitating secure communication, the
physiological signal encryption mechanism may be used to
confirm whether a new incoming electronic health record
(EHR) should be included as part of the electronic medical
record for a specific person. Furthermore, the physiological
signal feature matching may be used to aggregate and
compile previously stored electronic medical records during
system reorganization. For example, this technique may be
used to facilitate updating and reorganizing data records
associated with a single patient from various sources
through a cloud-computing environment.

Furthermore, in this era of wearable tech devices and
smart phone proliferation, a user has a plethora of non-
clinical devices that record important information on behav-
ior and physiology that can be useful in managing health
risks. Such data for a given user is very valuable and can be
used, for example, in two ways: (a) the data can be processed
to provided behavioral feedback to the user through a
smartphone application and (b) care providers can be
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granted access to this data as needed during both normal
office-visits and during emergencies.

FIG. 3 illustrates a method for reconciling electronic
health records and for confirming that the electronic records
indeed match for a given patient. This method may be
implemented by the remote server 105, the physician access
point, or another device coupled to the communication
network. The system access a first physiological signal—
Signal A—for the patient (step 301) and a second physi-
ological signal (step 303). In some implementations, Signal
A is a signal that has already been confirmed as being
associated with a specific patient’s electronic record and
Signal B is either a new incoming physiological signal or
another previously stored physiological signal that has not
yet been matched with the aggregated health record for the
patient. In other implementations, Signal A and Signal B are
both previously stored physiological signals and the system
is attempting to match stored records to build a new aggre-
gated medical record for the specific patient.

The system derives physiological features from Signal A
and Signal B (steps 305 and 307. respectively) and performs
feature matching on the two signals (step 309). If the system
confirms that the two signals match and indeed belong to the
same patient (step 311), the system stores the signals as
electronic health records associated with the same patient
(step 313). However, if the signals do not match, the system
either rejects the new signal or continues searching for a
proper association with another patient’s EHR (step 315).

In the methods discussed above, secure encryption and
data matching using a physiological signal is performed
where both the transmitting device and the receiving device
have access to physiological signal for a single patient. For
example, in the method of FIG. 2, a signal is being sent from
a first sensor system 101 that measures a physiological
signal of the patient to another sensor system 103 that also
measures the physiological signal of the patient. However,
when establishing secure communication with a remote
server (or cloud) 105, the recipient system will not have
access to a real-time physiological signal for the patient.

FIG. 4 illustrates a method for establishing secured,
encrypted communication between one system that has
access to a physiological signal for a patient (e.g., sensor
system 101, which measures the signal, or base station 107,
which receives the physiological signal from sensor system
101) and a second system that does not have live access to
any physiological signal for the patient (e.g., a remote server
105). Like in the earlier example, the user-end system
captures a live physiological signal for the patient (step 401)
and extracts a physiological signature from the signal (step
403). An encryption key (or other “secret” data) is generated
(step 405) and combined with the physiological signature
data to compute a data “vault” (step 407). The data “vault”
is then transmitted from the user-side device to the other
system (e.g., server 105) (step 409).

Instead of using a live physiological signal for the patient,
the second system (e.g., server 105) generates a synthetic
physiological signal for the specific patient using, for
example, a previously stored and tuned model for the patient
signal (step 411). The second system extracts the physiologi-
cal signal from the synthesized signal (step 413), extracts
common features from the received data “vault” (step 415),
and performs an interpolation/transformation (such as, for
example, a Lagrangian interpolation) (step 417) to unhide
the encryption key (or other “secret” data) from the received
“vault” (step 419). Once the encryption key is derived, it is
used to facilitate secure encrypted communication between
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the user-end device (e.g., sensor 101 or base station 107) and
the remote device (e.g., server 105) (steps 421 and 423,
respectively).

FIG. 5A illustrates an example of one mechanism for
deriving a physiological signature and for creating a gen-
erative model to be used by the renote system in the method
of FIG. 4 to generate a synthetic physiological signal. First,
the system captures or receives a physiological signal (step
501). The system then identifies time-domain features of the
physiological signal (step 503) and morphological features
of the same physiological signal (step 505). The separate
time-domain and morphological features are then used to
create a generative model (step 507) that is stored on the
remote system and used to generate the synthetic physi-
ological signal (step 411).

FIG. 5B illustrates an example of a generative mathemati-
cal model for an ECG signal. The illustrated ECG signal
includes the characteristic QRS complex, P, and T features
of an ECG signal. The dynamic temporal variations (e.g., the
periodic R-R interval) might change based on the patient’s
current activity or health level. These temporal variations
(i.e., time-domain features) are represented mathematically
by the right side of the mathematical expression in FIG. 5B.
The morphological features relate more to the general shape
of the physiological signal (i.e., the signal morphology). It
has been observed that, for ECG and PPG signals in par-
ticular, the morphology parameters changes very slowly
over the lifetime of a person and, therefore, may be utilized
as a reliable physiological signature over time. The mor-
phological component is represented by the left side of the
mathematical expression in FIG. 5B and can be determined
mathematically. Specific mechanisms for deriving morpho-
logical features and physiological signatures are discussed in
further detail below.

FIG. 6Aillustrates a specific mechanism for generating an
obfuscated and encrypted data “vault” for encrypted com-
munication between devices/systems. The sender system
monitors and isolates a physiological signal for a defined
time window (e.g., 30 seconds) (step 601). The sender
system then performs a windowed 256-point fast Fourier
transform (FFT) on the signal snippet (step 603) and runs a
peak detection algorithm on the FFT output signal (step
605). The detected peaks are each identified by a time index
and the corresponding magnitude value and then concat-
enated to form a 16-bit “feature” component. The sender
system also generates a random 128-bit encryption key (step
607) and splits the key into n+1 values that will serve as
coeflicients of an nth order polynomial (step 609).

The generated polynomial is then used to create an
ordered pair for each “feature” component identified in step
605 (step 611). Each pair is of the form (x,y) where x is the
identified signal feature and y is the output of the polynomial
when x is used as the input parameter of the polynomial. The
data set is then obfuscated by generated a plurality of
random “chaff point” pairs (x', y') (step 613). The chaff point
numbers are generated at random with the rule that the y'
cannot be equal to the polynomial output of x'. The ordered
pairs and the chaff point points are combined into a data
package to form a “fuzzy vault” (step 615) and are trans-
mitted to a “receiver system” (step 617).

FIG. 6B illustrates a method for decrypting the “fuzzy
vault” received by the receiver system to derive the 128-bit
encryption key encoded therein. First, the receiver system
generates a synthesized physiological signal based on a
stored, previously-initialized generative signal model for the
patient (step 621). The duration of the synthesized physi-
ological signal is again limited to the same time window as

15

20

25

40

45

55

60

65

10

used by the sender device during the encryption process. The
receiver system performs a windowed 256-point FFT on the
synthesized signal snippet (step 623) and applies the same
peak detection algorithm on the FFT output signal (step
625). Each detected peak from the synthesized signal is
identified by a time index and the corresponding magnitude
value from the synthesized signal and concatenated to form
a 16-bit “feature” component.

After the receiver system receives the “fuzzy vault” from
the sender system (step 627), the receiver system applies
Langrangian interpolation to reconstruct the polynomial
and, in the process, identify and remove the chaff points
from the “fuzzy vault” (step 629). As a result, the receiver
system identifies an nth order polynomial that fits a large
number of the pairs in the “fuzzy vault” (i.e., the ordered
pairs (x, y)) and does not fit a number of other pairs (i.e., the
“chaff pairs” (x', ¥)). The coeflicients of the reconstructed
nth order polynomial are combined to derive the encryption
key (step 631). The derived encryption key is then used for
subsequent secure, encrypted communication between the
sender system and the receiver system (step 633).

Again, although the example of FIGS. 6A and 6B spe-
cifically refer to encoding an encryption key into a “fuzzy
vault,” the same encoding and decoding mechanism can be
used to securely transmit other “secret” information from a
sender system to a receiver system. For example, other
information from the sender system can be represented as a
128-bit data string, broken into n+1 polynomial coeflicients,
and the resulting polynomial used to create ordered pairs for
each of a plurality of identified signal features. Instead of
using the method of FIG. 6B to decode a 128-bit encryption
key, the receiver system would use the same process to
decode the other “secret” information that was used to create
the polynomial and the generated set of ordered pairs.

FIGS. 7A, 7B, and 7C illustrate an example of PPG signal
data (both live captured and synthesized) used to encode and
decode the encryption key according to the methods of
FIGS. 6A and 6B and further illustrate the morphological
signature present in both the live captured physiological
signal and the synthesized physiological signal. FIG. 7A
illustrated a PPG signal for a patient based on 2000 captured
sample points over a defined time window (i.e., the solid
line) and a modeled PPG signal for the same patient over the
same defined time window (i.e., the dotted line). As shown
in FIG. 7A, the exact amplitude and frequency (i.e., the
temporal features) of the modeled PPG signal do not match
the actual measured patient signal. However, after the FFT
is performed on both the live data signal and the modeled
signal, the peak frequencies to begin to align as shown in
FIG. 7B. When the peak detection routine is performed on
the FFT output signal, multiple peak indexes are identified
that are common to both the measured PPG signal and the
modeled PPG signal. These common peak indexes serve as
the physiological signature that is used to encode and decode
the encryption key in the “fuzzy vault.”

Similarly, FIGS. 8A, 8B, and 8C illustrate an example of
ECG signal data used to encode and decode an encryption
key (or other “secret” data) in a “fuzzy vault.” Again, as
shown in FIG. 8A, the temporal features of the modeled
signal do not match those of the actual measured ECG
signal. However, as shown in FIG. 8B, when an FFT is
performed on both signals, the aligned peaks are identified
and, as shown in FIG. 8C, these common peak indexes are
uniform enough to serve as a common physiological signa-
ture used to encode and decode the encryption key. Further-
more, any peak indexes from one signal that are not also
present in the other signal would be identified as “chaff



US 9,626,521 B2

11

points” in the fuzzy vault and would not affect the recon-
struction of the polynomial encoding the encryption key.

As discussed above, some implementations utilize the
same physiological signal for both encoding and decoding—
for example, a measured ECG signal is used to generate the
“fuzzy vault” and a synthesized ECG signal is used to derive
the encrypted data from the “fuzzy vault.” However, in some
other implementations, a received data vault may be
decoded using a signal that is different than the one used to
construct the vault. In such implementations, two cases
arise: (a) a pair of coherent signals that are generated by the
same underlying physiological process of the body (e.g., an
ECG signal and a PPG signal that are both related to the
cardiac process) and (b) non-coherent signals that are gen-
erated based on totally different physiological processes of
the body (e.g., an ECG signal based on cardiac process and
an EEG signal based on neural activity).

For coherent signals, the system may be configured based
on the fact that there will be a considerable amount of
correlation among the temporal parameters of two signals
generated by the same underlying physiological process.
Although the morphology of the two signals may be very
different, the temporal properties such as average heart rate,
standard deviation, etc. reveal a close match between the
two signals. Furthermore, some there may be morphological
equivalence between two coherent signals—for example,
the position of the R-beat in an ECG will coincide with a
peak of a corresponding PPG signal. FIG. 9 illustrates this
equivalence by showing the commonality of the R peak in
both the ECG and PPG signals.

For this example, signal S, and signal S; have common
temporal parameters f,; because they are coherent. Further,
G, represents the generative model for signal S, and m,
represents the morphological properties for signal S, that
device B possess in a pre-deployed fashion (i.e., due to
earlier initialization such as shown in FIG. 5A). Device A
generates a secret session key k and uses the mechanism
described above to hide the key using frequency-domain
features derived from S, and sends the generated data vault
to device B. Device B computes f,5; based on its sensed
signal S; and then uses m , and the time domain parameters
f,5 obtained from Sy to generate the synthetic signal S',
from its generative model G,(f,; m,). Device B then
derives frequency-domain features from S', and executes the
method of FIG. 6B to unhide the key k. In order to perform
this method as described above for coherent, but different,
signals, the second device B must possess both the genera-
tive model and the morphological parameters of signal S .
These can be pre-deployed during the initialization process
of FIG. 5A.

Use of physiological signal encoding for non-coherent
signals may be based on the hypothesis that coupling
provided by the human body between different physiological
processes ensures that some signature of signal S, is visible
on a signal S even if S, and S5 are not produced from the
same physiological process. Therefore, the encoding/decod-
ing process for non-coherent signals as the processes
described above for coherent signals except that {5 is now
derived from a signal S; that is not coherent with S,. As
illustrated in FIG. 10, there is considerable coupling
between ECG signal (based on heart function) and EEF
signal (based on brain function). In particular, the R-peaks of
the ECG signal can be obtained from the EEG signal for the
user by implementing signal processing techniques. The
time domain parameters of the generative model of the ECG
can then be derived from these R peaks and can be used in
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conjunction with the morphology parameters of the ECG to
perform the encoding/decoding processes such as described
above.

In one specific implementation, an ECG signal can be
extracted from and EEF signal using Continuous Wavelet
Transform (CWT). CWT derives information about the
available frequencies in the signal at a particular time. CWT
uses a basic signal function which is scaled according to the
frequency and time shift allowing specific shape properties
of the signal to be analyzed. For example, CWT for a signal
x(t) may be expressed as:

1 f” © *(l_b]dz
RN L
Va L

where a>0 is a scaling parameter, b is a shift parameter, and
¢* is a wavelet function. The scale parameter a is used to
denote how much the wavelet is stretched or compressed—
the smaller the value of a, the more compressed the wavelet.
For each R-peak in the ECG signal, there is a corresponding
disturbance in the wavelet transform of the EEG signal as
shown in FIG. 10. The scale parameters from the wavelet
transform of the EEG signal exhibit this disturbance with the
maximum magnitude.

With accurate signal processing techniques, the time
values of each disturbance can be extracts and, thereby,
identify the position of the R peaks in the ECG signal. These
temporal parameters can then be used by a generative model
to generate a synthetic ECG signal for decoding a received
data vault according to the method of FIG. 6B.

Lastly, it is noted that, although specific examples
described above focus on using physiological signals for
secured and, sometimes, encrypted communication of medi-
cal information between multiple medical devices and sys-
tems, the physiological-signal-based encoding and decode
mechanisms described above may be used in environments
other than health record management. In fact, physiological-
signal-based encoding might be implemented in any envi-
ronment that has access to physiological signal from a user.
For example, a user logging into a computer at work might
provide an ECG signal. The ECG signal might then be used
to encode a random encryption key (or even a user specified
password) to create a “fuzzy vault.” The fuzzy vault would
then be decoded by the remote computer system to deter-
mine whether to provide access to the user and to encryption
data in subsequent transactions. The mechanism might be
similarly implemented to provide access to banking infor-
mation or physical access as part of a high-security building
access system.

Thus, the invention provides, among other things, a
system and method for secure communication between a
sender system and a receiver system by encoding secret data
in a physiological signal. Various features and advantages of
the invention are set forth in the following claims.

x(1) =

What is claimed is:

1. A method of decoding a data item string from a
receiving data package using a physiological signal, the
method comprising:

identifying a plurality of signal features from a physi-

ological signal;

accessing a plurality of data pairs from the data package;

identifying a subset of data pairs from the plurality of data

pairs from the data package that correspond to one or
more of the plurality of identified signal features from
the physiological signal;
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reconstructing a polynomial equation based on the subset
of data pairs such that a second element in each data
pair of the subset of data pairs corresponds to an output
of the reconstructed polynomial equation when a cor-
responding first element in the data pair is used as an
input to the reconstructed polynomial equation; and

deriving the data item string based on the coefficients of
the reconstructed polynomial equation,

wherein the physiological signal is an ECG signal, and

wherein identifying the plurality of signal features
includes identifying an R-peak corresponding to each
cardiac rhythm cycle.

2. The method of claim 1, further comprising detecting the
physiological signal from a body of a user through a sensor
system.

3. The method of claim 1, further comprising accessing a
previously-stored physiological signal associated with a
specific user from a non-transitory computer-readable
memory, and wherein identifying the plurality of signal
features from the physiological signal includes identifying a
plurality of signal features from the accessed, previously-
stored physiological signal associated with the specific user.

4. The method of claim 1, further comprising:

generating a synthesized physiological signal for a spe-

cific user based on a generative signal model initialized
for the specific user, and

wherein identifying the plurality of signal features from

the physiological signal includes identifying a plurality
of signal features from the synthesized physiological
signal.

5. The method of claim 4, wherein the act of generating
a synthesized physiological signal for a specific user is
performed by an electronic health records storage system.

6. The method of claim 5, further comprising:

receiving, by the electronic health records storage system,

a subsequent data package:

using the data item string to decode data from the sub-

sequent data package; and

storing the decoded data from the subsequent data pack-

age as an electronic health record on a non-transitory
computer-readable memory of the electronic health
records storage system.

7. The method of claim 1, further comprising:

identifying a plurality of chaff points from the plurality of

data pairs from the data package, wherein the plurality
of chaff points include points that do not correspond to
any of the identified signal features from the physi-
ological signal; and

disregarding the identified chaff points while reconstruct-

ing the polynomial equation.

8. The method of claim 1, wherein reconstructing the
polynomial equation based on the subset of data pairs
includes reconstructing the polynomial equation using
LaGrangian interpolation.

9. The method of claim 1, wherein identifying the plu-
rality of signal features includes performing a Fourier trans-
formation on a physiological signal sample of a defined
duration and identifying a plurality of peaks in the Fourier-
transformed physiological signal.

10. The method of claim 1, further comprising receiving
the data package from a PPG sensor, wherein the data points
of the data package correspond to R-peaks detected in a PPG
sensor signal.

11. The method of claim 1, further comprising receiving
the data package from an EEG sensor system, wherein the
data points of the data package correspond to components in
the EEG signal corresponding to the R-peaks.
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12. A method of decoding a data item string from a
receiving data package using a physiological signal, the
method comprising:

identifying a plurality of signal features from a physi-

ological signal;

accessing a plurality of data pairs from the data package;

identifying a subset of data pairs from the plurality of data

pairs from the data package that correspond to one or
more of the plurality of identified signal features from
the physiological signal;
reconstructing a polynomial equation based on the subset
of data pairs such that a second element in each data
pair of the subset of data pairs corresponds to an output
of the reconstructed polynomial equation when a cor-
responding first element in the data pair is used as an
input to the reconstructed polynomial equation; and

deriving the data item string based on the coeflicients of
the reconstructed polynomial equation

wherein the physiological signal is an EEG signal and

further comprising:

detecting elements in the EEG signal that correspond
temporally to an R-peak in an ECG signal;

generating a synthesized ECG signal based on the EEG
signal; and

receiving the data package from an ECG sensor system,

wherein identifying the plurality of signal features

includes performing a Fourier transformation on the

synthesized ECG signal sample of a defined duration

and identifying a plurality of peaks in the Fourier-

transformed synthesized ECG signal, and

wherein the data points of the data package correspond to

a plurality of peaks identified in a Fourier-transformed
ECG signal detected by the ECG sensor system.

13. The method of claim 12, further comprising accessing
a previously-stored physiological signal associated with a
specific user from a non-transitory computer-readable
memory, and wherein identifying the plurality of signal
features from the physiological signal includes identifying a
plurality of signal features from the accessed, previously-
stored physiological signal associated with the specific user.

14. The method of claim 12, further comprising:

generating a synthesized physiological signal for a spe-

cific user based on a generative signal model initialized
for the specific user, and

wherein identifying the plurality of signal features from

the physiological signal includes identifying a plurality
of signal features from the synthesized physiological
signal.

15. The method of claim 14, wherein the act of generating
a synthesized physiological signal for a specific user is
performed by an electronic health records storage system.

16. The method of claim 15, further comprising:

receiving, by the electronic health records storage system,

a subsequent data package;

using the data item string to decode data from the sub-

sequent data package; and

storing the decoded data from the subsequent data pack-

age as an electronic health record on a non-transitory
computer-readable memory of the electronic health
records storage system.

17. The method of claim 12, further comprising:

identifying a plurality of chaff points from the plurality of

data pairs from the data package, wherein the plurality
of chaff points include points that do not correspond to
any of the identified signal features from the physi-
ological signal; and
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disregarding the identified chaff points while reconstruct-

ing the polynomial equation.

18. The method of claim 12, wherein reconstructing the
polynomial equation based on the subset of data pairs
includes reconstructing the polynomial equation using 5
LaGrangian interpolation.

# % % k&
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