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(57) ABSTRACT

Respiratory rate can be calculated from an acoustic input
signal using time domain and frequency domain techniques.
Confidence in the calculated respiratory rate can also be
calculated using time domain and frequency domain tech-
niques. Overall respiratory rate and confidence values can be
obtained from the time and frequency domain calculations.
The overall respiratory rate and confidence values can be
output for presentation to a clinician.
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RESPIRATION PROCESSOR

RELATED APPLICATIONS

This application is a continuation of U.S. patent applica-
tion Ser. No. 12/905,384, filed Oct. 15, 2010, entitled
“RESPIRATION PROCESSOR,” which claims priority
from U.S. Provisional Patent Application No. 61/252,594
filed Oct. 16, 2009, entitled “Respiration Processor,” and
from U.S. Provisional Patent Application No. 61/326,200,
filed Apr. 20, 2010, entitled “Respiration Processor,” the
disclosures of which are hereby incorporated by reference in
their entirety.

BACKGROUND

The “piezoelectric effect” is the appearance of an electric
potential and current across certain faces of a crystal when
it is subjected to mechanical stresses. Due to their capacity
to convert mechanical deformation into an electric voltage,
piezoelectric crystals have been broadly used in devices
such as transducers, strain gauges and microphones. How-
ever, before the crystals can be used in many of these
applications they must be rendered into a form which suits
the requirements of the application. In many applications,
especially those involving the conversion of acoustic waves
into a corresponding electric signal, piezoelectric mem-
branes have been used.

Piezoelectric membranes are typically manufactured from
polyvinylidene fluoride plastic film. The film is endowed
with piezoelectric properties by stretching the plastic while
it is placed under a high-poling voltage. By stretching the
film, the film is polarized and the molecular structure of the
plastic aligned. A thin layer of conductive metal (typically
nickel-copper) is deposited on each side of the film to form
electrode coatings to which connectors can be attached.

Piezoelectric membranes have a number of attributes that
make them interesting for use in sound detection, including:
awide frequency range of between 0.001 Hz to 1 GHz; a low
acoustical impedance close to water and human tissue; a
high dielectric strength; a good mechanical strength; and
piezoelectric membranes are moisture resistant and inert to
many chemicals.

SUMMARY

Respiratory rate can be calculated from an acoustic input
signal using time domain and frequency domain techniques.
Confidence in the calculated respiratory rate can also be
calculated using time domain and frequency domain tech-
niques. Overall respiratory rate and confidence values can be
obtained from the time and frequency domain calculations.
The overall respiratory rate and confidence values can be
output for presentation to a clinician.

For purposes of summarizing the disclosure, certain
aspects, advantages and novel features of the inventions
have been described herein. It is to be understood that not
necessarily all such advantages can be achieved in accor-
dance with any particular embodiment of the inventions
disclosed herein. Thus, the inventions disclosed herein can
be embodied or carried out in a manner that achieves or
optimizes one advantage or group of advantages as taught
herein without necessarily achieving other advantages as can
be taught or suggested herein.

BRIEF DESCRIPTION OF THE DRAWINGS

Throughout the drawings, reference numbers can be re-
used to indicate correspondence between referenced ele-
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2

ments. The drawings are provided to illustrate embodiments
of the inventions described herein and not to limit the scope
thereof.

FIGS. 1A-B are block diagrams illustrating physiological
monitoring systems in accordance with embodiments of the
disclosure.

FIG. 1C illustrates an embodiment of a sensor system
including a sensor assembly and a monitor cable suitable for
use with any of the physiological monitors shown in FIGS.
1A-B.

FIG. 2 is a top perspective view illustrating portions of a
sensor system in accordance with an embodiment of the
disclosure.

FIG. 3 illustrates one embodiment of an acoustic respi-
ratory monitoring system.

FIG. 4 illustrates one embodiment of the respiration
processor of the acoustic respiratory monitoring system of
FIG. 3.

FIG. 5 illustrates one method of generating a working
output signal, performed by the mixer of the respiration
processor of FIG. 4.

FIG. 6 illustrates one embodiment of the front end pro-
cessor of the respiration processor of FIG. 4.

FIG. 7 illustrates one embodiment of a time domain
processor of the front end processor of FIG. 6.

FIG. 8 illustrates one embodiment of a frequency domain
processor of the front end processor of FIG. 6.

FIG. 9 illustrates an embodiment of a back end processor.

FIG. 10 illustrates an embodiment of a time domain
respiratory rate processor.

FIG. 11A illustrates an embodiment of an automatic
tagging module of the time domain respiratory rate proces-
sor of FIG. 10.

FIGS. 11B through 11D illustrate example time domain
waveforms that can be analyzed by the time domain respi-
ratory rate processor.

FIG. 12 illustrates an example time domain waveform
corresponding to an acoustic signal derived from a patient.

FIG. 13A illustrates an example spectrogram.

FIG. 13B illustrates an embodiment of a tags confidence
estimation module.

FIG. 13C illustrates an embodiment of a spectrogram and
a time domain plot together on the same time scale.

FIG. 13D illustrates an embodiment of a process for
computing spectral density.

FIGS. 13E through 13G illustrate example spectrums for
computing centroids.

FIG. 14 illustrates an embodiment of a process for cal-
culating respiratory rate in the frequency domain.

FIGS. 15A and 15B illustrate example frequency spec-
trums corresponding to an acoustic signal derived from a
patient.

FIG. 16A illustrates an embodiment of an arbitrator of the
back end processor of FIG. 9.

FIG. 16B illustrates another embodiment of an arbitrator.

FIG. 16C illustrates an embodiment of a processing frame
for processing a long frequency transform and short fre-
quency transforms.

FIG. 17A illustrates an embodiment of plot depicting a
respiratory rate point cloud.

FIGS. 17B and 17C illustrate embodiments of plots
depicting example curve fitting for the point cloud of FIG.
17A.

FIG. 18 illustrates an embodiment of a decision logic
process.
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DETAILED DESCRIPTION

Various embodiments will be described hereinafter with
reference to the accompanying drawings. These embodi-
ments are illustrated and described by example only, and are
not intended to be limiting.

Acoustic sensors, including piezoelectric acoustic sen-
sors, can be used to measure breath sounds and other
biological sounds of a patient. Breath sounds obtained from
an acoustic sensor can be processed by a patient monitor to
derive one or more physiological parameters of a patient,
including respiratory rate. For purposes of illustration, this
disclosure is described primarily in the context of respiratory
rate. However, the features described herein can be applied
to other respiratory parameters, including, for example,
inspiratory time, expiratory time, inspiratory to expiratory
ratio, inspiratory flow, expiratory flow, tidal volume, minute
volume, apnea duration, breath sounds (including, e.g.,
rales, rhonchi, or stridor), changes in breath sounds, and the
like. Moreover, the features described herein can also be
applied to other physiological parameters and/or vital signs
derived from physiological sensors other than acoustic sen-
SOTS.

Referring to the drawings, FIGS. 1A through 1C illustrate
an overview of example patient monitoring systems, sen-
sors, and cables that can be used to derive a respiratory rate
measurement from a patient. FIGS. 2 through 16 illustrate
more detailed embodiments for deriving respiratory rate
measurements. The embodiments of FIGS. 2 through 16 can
be implemented at least in part using the systems and sensors
described in FIGS. 1A through 1C.

System Overview

Turning to FIG. 1A, an embodiment of a physiological
monitoring system 10 is shown. In the physiological moni-
toring system 10, a medical patient 12 is monitored using
one or more sensor assemblies 13, each of which transmits
a signal over a cable 15 or other communication link or
medium to a physiological monitor 17. The physiological
monitor 17 includes a processor 19 and, optionally, a display
11. The one or more sensors 13 include sensing elements
such as, for example, acoustic piezoelectric devices, elec-
trical ECG leads, pulse oximetry sensors, or the like. The
sensors 13 can generate respective signals by measuring a
physiological parameter of the patient 12. The signals are
then processed by one or more processors 19.

The one or more processors 19 can communicate the
processed signal to the display 11. In an embodiment, the
display 11 is incorporated in the physiological monitor 17.
In another embodiment, the display 11 is separate from the
physiological monitor 17. In one embodiment, the monitor-
ing system 10 is a portable monitoring system. In another
embodiment, the monitoring system 10 is a pod, without a
display, that is adapted to provide physiological parameter
data to a display.

For clarity, a single block is used to illustrate the one or
more sensors 13 shown in FIG. 1A. It should be understood
that the sensor 13 shown is intended to represent one or more
sensors. In an embodiment, the one or more sensors 13
include a single sensor of one of the types described below.
In another embodiment, the one or more sensors 13 include
at least two acoustic sensors. In still another embodiment,
the one or more sensors 13 include at least two acoustic
sensors and one or more ECG sensors, pulse oximetry
sensors, bioimpedance sensors, capnography sensors, and
the like. In each of the foregoing embodiments, additional
sensors of different types are also optionally included. Other
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combinations of numbers and types of sensors are also
suitable for use with the physiological monitoring system
10.

In some embodiments of the system shown in FIG. 1A, all
of the hardware used to receive and process signals from the
sensors are housed within the same housing. In other
embodiments, some of the hardware used to receive and
process signals is housed within a separate housing. In
addition, the physiological monitor 17 of certain embodi-
ments includes hardware, software, or both hardware and
software, whether in one housing or multiple housings, used
to receive and process the signals transmitted by the sensors
13.

As shown in FIG. 1B, the acoustic sensor assembly 13 can
include a cable 25. The cable 25 can include three conduc-
tors within an electrical shielding. One conductor 26 can
provide power to a physiological monitor 17, one conductor
28 can provide a ground signal to the physiological monitor
17, and one conductor 28 can transmit signals from the
sensor 13 to the physiological monitor 17. For multiple
sensors 13, one or possibly more cables 13 can be provided.

In some embodiments, the ground signal is an earth
ground, but in other embodiments, the ground signal is a
patient ground, sometimes referred to as a patient reference,
a patient reference signal, a return, or a patient return. In
some embodiments, the cable 25 carries two conductors
within an electrical shielding layer, and the shielding layer
acts as the ground conductor. Electrical interfaces 23 in the
cable 25 can enable the cable to electrically connect to
electrical interfaces 21 in a connector 20 of the physiological
monitor 17. In another embodiment, the sensor assembly 13
and the physiological monitor 17 communicate wirelessly.

FIG. 1C illustrates an embodiment of a sensor system 100
including a sensor assembly 101 and a monitor cable 111
suitable for use with any of the physiological monitors
shown in FIGS. 1A and 1B. The sensor assembly 101
includes a sensor 115, a cable assembly 117, and a connector
105. The sensor 115, in one embodiment, includes a sensor
subassembly 102 and an attachment subassembly 104. The
cable assembly 117 of one embodiment includes a sensor
107 and a patient anchor 103. A sensor connector subas-
sembly 105 is connected to the sensor cable 107.

The sensor connector subassembly 105 can be removably
attached to an instrument cable 111 via an instrument cable
connector 109. The instrument cable 111 can be attached to
a cable hub 120, which includes a port 121 for receiving a
connector 112 of the instrument cable 111 and a second port
123 for receiving another cable. In certain embodiments, the
second port 123 can receive a cable connected to a pulse
oximetry or other sensor. In addition, the cable hub 120
could include additional ports in other embodiments for
receiving additional cables. The hub includes a cable 122
which terminates in a connector 124 adapted to connect to
a physiological monitor (not shown).

The sensor connector subassembly 105 and connector 109
can be configured to allow the sensor connector 105 to be
straightforwardly and efficiently joined with and detached
from the connector 109. Embodiments of connectors having
connection mechanisms that can be used for the connectors
105, 109 are described in U.S. patent application Ser. No.
12/248,856 (hereinafter referred to as “the *856 Applica-
tion”), filed on Oct. 9, 2008, which is incorporated in its
entirety by reference herein. For example, the sensor con-
nector 105 could include a mating feature (not shown) which
mates with a corresponding feature (not shown) on the
connector 109. The mating feature can include a protrusion
which engages in a snap fit with a recess on the connector
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109. In certain embodiments, the sensor connector 105 can
be detached via one hand operation, for example. Examples
of connection mechanisms can be found specifically in
paragraphs [0042], [0050], [0051], [0061]-[0068] and
[0079], and with respect to FIGS. 8A-F, 13A-E, 19A-F,
23A-D and 24A-C of the 856 application, for example.

The sensor connector subassembly 105 and connector 109
can reduce the amount of unshielded area in and generally
provide enhanced shielding of the electrical connection
between the sensor and monitor in certain embodiments.
Examples of such shielding mechanisms are disclosed in the
*856 application in paragraphs [0043]-[0053], [0060] and
with respect to FIGS. 9A-C, 11A-E, 13A-E, 14A-B, 15A-C,
and 16A-E, for example.

In an embodiment, the acoustic sensor assembly 101
includes a sensing element, such as, for example, a piezo-
electric device or other acoustic sensing device. The sensing
element can generate a voltage that is responsive to vibra-
tions generated by the patient, and the sensor can include
circuitry to transmit the voltage generated by the sensing
element to a processor for processing. In an embodiment, the
acoustic sensor assembly 101 includes circuitry for detecting
and transmitting information related to biological sounds to
a physiological monitor. These biological sounds can
include heart, breathing, and/or digestive system sounds, in
addition to many other physiological phenomena.

The acoustic sensor 115 in certain embodiments is a
biological sound sensor, such as the sensors described
herein. In some embodiments, the biological sound sensor is
one of the sensors such as those described in the ’883
application. In other embodiments, the acoustic sensor 115
is a biological sound sensor such as those described in U.S.
Pat. No. 6,661,161, which is incorporated by reference
herein in its entirety. Other embodiments include other
suitable acoustic sensors.

The attachment sub-assembly 104 includes first and sec-
ond elongate portions 106, 108. The first and second elon-
gate portions 106, 108 can include patient adhesive (e.g., in
some embodiments, tape, glue, a suction device, etc.). The
adhesive on the elongate portions 106, 108 can be used to
secure the sensor subassembly 102 to a patient’s skin. One
or more elongate members 110 included in the first and/or
second elongate portions 106, 108 can beneficially bias the
sensor subassembly 102 in tension against the patient’s skin
and reduce stress on the connection between the patient
adhesive and the skin. A removable backing can be provided
with the patient adhesive to protect the adhesive surface
prior to affixing to a patient’s skin.

The sensor cable 107 can be electrically coupled to the
sensor subassembly 102 via a printed circuit board (“PCB”)
(not shown) in the sensor subassembly 102. Through this
contact, electrical signals are communicated from the multi-
parameter sensor subassembly to the physiological monitor
through the sensor cable 107 and the cable 111.

In various embodiments, not all of the components illus-
trated in FIG. 1C are included in the sensor system 100. For
example, in various embodiments, one or more of the patient
anchor 103 and the attachment subassembly 104 are not
included. In one embodiment, for example, a bandage or
tape is used instead of the attachment subassembly 104 to
attach the sensor subassembly 102 to the measurement site.
Moreover, such bandages or tapes can be a variety of
different shapes including generally elongate, circular and
oval, for example. In addition, the cable hub 120 need not be
included in certain embodiments. For example, multiple
cables from different sensors could connect to a monitor
directly without using the cable hub 120.
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Additional information relating to acoustic sensors com-
patible with embodiments described herein, including other
embodiments of interfaces with the physiological monitor,
are included in U.S. patent application Ser. No. 12/044,883,
filed Mar. 7, 2008, entitled “Systems and Methods for
Determining a Physiological Condition Using an Acoustic
Monitor,” (hereinafter referred to as “the *883 application™),
the disclosure of which is hereby incorporated by reference
in its entirety. An example of an acoustic sensor that can be
used with the embodiments described herein is disclosed in
U.S. patent application Ser. No. 12/643,939, filed Dec. 21,
2009, titled “Acoustic Sensor Assembly,” the disclosure of
which is hereby incorporated by reference in its entirety.

FIG. 2 depicts an embodiment of an acoustic signal
processing system 200. The acoustic signal processing sys-
tem 200 can be implemented by either of the physiological
monitors described above. In the acoustic signal processing
system 200, a sensor 201 transmits a physiological signal to
a filter 202. In one embodiment, the filter 202 is a high pass
filter. The high pass filter 202 can allow high frequency
components of the voltage signal above a certain predeter-
mined cutoff frequency to be transmitted and attenuates low
frequency components below the cutoff frequency. Certain
low frequency signals are desirable to attenuate in certain
embodiments because such signals can saturate amplifiers in
the gain bank 220.

Other types of filters may be included in the filter 202. For
example, the filter 202 may include a low pass filter that
attenuates high frequency signals. It may be desirable to
reject high frequency signals because such signals often
include noise. In certain embodiments, the filter 202
includes both a low pass filter and a high pass filter.
Alternatively, the filter 202 may include a band-pass filter
that simultaneously attenuates both low and high frequen-
cies.

The output from the filter 202 is split in certain embodi-
ments into two channels, for example, first and second
channels 203, 205. In other embodiments, more than two
channels are used. For example, in some embodiments three
or more channels are used. The filter 202 provides an output
on both first and second channels 203, 205 to a gain bank
220. The gain bank 220 can include one or more gain stages.
In the depicted embodiment, there are two gain stages 204,
206. A high gain stage 204 amplifies the output signal from
the filter 220 to a relatively higher level than the low gain
stage 206. For example, the low gain stage 206 may not
amplify the signal or can attenuate the signal.

The amplified signal at both first and second channels
203, 205 can be provided to an analog-to-digital converter
(ADC) 230. The ADC 230 can have two input channels to
receive the separate output of both the high gain stage 204
and the low gain stage 206. The ADC bark 230 can sample
and convert analog voltage signals into digital signals. The
digital signals can then be provided to the DSP 208 and
thereafter to the display 210. In some embodiments, a
separate sampling module samples the analog voltage signal
and sends the sampled signal to the ADC 230 for conversion
to digital form. In some embodiments, two (or more) ADCs
230 may be used in place of the single ADC 230 shown.
Acoustic Respiratory Monitoring System

FIG. 3 illustrates one embodiment of an acoustic respi-
ratory monitoring system 300 compatible with the sensors,
systems, and methods described herein. The acoustic respi-
ratory monitoring system 300 includes an acoustic sensor
302 that communicates with a physiological monitor 304.
The sensor 302 provides a sensor signal to the physiological
monitor 304. In one embodiment, the sensor signal is
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provided over three signal lines, which include a high gain
channel 306, a low gain channel 308, and a ground line 310.
The physiological monitor 304 includes a data collection
processor 312, respiration processor 314, and an optional
display 316. The high and low gain channels 306, 308 can
include any of the functionality of the high and low gain
channels described above.

The acoustic sensor 302 is configured to detect sounds
emanating from within a medical patient. For example, the
acoustic sensor 302 is often configured to detect the sound
of a medical patient’s respiration (including inhalation and
exhalation), as well as other biological sounds (e.g., swal-
lowing, speaking, coughing, choking, sighing, throat clear-
ing, snoring, wheezing, chewing, humming, etc.). The
acoustic sensor 302 can include any of the sensors described
herein.

The acoustic sensor 302 may include pre-amplification
circuitry (not shown) to generate an output signal, or signals,
in response to detected sounds. In some cases, high ampli-
tude (e.g., loud) detected sounds can cause the sensor to
saturate. For example, the high amplitude input signal could
cause a pre-amplifier having a predetermined, fixed gain
setting to saturate. In such cases, meaningful acoustic infor-
mation detected by the sensor 302 simultaneously with the
high amplitude sounds could be lost. To avoid losing such
information, the acoustic sensor 302 can include a second
pre-amplifier that has a lower, predetermined, fixed gain
setting. The sensor 302 provides both high and low gain
outputs over separate channels 306, 308 to the physiological
monitor. As will be discussed later, the physiological moni-
tor 304 can be configured to switch its input stream between
the high and low gain channels 306, 308 depending upon
whether a sensor saturation event has occurred, or appears
likely to occur.

The data collection processor 312 pre-processes the sig-
nals received from the sensor 302 in preparation for further
analysis. In one embodiment, the data collection processor
312 includes one or more of a gain amplifier 318, an
analog-to-digital converter 320, a decimation module 322, a
filtering module 324, and a storage module 326.

A gain amplifier 318 is configured to increase or decrease
the gain on the incoming data signal. An analog-to-digital
converter 320 is configured to convert the incoming analog
data signal into a digital signal. A decimation module 322 is
configured to reduce the quantity of data associated with the
digitized analog input signal.

For example, the sensor 302 can provide a continuous
analog signal to the analog-to-digital converter 320. The
analog-to-digital converter 320 outputs a digital data stream
having a relatively high data rate. For example, in one
embodiment, the analog-to-digital converter 320 provides a
digital signal at 48 kHz. The decimation module 322
receives the high data rate data, and can reduce the data rate
to a lower level. For example, in one embodiment the
decimation module 322 reduces the data rate to 4 kHz or 2
kHz. Reducing the data rate advantageously reduces the
processing power of the physiological monitor, in certain
embodiments, as the high bandwidth data from the analog-
to-digital converter 320 may not be necessary or useful for
further respiratory processing. The decimation module 322
can also reduce and/or eliminate unwanted noise from the
digitized respiratory signal. A filtering module 324 provides
further signal filtering and/or cleaning, and a storage module
326 stores the filtered, digitized input respiration signal for
further processing.

A respiration processor 314 analyzes the digitized input
respiration signal to determine various physiological param-
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eters and/or conditions. For example, the respiration pro-
cessor 314 is configured to determine one or more of the
respiration rate of the patient, inspiration time, expiration
time, apnea events, breathing obstructions, choking, talking,
coughing, etc. The respiration processor 314 is further
configured to determine a confidence value, or quality value,
associated with each physiological parameter or condition
calculation. For example, for each sample of time for which
the respiration processor 314 calculates a patient’s respira-
tion rate, the respiration processor 314 will also determine a
confidence value (or quality value) associated with such
calculation. Both the calculated physiological parameter
value and the confidence associated with such calculation
are displayed on a display 316.

Displaying both calculated parameters and confidence
values advantageously helps a clinician to exercise her own
clinical judgment in evaluating the patient’s physiological
condition. For example, instead of merely showing “error”
or “no available signal” during physiological events that
affect respiration detection, the physiological monitor 304
can provide the clinician with its best estimation of the
physiological parameter while indicating that some other
event has occurred that impacts the monitor’s 304 confi-
dence in its own calculations.

In addition, as data passes through the monitor 304, the
monitor’s various processing modules can appropriately
process the data based upon the confidence level associated
with each data point. For example, if data is identified as
having a low confidence value, the monitor 304 can cause
that data to have less or no influence over a physiological
parameter calculation.

Identifying data quality can also advantageously allow the
monitor 304 to process a continuous stream of data. For
example, instead of stopping and starting data flow, or
skipping “bad data” samples, the monitor 304 can continu-
ously maintain and process the input data stream. This
feature can allow implementation of much more robust,
efficient, and less complex processing systems. For example,
a finite infinite response filter (FIR filter) (or other filter) can
break down, and large data portions may be lost, if it is used
to process discontinuous or otherwise erroneous data. Alter-
natively, providing a data confidence or quality flag allows
a processor employing an FIR filter to take further action
avoid such problems. For example, in one embodiment, a
low confidence or quality flag can cause a processor to
substitute a measured data point value with an interpolated
value falling between the two closest high confidence data
points surrounding the measured data point.

Respiration Processor

FIG. 4 illustrates one embodiment of a respiration pro-
cessor 314 compatible with any of the acoustic respiratory
monitoring systems described herein. The respiration pro-
cessor 314 includes a mixer 400, a front end processor 402,
and a back end processor 404.

The mixer 400 obtains high and low gain data from the
data collection processor 312. Because the high and low gain
channels of the acoustic sensor 302 can have known, fixed
values, the mixer 400 is able to determine when the high
gain channel 306 will clip. If data obtained from the high
gain channel 306 exceeds a clipping threshold, the mixer can
change the data input stream from the high gain channel to
the low gain channel 308. The mixer 400 effectively opti-
mizes, in certain embodiments, the two incoming data
signals to generate a working output signal for further
processing. In certain embodiments, the mixer 400 generates
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an optimized working output signal having a desired
dynamic range by avoiding use of clipped (e.g., pre-ampli-
fier saturated) data points.

Although not shown, a compression module can also be
provided as an output from the mixer. The compression
module can compress, down sample, and/or decimate the
working output signal to produce a reduced bit-rate acoustic
signal. The compression module can provide this reduced
bit-rate acoustic signal to a database for data storage or for
later analysis. In addition, the compression module can
transmit the reduced bit-rate acoustic signal over a network
to a remote device, such as a computer, cell phone, PDA, or
the like. Supplying a reduced bit-rate acoustic signal can
enable real time streaming of the acoustic signal over the
network.

Generating a Working Signal

One embodiment of a method 420 of generating a work-
ing output signal is illustrated in FIG. 5. The mixer 400 of
FIG. 4 is configured to execute the illustrated method 420.
At block 422, the method 420 obtains data samples from
high and low gain data channels. At block 424, the method
420 determines whether the high gain channel sample’s
amplitude exceeds a high gain clipping threshold. If not, the
method 420 proceeds to block 426.

At block 426, the method 420 selects the high gain
channel sample. At block 428, the method 420 sets a “valid”
flag to “on.” The “valid” flag is one form of confidence or
signal quality indicator, discussed above. Setting the “valid”
flag to “on” indicates that the associated data sample may be
a valid clinical data sample (for example, the measured
value did not exceed a predetermined signal clipping thresh-
old). The method 420 proceeds to block 430, where the
method 420 stores both the selected sample and the flag
values. The method 420 returns to block 422, where the next
pair of samples is obtained from the high and low gain
channels.

If at block 424 the method 420 determines that the high
gain channel sample amplitude exceeds a high gain clipping
threshold, the method 420 proceeds to block 432. At block
432, the method 420 selects the low gain channel sample. At
block 434, the method 420 determines whether the low gain
channel sample exceeds a low gain clipping threshold. If
not, the method 420 proceeds to block 428, as described
above.

If the method 420 determines that the low gain channel
sample amplitude does exceed a low gain clipping threshold,
the method proceeds to block 436. At block 436, the method
420 sets the “valid” flag “to “off.” Setting the “valid” flag to
“off” indicates that the data sample may not be a valid
clinical data sample. The method 420 then proceeds to block
430, as described above. The stored values (referred to as the
“working” and “valid” signals in FIGS. 6-8) are further
processed by a front end processor of a respiration processor,
for example, as described below.

Front End Processor

FIG. 6 illustrates one embodiment of the front end pro-
cessor 402 of FIG. 4. The front end processor 402 includes
an envelope processor 450 and an exceptions processor 452.
The envelope processor 450 includes a time domain pro-
cessor 454 and a frequency domain processor 456. The
exceptions processor includes a spectral envelope processor
458, a probe-off processor 460, and an interference proces-
sor 462.

The envelope processor 450 receives the working and
valid signals from the mixer 400, discussed above. The
envelope processor 450 processes these signals to generate
a time domain envelope signal, a time domain valid signal,

15

20

25

40

45

55

60

65

10

a noise floor, a frequency domain envelope signal, and a
frequency domain valid signal. The exceptions processor
452 receives the working signal from the mixer 400 and the
noise floor signal from the envelope processor 450 to
generate a spectral envelope signal, a probe-off signal, and
an interference signal. The time domain processor 454 and
frequency domain processor 458 are described in further
detail with respect to FIGS. 7 and 8, below.

By analyzing a working signal in both the time and
frequency domains, in certain embodiments, the acoustic
respiratory monitoring system 300 provides substantial,
clinically significant advantages. To improve accuracy, the
acoustic respiratory monitoring system 300 can seek to
remove noise content from measured or sensed acoustic
signals. However, noise can arise from multiple sources, and
simple, single stage, or single engine processing techniques
often provide inadequate results. For example, some noise
occurs as a spike in signal amplitude. A slamming door,
cough, or alarm could result in noise spike in an acoustic
sensor’s signal amplitude.

Other noise occurs in a more continuous nature. Such
noise may not cause the sensor signal to spike in amplitude.
For example, the low-frequency humming of a motor, light
ballast, speech, or other vibration, could result in such
continuous, relatively constant frequency noise signals. A
time domain processor can be configured to effectively and
efficiently remove amplitude-related noise content, while a
frequency domain processor can be configured to effectively
and efficiently remove frequency-related noise content.
Employing both time and frequency processors can yield
even further improved results.

In one embodiment, the spectral envelope processor 458
generates a spectrogram of the working signal. For example,
each data point in the spectrogram signal can correspond to
the highest frequency present in the working signal at that
data point. Each data point in the working signal can
correspond to the amplitude of the signal measured by the
sensor 302 at a particular point in time. The spectral enve-
lope provides the highest frequency present in the working
signal at the same particular point in time.

The probe-off processor 460 determines whether the
acoustic sensor 302 is properly attached to a measurement
site on a patient. For example, if the working signal ampli-
tude is below a certain threshold, the probe-off processor
460 determines that the acoustic sensor 302 is not properly
attached to the patient’s skin.

The interference processor 462 indicates whether an inter-
ference event has occurred. For example, the interference
processor 462 indicates whether a noise event or disruption
has been detected. Such events include can be identified, for
example, when a loud instrument or device (e.g., a pump,
generator, fan, ringing telephone, overhead page, television
set, radio) has been turned-on or activated near the medical
patient and/or whether the patient herself has generated an
interfering, non-clinically relevant acoustical signal (e.g.,
sneezing, coughing, talking, humming, etc.).

Time Domain Processor

FIG. 7 illustrates one embodiment of a time domain
processor 454 compatible with the front end processor 402,
discussed above. The time domain processor 454 includes a
filter 482, a time domain envelope processor 484, and a
noise floor processor 486. The filter 482 receives working
and valid signals from the mixer 400, as discussed above.
The time domain envelope processor 484 receives filtered
working and valid signals from the filter 482. The time
domain envelope processor 484 generates a time domain
envelope signal 494 and a time domain valid signal 496
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based upon the filtered working and valid signals. The noise
floor processor 486 provides a noise floor signal 498 in
response to the filtered working signal received from the
filter 482.

The time domain processor 454 includes one or more
envelope generators. For example, the time domain proces-
sor 454 can include one or more of a demodulation and
decimation processor 488, a smoothing processor 490, and/
or any other envelope generator (e.g., a Hilbert transforma-
tion processor, a power method envelope processor, etc.).
The envelope processor 484 can also include a median filter
492. In one embodiment, the demodulation and decimation
processor 488 includes the median filter 492.

In one embodiment, the demodulation and decimation
processor 488 squares the input data, multiplies it by a factor
of two, sends it through a filter (such as a low pass filter, a
finite impulse response (FIR) filter, or an infinite impulse
response (IIR) filter), buffers the output, provides the buff-
ered output to a median filter 492, and then takes the square
root, to derive an envelope signal. The median filter 492
picks out only the middle value of sorted, buffered data. For
example, the median filter 492 first sorts the data and then
selects the middle value. In one embodiment, the demodu-
lation and decimation processor 488 buffers seven data
points (or some other number of points) that are output from
an FIR filter (as discussed above). The median filter 492
sorts the data (either high to low, or low to high), and then
selects the value of the fourth data point (e.g., the middle of
the seven data points) as its output value.

As subsequent data is analyzed by the demodulation and
decimation processor 488, the buffered data is shifted by one
sample, and the median filter 492 again selects the middle
value of the sorted, buffered data. The median filter 492 is
sometimes referred to as a running median filter.

The smoothing processor 490 employs another technique
to derive a time domain envelope signal. For example, in one
embodiment, the smoothing processor 490 processes buff-
ered input data by determining a standard deviation, multi-
plying the output by three, squaring the output, and then
sending the squared output to a filter, such as a low pass
filter, FIR filter, or IIR filter.

The noise floor processor 486 determines the noise floor
of its input signal. For example, the noise floor processor
486 can be configured to select a value below which or
above which the input signal will be considered to be merely
noise, or to have a substantial noise content.

Frequency Domain Processor

FIG. 8 illustrates one embodiment of a frequency domain
processor 456 compatible with the front end processor 402,
discussed above. The frequency domain processor includes
a frequency domain envelope processor 500, which includes
a median filter 502. The frequency domain processor 456
receives working and valid signals from the mixer 400, as
described above, and generates a frequency domain enve-
lope and frequency domain valid signals based on the
working and valid signals.

In one embodiment, the frequency domain envelope pro-
cessor 500 transforms the working signal into the frequency
domain by utilizing a Fourier transform (e.g., fast Fourier
transform (FFT), discrete Fourier transform (DFT), etc.).
The frequency domain processor 456 can then identify an
envelope of the output of the Fourier transform. For
example, the frequency domain processor 456 can square an
absolute value of the Fourier transform output. In some
embodiments, the frequency domain processor 456 further
processes the output with sub matrix, mean, log, and gain
operations. Additionally, in some embodiments, the output is
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buffered and provided to a median filter 502, which can
operate under the same principles as the median filter 492
described above with respect to FIG. 7. The output of the
median filter 502 can be provided as a frequency domain
envelope signal 504.

Although not shown, in certain embodiments, the fre-
quency domain processor 456 can also calculate spectral
information, such as a power spectrum, spectral density,
power spectral density, or the like. In one embodiment, the
spectral information X can be calculated as follows:

X=20 log(FFT(x)) M

where x in equation (1) represents the working signal input
to the envelope processor 450 (or a processed form of the
working signal). The spectral information can be calculated
for each block or frame of samples received by the envelope
processor 450. The spectral information can be calculated
using other techniques than those described herein. For
example, the log(FFT(x)) may be multiplied by 10 instead of
20, or the power spectral density may be calculated from the
Fourier transform of the autocorrelation of the input signal,
or the like.

The spectral information from multiple blocks or frames
of samples can be combined to form a representation of
changes in the spectral information over time. If this com-
bined spectral information were output on a display, the
combined spectral information could be considered a spec-
trogram, a waterfall diagram, or the like. An example of such
a spectrogram is described below with respect to FIG. 13B.
Back End Processor

FIG. 9 illustrates a more detailed embodiment of the back
end processor 404 described above with respect to FIG. 4.
The back end processor 404 can be implemented in hard-
ware and/or software. Advantageously, in certain embodi-
ments, the back end processor 404 calculates respiratory rate
in the time domain and in the frequency domain. The back
end processor 404 can use various arbitration techniques to
select and/or to combine the respiratory rate values obtained
from the time and frequency domains.

In the depicted embodiment, the back end processor 404
receives a time domain (TD) envelope, a time domain (TD)
valid signal, a frequency domain (FD) envelope, a frequency
domain (FD) valid signal, a spectral envelope, noise floor
information, and interference information. These inputs can
be generated using any of the systems and processes
described above. Not all of these inputs need be used or
received by the back end processor 404 in certain imple-
mentations.

The back end processor 404 includes a time domain
respiratory rate (ITD RR) processor 910, the frequency
domain respiratory rate (FD RR) processor 920, and an
arbitrator 930. The TD RR processor 910 can use time
domain techniques to derive respiratory rate values from
various ones of the inputs received by the back end proces-
sor 404. The TD RR processor 910 can also calculate
confidence values reflecting confidence in the calculated
respiratory rate values. The FD RR processor 920 can use
frequency domain techniques to derive respiratory rate val-
ues from various ones of the inputs received by the back end
processor 404. The FD RR processor 920 can also calculate
confidence values reflecting confidence in the calculated
respiratory rate values. In some embodiments, only time
domain techniques or only frequency domain techniques are
used by the back end processor 404 to calculate respiratory
rate.

The TD RR processor 910 and the FD RR processor 920
can provide respiratory rate outputs and confidence values to
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the arbitrator 930. In certain embodiments, the arbitrator 930
can evaluate the time domain and frequency domain respi-
ratory rate calculations as well as the confidence values to
select a respiratory rate value to output. Based on the
confidence calculations, the arbitrator 930 can output the
respiratory rate values derived from the time domain or from
the frequency domain. The arbitrator 930 can also combine
the respiratory rate values derived from the different
domains, for example, by averaging the values together.

For ease of illustration, this specification describes the
respiration processor 314 as having time domain and fre-
quency domain processors or engines. However, in other
embodiments, the respiration processor 314 can include only
a time domain engine, only a frequency domain engine, or
additional engines in combination with either of the time
domain and frequency domain engines or with both. The
arbitrator 930 can calculate an overall respiratory rate based
on the outputs of any of the engines, including a combina-
tion of the engines. The arbitrator 930 can weight, select, or
otherwise choose outputs from the different engines. The
weightings for each engine can be learned and adapted (e.g.,
using an adaptive algorithm) over time. Other configurations
are possible.

One example of an additional engine that can calculate
respiratory rate is a wavelet-based engine, which can be used
to perform both time and frequency domain analysis. In one
embodiment, the respiration processor 314 includes the
wavelet analysis features described in U.S. application Ser.
No. 11/547,570, filed Jun. 19, 2007, titled “Non-invasive
Monitoring of Respiratory Rate, Heart Rate and Apnea,” the
disclosure of which is hereby incorporated by reference in
its entirety.

Another example of an engine that can be used to calcu-
late respiratory rate is an engine based on a Kalman filter.
The Kalman filter can be used to predict a state of a system,
such as the human body, based on state variables. The state
of the human body system can depend on certain state
parameters, such as hemodynamic parameters (e.g., heart
rate, oxygen saturation, respiratory rate, blood pressure, and
the like). A Kalman filter model can be developed that
interrelates these parameters. As part of this model, one or
more measurement equations can be established for mea-
suring the various state parameters, including respiratory
rate.

The arbitrator 930 can also calculate a freshness or
relevance of the respiratory rate measurement. In some
situations, the confidence output by the arbitrator 930 may
be low, and the corresponding respiratory rate output value
may be invalid or corrupted. One option when this happens
is to discard the invalid or low quality respiratory rate value
and not display a new respiratory rate measurement until a
valid or higher quality value is obtained. However, not
displaying a respiratory rate value (or showing zero) can
confuse a clinician if the patient is still breathing. Likewise,
cycling between zero and a valid respiratory rate value can
be annoying or confusing for a clinician.

Thus, instead of displaying no (or zero) value in low
quality signal conditions, the arbitrator 930 can continue to
output the previous respiratory rate measurement for a
certain amount of time. The arbitrator 930 can include a
counter, timer, or the like that increments as soon as a low
or invalid signal condition is detected. When the arbitrator
930 determines that a certain amount of time has elapsed, the
arbitrator 930 can output a zero or no respiratory rate value.
Conversely, if while the arbitrator 930 is incrementing the
counter a valid or higher quality respiratory rate measure-
ment is produced, the arbitrator 930 can reset the counter.
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The amount of time elapsed before the arbitrator 930
outputs a zero or no respiratory rate value can be uset-
configurable. The arbitrator 930 can output the elapsed time
that the respiratory rate measurement has had low or no
confidence. The arbitrator 930 could also (or instead) output
an indicator, such as a light, changing bar, number, an
audible alarm, and/or the like that is output when the
arbitrator 930 is incrementing the counter. The indicator can
be deactivated once valid or higher confidence respiratory
rate values are calculated.

Time Domain RR Calculation

FIG. 10 illustrates an embodiment of a time domain
respiratory rate (TD RR) processor 1000. The TD RR
processor 1000 is an example implementation of the TD RR
processor 910 of FIG. 9.

By way of overview, the TD RR processor 1000 can
determine respiratory rate by identifying energy in the time
domain that has possible meaning. Meaningful energy can
include peaks in the TD envelope that correspond to inspi-
ration and/or expiration. The TD RR processor 1000 can
disqualify energy that does not have meaning, including
energy due to noise (e.g., coughing, sneezing, talking, chew-
ing, ambient noise from the environment, etc.). From the
energy that has meaning, the TD RR processor 1000 can
calculate respiratory rate. Moreover, the TD RR processor
1000 can calculate one or more confidence values reflecting
confidence in the calculated respiratory rate.

In the depicted embodiment, the TD RR processor 1000
includes a variable filtering module 1010, an automatic
tagging module 1020, and an RR estimation module 1030.
Each of these modules can be implemented in hardware
and/or software. Each of these modules can operate on
blocks or frames of samples in certain implementations (see,
e.g., FIG. 16C).

The variable filtering module 1010 receives a TD enve-
lope, such as the TD envelope described above. The variable
filtering module 1010 can apply one or more filters to the TD
envelope to smooth the TD envelope. The one or more filters
can include a low pass filter. Smoothing the TD envelope can
reduce noise in the TD envelope. In certain embodiments,
the variable filtering module 1010 can change the cutoff
frequency or frequencies of the one or more filters based at
least in part on previously calculated RR values. Using a
previously calculated respiratory rate value to determine a
cut off frequency of a smoothing filter can reduce errors that
can occur from over-smoothing or under-smoothing the TD
envelope. Over smoothing can occur if the new respiratory
rate value is relatively high for a given lower cutoff fre-
quency, and under smoothing can occur if the new respira-
tory rate value is relatively low for a given higher cutoff
frequency.

In the depicted embodiment, the variable filtering module
1010 receives a previous respiratory rate value (RR_old)
from the RR estimation module 1030 via a delay block 1040.
In one embodiment, if the previous respiratory rate value is
above a certain threshold, the cutoff frequency for the
smoothing filter is increased to a certain value. If the
previous respiratory rate value is below a certain rate, then
the cutoff frequency for the smoothing filter can be
decreased to a certain value. The cut off frequency can also
be adjusted on a sliding scale corresponding to the previous
respiratory rate value. In one embodiment, the cut off
frequency can range from about 1 Hz to about 3 Hz. This
range can be varied considerably in certain embodiments.

The variable filtering module 1010 can also create a
difference envelope by subtracting the TD envelope from the
filtered envelope (or vice versa). The difference envelope
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can be used in glitch detection and reduction, as will be
described in greater detail below. The variable filtering
module 1010 can provide the filtered and difference enve-
lopes to the automatic tagging module 1020.

In certain embodiments, the automatic tagging module
1020 identifies peaks in the filtered TD envelope that cor-
respond to inspiration and/or expiration. Each peak can be
referred to as a tag. The automatic tagging module 1020 can
determine confidence and the identified tags based at least in
part on a received TD and/or FD valid signal, a spectral
envelope signal, and/or a noise floor signal. These signals
and values are described in part above with respect to FIGS.
3 through 8.

The automatic tagging module 1020 can output the tags
and confidence values corresponding to the tags to the RR
estimation module 1030. The RR estimation module 1030
can estimate respiratory rate from the identified tags. For
example, the RR estimation module 1030 can calculate time
periods between pairs of tags within a given processing
frame to derive a respiratory rate value for each pair of tags.
In one embodiment, the RR estimation module 1030 calcu-
lates respiratory rate for every first and third peak so as to
calculate respiration from inspiration to inspiration peak
and/or from expiration to expiration peak. The respiratory
rate value can be derived by multiplying the reciprocal of the
time period between two peaks by 60 (seconds per minute)
to achieve breaths per minute. The RR estimation module
1030 can average the respiratory rate values from the
various tag pairs within the processing frame. This average
can be a weighted average (see FIGS. 11B through 11D).
The RR estimation module 1030 can also calculate a con-
fidence value for the processing frame based at least in part
on the received tags confidence value for each tag or pair of
tags.

FIG. 11A illustrates a more detailed embodiment of an
automatic tagging module 1100. The automatic tagging
module 1100 is an example implementation of the automatic
tagging module 1020 of the TD RR processor 1000. As
described above, the automatic tagging module 1100 can be
used to identify peaks of energy in the filtered TD envelope.

The automatic tagging module 1100 includes a tag detec-
tion module 1110, a glitch removal module 1120, a tags
rejection module 1130, and a tags confidence estimation
module 1140. Each of these modules can be implemented in
hardware and/or software. Bach of these modules operate on
blocks or frames of samples in certain implementations.

The tag detection module 1110 receives the filtered (TD)
envelope, a valid signal, and the noise floor signal. The tag
detection module 1110 can make a preliminary detection of
peaks and/or valleys in the filtered envelope. The tag detec-
tion module 1110 can use the noise floor signal to determine
which peaks are above the noise floor. The tag detection
module 1110 can include an adaptive threshold, for instance,
for estimating which peaks should be considered tags based
at least in part on the noise floor level. Thus, peaks occurring
below the noise floor may not be considered to be tags that
represent inspiration or expiration. In addition, the tag
detection module 1110 can have an upper threshold based at
least in part on a root mean square (RMS) value of the
filtered envelope. Peaks above the upper threshold may not
be considered to be tags because they may be due to noise
such as talking or the like.

The tag detection module 1110 can output preliminary
tags (referred to as tags_1 in the FIGURE) to the glitch
removal module 1120. The glitch removal module 1120 can
compare the identified tags with the difference envelope
described above with respect to FIG. 10. This comparison
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can yield an identification of spikes or other peaks in the
identified tags that can correspond to noise or other glitches.
The glitch removal module 1120 can filter out, remove, or
reduce the amplitude of tags that correspond to glitches or
noise. The glitch removal module 1120 therefore outputs
new tags (referred to as tags_2 in the FIGURE) with the
glitches removed or reduced.

The glitch removal module 1120 can provide the tags to
the tags rejection module 1130. The tags rejection module
1130 can use any of a variety of techniques to remove tags
that possibly do not correspond to inspiration or expiration
sounds of a patient. For instance, the tags rejection module
1130 could reject a tag if it is too close to another tag. Tags
that are too close together could result in a respiratory rate
that is too high and therefore not physiologically possible. In
certain embodiments, the smaller of the two peaks is
rejected, although this may not always be the case. The
closeness constraint could be relaxed or not used entirely for
certain patients, such as neonates, who may have a higher
respiratory rate.

Another technique that could be used by the tags rejection
module 1130 is to find peaks that are related. Peaks that are
related can include peaks that do not have a clear separation
from one another. For example, a valley separating two
peaks could be relatively shallow compared to valleys
surrounding the peaks. In certain embodiments, if the valley
between the peaks falls below half the amplitude of one or
both of the peaks, the peaks could be considered to be
separate peaks or tags. Otherwise, the peaks could be
considered to be one tag (e.g., corresponding to two intakes
or exhales of air in rapid succession).

The tags rejection module 1130 could also analyze tags
that appear at the beginning and/or end of a block of samples
or frame. The tags rejection module 1130 could select to
reject one of these first or last peaks based at least in part on
how much of the peak is included in the frame. For instance,
apeak that is sloping downward toward the beginning or end
of the frame could be considered a tag for that frame;
otherwise, the tag might be rejected.

Another technique that can be used by the tags rejection
module 1130 is to identify and remove isolated peaks. Since
breathing sounds tend to include an inspiration peak fol-
lowed by an expiration peak, an isolated peak might not
refer to a breathing sound. Therefore, the tags rejection
module 1130 could remove any such peaks. The tags rejec-
tion module 1130 could also remove narrow peaks, which
may not realistically correspond to a breathing sound.

Moreover, in certain embodiments, the tags rejection
module 1130 can perform parametric rejection of peaks. The
tags rejection module 1130 can, for example, determine
statistical parameters related to the peaks within a block or
frame, such as standard deviation, mean, variance, peaks
duration, peak amplitude, and so forth. If the standard
deviation or mean the value of the peak or peaks is much
different from that of the previous block or frame, one or
more of the peaks may be rejected from that block. Simi-
larly, if the duration and/or amplitude of the peaks differ
substantially from the duration and/or amplitude of peaks in
a previous block or frame, those peaks might also be
rejected.

The tags rejection module 1130 can provide the refined
tags (referred to as tags_3 in the FIGURE) to the tags
confidence estimation module 1140. The confidence estima-
tion module 1140 can also receive the spectral envelope
calculated above and the noise floor signal. The confidence
estimation module 1140 can use a combination of the tags,
the spectral envelope, and/or the noise floor to determine a
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confidence value or values in the tags. The confidence
estimation module 1140 can output the tags and the confi-
dence value.

In certain embodiments, the confidence estimation mod-
ule 1140 can determine confidence in the tags received from
the tags rejection module 1130. The confidence estimation
module 1140 can use one or more different techniques to
determine confidence in the tags. For instance, a confidence
estimation module 1140 can analyze power or energy of the
tags in the time domain. The confidence estimation module
1140 can also analyze the distribution of frequency compo-
nents corresponding to the tags in the frequency domain.
The confidence estimation module 1140 can use either of
these two techniques or both together.

FIGS. 11B through 11D illustrate example time domain
waveforms 1151, 1152, 1153 that can be analyzed by the
time domain respiratory rate processor described above. As
described above, the RR estimation module 1030 can cal-
culate an average or weighted average of individual respi-
ratory rate values for pairs of tags within a processing frame.
The time domain waveforms 1151, 1152, 1153 illustrate an
embodiment of a technique for computing a weighted aver-
age. Further, the time domain waveforms 1151, 1152, 1153
illustrate how an occurrence value or occurrence weighting
can be computed for each pair of tags. The occurrence value
can be used in an arbitration or decision logic process,
described below with respect to FIGS. 16 through 18.

As described above, respiratory rate can be calculated for
each first and third tag (e.g., inspiration peak to inspiration
peak or expiration peak to expiration peak). However, for
ease of illustration, time periods in FIGS. 11B and 11C are
calculated between successive peaks. FIG. 11D illustrates
how the features described with respect to FIGS. 11B and
11C can be extended to first and third peaks.

In the plot 1151 and 1152, peaks or tags 1154a, 11545,
1154¢, and 11544 are shown along a timeline. In the plot
1151, a time period 1170 between the first two peaks 1154a
and 11545 is 20 seconds. A time period 1172 between the
peaks 11545 and 1154¢ is 5 seconds, and a time period 1174
between peaks 1154¢ and 11544 is also 5 seconds. Two
processing windows (or frames) 1162, 1164 are shown.
Processing windows can be slid over time, causing older
peaks to fall out of the window and newer peaks to enter.
Thus, the second window 1164 occurs after the first window
1162.

If the RR estimation module 1030 were to compute a
respiratory rate value for each window 1162, 1164 using
simple averaging, the respiratory rate values for each win-
dow 1162, 1164 would differ substantially in this example.
The average period for the first window 1162 would be equal
to (20 seconds+5 seconds+5 seconds)/3, resulting in an
average 10 second period. The average respiratory rate value
for this window 1162 would then be Y10*60 seconds, or 6
breaths per minute (BPM). The average time period between
peaks for the second window 1164 is (5 seconds+5 seconds)/
2=5 seconds, resulting in an average respiratory rate of 12
BPM. This respiratory rate value is twice the respiratory rate
value calculated for the first time window 1162, resulting in
a significant jump or discontinuity between respiratory rate
values. This jump results from the respiratory rate value
from the oldest tag 1154a being dropped from the second
window 1164.

To reduce or prevent these jumps in average respiratory
rate values between windows, a weighted average can be
computed instead of a simple average. This weighted aver-
age is illustrated in the plot 1152 of FIG. 11C. In the plot
1152, an approach for counting the most recently-dropped
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peak 1154a from the second window 1164 is shown. The
period between the most-recently dropped peak 1154a and
the next peak 11545 in the second window 1164 is denoted
as v. A partial period V' is also shown. This partial period v'
denotes the period between the start of the current window
1164 and the center (or some other feature) of the first peak
11545 in the current window 1164. A weight can be assigned
to the contribution of the period v to the window 1164 by the
ratio v'/v. Thus, if the peak 1154a were within the window
1164, the ratio v'/v would be 1. If the period v extended
halfway out of the window 1164, the ratio v'/v would be 0.5.
The farther out of the window the most recently-dropped
peak 1154a is, the less weight or contribution this peak may
have 1o the average respiration calculated for the window
1164.

The weights for pairs of peaks remaining in the window
1164 can simply be 1. Thus, the average respiratory rate in
BPM for a window can be computed as follows:

where n represents the number of tag pairs in the window,
T, represents the time period of the ith tag pair, and v,
represents the ith weight, which may be 1 for all weights
except v,, which is equal to v'/v.

In the plot 1153 of FIG. 11D, the features of FIGS. 11B
and 11C are extended to detecting respiratory rates between
first and third peaks. Peaks shown include peaks 1184a,
11845, 1184¢, and 1184d. The peaks 1184a and 11845 can
correspond to inspiration and expiration, respectively. Simi-
larly, the peaks 1184¢ and 11844 can correspond to inspi-
ration and expiration as well. Instead of calculating respi-
ratory rate for successive peaks, respiratory rate can be
calculated for alternating (e.g., first and third). Thus, respi-
ratory rate can be calculated between the inspiration peaks
1184a and 1184c¢ and again between the expiration peaks
11845 and 1184d. Accordingly, a first time period 1192
between the inspiration peaks 1184a and 1184c¢, represented
as v, and a second time period 1194 between the expiration
peaks 11845 and 11844, represented as v,, can be calculated.

A processing window 1166 is shown. This window 1166
does not include the two initial peaks 1184a and 11845.
Partial periods v," and v,' can be calculated as shown. The
partial period v,' can be calculated as the time difference
between the start of the window 1166 and a feature of the
next alternate peak (1184¢). Similarly, the partial period v,'
can be calculated as the time difference between the start of
the window 1166 and a feature of the next alternate peak
(11844). The weights of contributions of the periods from
the earlier peaks 11844 and 11845 can therefore be v,'/v, and
v,'/v,, respectively.

Generally, weight v'/v can also be referred to as an
occurrence value, reflecting an amount of occurrence that a
particular peak has on a processing window. In one embodi-
ment, the time domain respiratory processor 1000 can output
an occurrence value for each tag in a processing window.
The use of the occurrence value is described below with
respect to FIGS. 16B through 18.

The time domain power analysis technique can be
described in the context of FIG. 12, which illustrates an
example time domain plot 1200. The plot 1200 illustrates a
wave form 1202, which represents a tag. The tag waveform
1202 is plotted as energy or magnitude with respect to time.
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Confidence values ranging from 0% confidence 100% con-
fidence are also indicated on the y-axis.

The noise floor signal received by the confidence estima-
tion module 1140 is plotted as the line 1210. The line 1210
is a simplified representation of the noise floor. Other lines
1212, 1214, and 1216 are drawn on the plot 1200 to
represent different regions 1220, 1222, and 1224 of the plot
1200. A peak 1204 of the tag 1202 falls within the region
1222. In the depicted embodiment, tags having peaks falling
within this region 1222 are assigned 100% confidence.

If the peak 1204 were in the region 1220, the confidence
assigned would be less than 100%. The confidence can drop
off linearly, for example, from the line 1212 to the line 1210.
Confidence can decrease as the peak is smaller because the
peak would be close to the noise floor 1210. Peaks falling
below the noise floor 1210 can be assigned 0% confidence.

Likewise, peaks that exceed a threshold represented by
the line 1216 can also have zero confidence. These large
peaks are more likely to represent talking or other noise,
rather than respiration, and can therefore be assigned low
confidence. From the line 1214 representing the end of the
100% confidence region, confidence can linearly decrease as
peak amplitude increases to the line 1216.

The threshold represented by the lines 1210, 1212, 1214,
and 1216 can be changed dynamically. For instance, the
thresholds represented by the lines 1210 and 1212 can be
changed based on a changing noise floor. In certain embodi-
ments, however, the upper thresholds represented by the
lines 1214, 1216 are not changed.

It should be understood, in certain embodiments, that the
plot 1200 need not be generated to determine confidence in
the respiratory rate values. Rather, the plot 1200 is illustrated
herein to depict how one or more dynamic thresholds can be
used in the time domain to determine respiratory rate
confidence.

As mentioned above, the confidence estimation module
1140 can also analyze the distribution of frequency compo-
nents corresponding to the tags in the frequency domain.
The confidence estimation module 1140 can analyze the
frequency components using the spectral envelope described
above. A spectrogram can be plotted to illustrate how
confidence can be calculated from the spectral envelope, as
shown in FIG. 13.

FIG. 13A illustrates an example spectrogram 1300 that
can be used by the confidence estimation module 1140 to
determine respiratory rate confidence. The spectrogram
1300 can include a spectral envelope 1302 corresponding to
the same frame or block of samples used to analyze confi-
dence of the tags described above. The spectral envelope
1302 is plotted as peak frequency with respect to time. Thus,
for each moment in time, the maximum frequency of the
acoustic signal is plotted. Confidence values are also indi-
cated on the y-axis.

In certain embodiments, respiration sounds can approxi-
mately correspond to white noise. However, respiration
sounds are generally distributed in the frequency range of
about 0 Hz to about 2 kHz. More particularly, in certain
embodiments, respiration sounds can be distributed in the
frequency range of about 200 Hz to about 1.2 kHz. Below
about 200 Hz, sounds are usually hard sounds. Above about
1.2 kHz, sounds include moans, size, speech (speech also
has lower frequency components), and the like.

Thus, in a first region 1322 (denoted by lines 1312 and
1314), 100% confidence is assigned if a peak falls within
this region 1322. Peaks falling outside of this region 1322
can have a confidence that drops off linearly to 0% confi-
dence, as shown in the FIGURE.
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In certain embodiments, this confidence value determined
from the spectrogram 1300 can be further refined by the
density of the spectrogram at each peak. If a peak at a given
point in time represents narrowband or periodic noise (e.g.,
a pure tone), it may have been derived from a spectrum
having fewer frequency components than a respiration spec-
trum. The frequency spectrum corresponding to the time
where the peak occurs can therefore be considered to be less
dense. In contrast, if a peak at a given point in time comes
from a broader spectrum, that peak can be considered to be
denser. Spectral density is schematically represented by line
1330, with more tick marks on the line representing greater
density.

If the density is low, the peak can likely represent nar-
rowband noise or periodic noise. An example of narrowband
noise can include an alarm from a medical instrument.
Examples of periodic noise can come from medical instru-
mentation that emits periodic noise, such as CPAP machine
cycles, noise from motors, and the like. Periodic noise can
also result from speech, closing doors, motor vehicles (e.g.,
in the hospital parking lot), and the like. If the density is
higher, the peak more likely represents a respiration sound
because respiration can be relatively more broadband than
narrowband or periodic noise. As a relatively broadband
signal, respiration can include more spectral components
than a narrowband signal. Thus, respiration signals can be
more spectrally dense than narrowband noise signals.

In fact, in some instances, respiration can resemble white
noise over a certain bandwidth. Somewhat paradoxically, the
broadband sound (respiration) is the signal that is to be
detected, rather than the narrowband/periodic sound, which
can be the noise. This detection problem contrasts with
typical detection problems where a narrowband signal of
interest is to be detected from broadband noise.

Thus, in certain embodiments, the calculated density of
spectral information corresponding to a time when a peak
can be used at least in part to determine confidence values.
In brief, the denser a signal is, the more confident the
respiration processor can be that the signal contains respi-
ration. Conversely, the less dense the signal, the less confi-
dent the respiration processor can be that the signal includes
respiration. More detailed features for computing and ana-
lyzing spectral density are described below with respect to
FIGS. 13B through 13D.

Referring again to FIG. 11A, the confidence estimation
module 1140 can combine the confidence values derived
from the TD and FD techniques described above. Advanta-
geously, in certain embodiments, using these different tech-
niques increases the accuracy of the confidence calculation.
For example, the confidence estimation module 1140 can
average the confidence values derived from both techniques
to produce confidence values for each tag in a frame or
block. Moreover, the confidence estimation module 1140
can look at the statistical distribution of shapes of peaks, for
example, by determining if tags are similar, to further
increase or decrease the calculated confidences in a frame or
block.

FIG. 13B illustrates a more detailed embodiment of the
confidence estimation module 1140, namely the confidence
estimation module 1340. In the depicted embodiment, the
confidence estimation module 1340 includes a density cal-
culator 1382, a matched filter 1384, and a decision/confi-
dence block 1386. In one embodiment, these components
1382, 1384, 1386 include hardware and/or software.
Another view of these components is that the blocks 1382,
1384, 1386 represent algorithm or process flow states that
can be implemented by hardware and/or software. Advan-
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tageously, in certain embodiments, the confidence estima-
tion module 1340 can use spectral density, spectral enve-
lope, and other features described above to compute
confidence in a respiratory measurement. Moreover, as will
be described in greater detail below, the confidence estima-
tion module 1340 can use these features to detect respiratory
pauses and other respiratory events, such as apnea, hypo-
pnea, and the like.

In the depicted embodiment, spectral information is pro-
vided to the density calculator 1382. This spectral informa-
tion was described above with respect to FIG. 8 as being
calculated by the FD envelope processor 500. In certain
embodiments, the spectral information can include the
power spectrum of the working time domain signal (e.g., the
signal received by the FD envelope processor 500). Advan-
tageously, in certain embodiments, the density calculator
1382 computes spectral density from the spectral informa-
tion. As described above with respect to FIG. 13, higher
spectral density can be more representative of respiration,
while lower spectral density can be more representative of
narrowband and/or periodic noise.

Spectral density as calculated by the density calculator
1382 can be further understood in the context of example
waveforms 1319 depicted in FIG. 13C. In FIG. 13C, these
waveforms 1319 include a spectrogram 1317 of the spectral
information and a graph 1321 of spectral peaks plotted over
time (a one-dimensional spectrogram 1360) and spectral
density 1370 plotted over time, among other features. The
waveforms 1319 shown are used herein to facilitate a
description of spectral density calculations, among other
features. The waveforms shown 1319 may or may not be
output on a patient monitor in various embodiments.

The spectrogram 1317 is plotted with respect to frequency
over time. At each slice in time (represented on the “x” axis),
a magnitude frequency response is plotted (represented on
the “y” axis). This magnitude frequency response can be
obtained, as described above, from an FFT performed on a
block or frame of input samples. In the depicted example
spectrogram 1317, the magnitude of a particular frequency
is illustrated by the brightness or intensity of the points (e.g.,
pixels) in the spectrogram. Thus, brighter points tend to
represent higher frequency magnitudes while dimmer pixels
tend to represent lower frequency magnitudes.

The spectrogram 1317 differs from the spectrogram 1300
shown in FIG. 13A in that the spectrogram 1317 shows all
(or substantially all) frequencies of the spectral information
over time, whereas the spectrogram 1300 shows the peak
frequency of the spectral information over time. For com-
parison, the spectrogram 1360 (referred to herein as a
one-dimensional spectrogram, in contrast with the multi-
dimensional spectrogram 1317) shown in the graph 1321 is
an example implementation of the spectrogram 1300 of FIG.
13.

Some features of the spectrogram 1317 include respira-
tion portions 1330, speech portions 1340, narrowband por-
tions 1342, and ambient noise portions 1350. The respiration
portions 1330 in the depicted embodiment extend through
most of all of the frequency spectrum (e.g., at a given point
in time), illustrating how respiration can be broadband
sound. In the depicted embodiment, the energy of the
respiration portions 1330 is greatest in the lower frequencies
(e.g., below about 1 kHz), although this may not always be
the case. Because respiration energy can sometimes be
greatest in the lower frequencies, the confidence estimation
module 1340 of FIG. 13B can consider signals having
greater energy in the lower frequencies to more likely be
respiration. The confidence estimation module 1340 can use
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this information about the frequency locations of signal
energy as an input to a confidence calculation.

The speech portions 1340 of the example spectrogram
1317 reflect an example pattern of speech. As speech can
include periodic or narrowband signals, narrowband por-
tions 1342 are illustrated in the speech portion 1340. These
narrowband portions 1342 appear as striations on the spec-
trogram 1317. At any one slice in time, the frequency
response at the speech portions 1340 of the spectrogram
1317 are less dense than the example respiration portions
1330. The confidence estimation module 1340 of FIG. 13B
can use this density information to distinguish between
respiration and speech, as well as other noise signals.

The ambient noise portions 1350 reflect low-level back-
ground noise from the environment (e.g., the environment
around a patient). For example, the ambient noise can
include white noise. Because this ambient noise has signal
energy, it can adversely affect a density calculation by
inflating the calculated density. Thus, in certain embodi-
ments, the density calculator 1382 of FIG. 13B can advan-
tageously reduce the effect of the ambient noise 1350 on a
density calculation. For example, the density calculator 1382
can exclude the ambient noise from the density calculation.

An example process 1390 for calculating spectral density
that takes into account the ambient noise 1350 is illustrated
in FIG. 13D. The process 1390 can be implemented by the
density calculator 1382. Referring to FIG. 13D, the process
1390 receives the spectral information described above at
block 1391. At block 1392, a spectral bias is determined
based at least partly on the level of the ambient noise energy.
The spectral bias can be the level of the ambient noise
energy. The level of the ambient noise energy can be
calculated in a variety of ways. One approach for determin-
ing the ambient noise energy within a given time period is
to calculate the spectral centroid from the spectral informa-
tion. The spectral centroid can be calculated as a weighted
mean of the frequencies present in the spectral information,
with the magnitudes of the frequencies as the weights (see
FIGS. 13E through 13G).

Over time, the spectral bias can be smoothed or averaged,
for example, by applying a weighted average or the like. Any
smoothing filter can be used to average the spectral bias. For
example, a first-order IIR filter can be used to smooth the
spectral bias. In one embodiment, the ambient noise energy
is weighted such that the spectral bias decreases slowly but
increases quickly. By decreasing slowly, the spectral bias
can be used to exclude relatively louder ambient noises. By
increasing quickly, the spectral bias can be used to assist
with detection of shallow breathing signals.

At block 1393, the energy of each frequency bin in the
spectral information is determined. As mentioned above
with respect to FIG. 8, the spectral information can be
obtained from the FFT of the working acoustic signal. The
FFT can partition spectral information into a plurality of
frequency bins. The number and size of the bins can be
determined based on the sampling frequency and the number
of points used to compute the FFT. Thus, for example, for a
4 kHz sampling frequency and a 256 point FFT, the fre-
quency bin size can be about 15.625 Hz. The energy of each
frequency bin can be determined by determining the mag-
nitude or squared magnitude, for example, of the spectral
information in each bin. In some embodiments, the energy
of a subset of the bins, rather than each of the bins, is
calculated.

At decision block 1394, it is determine for each bin,
whether the energy of the bin is greater than the spectral
bias. If so, then a counter is incremented at block 1395.
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Otherwise, the counter is not incremented, and the process
1390 proceeds to decision block 1396. Incrementing the
counter for a bin can reflect that the bin is spectrally dense,
or in other words, that the bin should be counted toward the
spectral density calculation. Said another way, in certain
embodiments, when the energy of a bin exceeds the ambient
noise level of that bin, the bin is counted toward the spectral
density.

At decision block 1396, it is further determined whether
any additional bins remain to be processed. If so, the process
1390 loops back to block 1394. Otherwise, spectral density
is calculated at block 1397, for example, by dividing the
counter value by the total number of bins considered. In
effect, the process 1390 can therefore determine the ratio (or
percentage) of bins that have a spectral density above the
spectral bias.

The spectral density can be determined using other tech-
niques or algorithms. For example, spectral density can be
computed by summing the energy levels (obtained at block
1393) for the bins. Further, in some embodiments, this sum
can be divided by the total number of bins considered to
arrive at a mean energy value. This mean energy value can
be the spectral density. Many other techniques can be used
to calculate the spectral density, as will be apparent from this
disclosure.

Referring again to FIG. 13B, the density calculator 1382
can aggregate the spectral densities calculated for each block
or frame of samples to output density data over time. An
example of such density data is shown in the graph 1321 of
FIG. 13C. In the graph 1321, a density waveform 1370 is
shown, representing the calculated density over time. The
time scale in the graph 1321 corresponds to the time scale
used in the spectrogram 1317, for the same input acoustic
signal. Inspection of the graph 1321 indicates that for
periods of respiration 1330 shown in the spectrogram 1317,
the density waveform 1370 is higher in magnitude, while for
periods of speech 1340 and other noise, the density wave-
form 1370 is lower in magnitude.

Also shown in the graph 1321 is a one-dimensional
spectrogram 1360, which includes the features of the spec-
trogram 1300 described above with respect to FIG. 13. This
spectrogram 1360 includes the peak spectral value over time
(e.g., the peak in the spectrogram 1317). Superimposed on
the graph 1321 are markers 1362 representing tags detected
by the time domain algorithms described above. The tags
1362 can reflect the tags_3, for example, described above
with respect to FIG. 11A. A density threshold 1372 is also
shown, which will be described in greater detail below.

Referring again to FIG. 13B, the density calculator 1382
provides the density data (corresponding to the density
waveform 1370) to the matched filter 1384. The matched
filter 1384 is an example of a detector that can be used to
analyze the density data. Advantageously, in certain embodi-
ments, the matched filter 1384 attempts to match the density
data to a template or pattern to determine whether the
density data corresponds to respiration. In one embodiment,
a breath results in a sinusoidal-shaped pattern. The matched
filter 1384 can convolve a portion of the density data with a
sinusoidal-shaped pattern to determine whether the density
data matches the sinusoidal-shaped pattern. Pattern-match-
ing filters other than a matched filter can be used in other
implementations.

An example illustrating the pattern matching techniques
of the matched filter 1384 is shown in FIG. 13C. Referring
again to FIG. 13C, the graph 1321 depicts sinusoidal pat-
terns 1373 superimposed on portions 1371 of the density
waveform 1370. The portions 1371 of the density waveform
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1370 are shown as copies below the actual density wave-
form 1370 for illustration purposes. The density waveform
portions 1371 can be centered on the locations of the tag
indicators 1362 but need not be.

In the example embodiment shown, the density portions
1371 do not appear similar to the sinusoidal patterns 1373.
Thus, the output of the matched filter 1384 would be
relatively small, indicating that these density portions 1371
likely do not reflect the presence of respiration. This con-
clusion makes sense, given that the density portions 1371
analyzed fall within the breathing portion 1340 of the
spectrogram 1317. Conversely, if the density portions 1371
more closely matched the sinusoidal patterns 1373, the
output of the matched filter 1384 would be relatively larger,
reflecting the possible presence of respiration.

Referring again to FIG. 13B, the matched filter 1384 can
use other templates besides a purely sinusoidal template to
compare with the density data. For instance, the matched
filter 1384 can compare density data with a patients’ base-
line respiration density shape or template. An actual
patient’s baseline density shape (e.g., where the patient has
breathed normally previously) may not be exactly sinusoi-
dal. Thus, instead of using a sinusoid to detect breathing
shapes in the density data, the matched filter 1384 can
attempt to match the patient’s baseline template with the
density data.

The matched filter 1384 can initially detect the patient’s
baseline template using the sinusoidal template in one
embodiment. The matched filter 1384 can also adjust the
patient’s baseline template over time as the patient’s breath-
ing changes. For instance, the matched filter 1384 can
average a patient’s density shapes for each detected respi-
ration to derive an average baseline template.

The matched filter 1384 provides a filtered output. In one
embodiment, the matched filter 1384 provides a higher
output if the density data matches the template than if the
density data does not match the template. The filtered output
is provided to the confidence module 1386. The confidence
module 1386 can receive the filtered output, the spectral
envelope (see FIG. 13, 13C), the tags (e.g., the tags_3 of
FIG. 11A), the noise floor (see FIG. 6), and a user-adjustable
sensitivity (discussed below).

In certain embodiments, the confidence module 1386
calculates a confidence reflecting whether the identified tags
represent breaths. The confidence module 1386 can calcu-
late this confidence using the features described above with
respect to FIG. 13. For example, the confidence module
1386 can determine where the peak of the spectral envelope
at a given point in time lies, determine whether the spectral
density (e.g., as computed by the density calculator 1382) at
that peak exceeds a threshold, and so forth.

An example of such a density threshold 1372 is shown in
FIG. 13C. At the points where tags occur (the indicators
1362), the confidence module 1386 can compare the value
of the density waveform 1370 with the threshold 1372. If the
density value exceeds the threshold 1372, the confidence
module 1386 can assign higher confidence to the tag occur-
ring at that density value. The confidence module 1386 can
calculate a degree of confidence based at least in part on how
far the density value exceeds the threshold 1372. The
confidence module 1386 can calculate lower confidence
values when the density value is below the threshold 1372.

The confidence module 1386 can further base confidence
at least in part on the degree to which the filtered output from
the matched filter 1384 exceeds a threshold. Thus, the
confidence module 1386 can use both the density data and
the matched filter 1384 output together to determine confi-
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dence. In some implementations, the confidence module
1386 can use one or both of density and matched filter 1384
output to determine confidence. The confidence module
1386 can also use other signal features to calculate confi-
dence, some of which are discussed elsewhere herein.

In certain embodiments, the user-adjustable sensitivity
input into the confidence module 1386 can advantageously
adjust one or more of the thresholds used by the confidence
module 1386. The user-adjustable sensitivity can be used to
select between focusing on detecting non-respiration events
(such as respiratory pauses, apnea, and the like) and focus-
ing on detecting respiration events. In some care scenarios,
it can be more important to a clinician to determine whether
a patient is breathing than what the patient’s precise respi-
ratory rate is. Thus, the user-adjustable sensitivity can be
used to select this preference. For example, in one embodi-
ment, the user-adjustable sensitivity can be controlled by a
clinician via a user interface on a patient monitor. A display
button or other user interface control (such as a hardware
button or switch) can allow the clinician to select between
detecting respiratory pauses, apnea, or the like and more
precise detection of respiratory rate.

If the clinician selects detection of respiratory pauses or
the like, the user-adjustable sensitivity control can be
adjusted to cause the density threshold 1372 to be set higher
than if the clinician selects more accurate respiratory rate
detection. Thus, the confidence module 1386 can intention-
ally under-read respiratory rate to more aggressively detect
lack of breathing. By under-reading respiratory rate, the
confidence module 1386 can ultimately cause more alarms
to be triggered, enabling clinicians to respond to patients
who are not breathing. Thus, scenarios can be avoided or
reduced where clinicians are unaware of a patient’s cessa-
tion of breathing, allowing clinicians to save more lives.

The user-adjustable sensitivity can be provided to the
confidence module 1386 from the patient monitor. The
user-adjustable sensitivity can be used by the confidence
module 1386 to adjust the density threshold 1372 (see FIG.
13C), the matched filter threshold, or a combination of the
same.

Another advantageous feature that can be provided in
certain embodiments is to use manual tags generated by a
clinician to train the confidence estimation module 1340.
Example indicators 1364 of manual tags are depicted in FIG.
13C. The indicators 1364 represent instances where clini-
cians have marked that a patient actually breathed, e.g., by
visually observing the patient breathing. These indicators
can be used by the confidence estimation module 1340
during manufacturing, testing, and/or servicing to automati-
cally improve confidence calculations. In one embodiment,
an engineer can use the manual tag indicators 1364 to
improve signal processing of the respiratory data.

FIGS. 13E through 13G illustrate example spectrums
1398 for computing centroids. The centroids can be used, for
example, to calculate ambient noise energy as described
above. More generally, centroids can be calculated to assist
with detection of background noise, detecting respiratory
pauses, calculating confidence values, and so forth.

Referring to FIG. 13E, an example spectrum 1398a is
shown at a point in time. The spectrum 1398« plots energy
against frequency. More generally, any of the spectrums
1398 described herein can plot a frequency response mag-
nitude, energy, power, or the like. The spectrum 1398a
corresponds to an example respiration, having energy dis-
tributed primarily in lower frequencies rather than higher
frequencies. A representation of a centroid 1399¢ is also
shown. The centroid 1399a can be an equilibrium point
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about which the energy in the spectrum 1398a is equally
divided. Thus, the energy in the spectrum 1398a to the left
of the centroid 1399a can be equal or substantially equal to
the energy to the right of the centroid 13994. With more
energy distributed toward the lower frequencies for a res-
piration spectrum 13984, the centroid 1399« can be toward
the lower end of the spectrum 1399a as well.

Other centroids can have higher values, such as the
centroid 13995 in the spectrum 13985 (where energy is
concentrated in high frequencies) and the centroid 1399¢ of
the spectrum 1398¢ (where energy is distributed evenly
across the spectrum 1398¢). Thus, the higher the centroid
1399, the less likely the spectrum 1399 represents respira-
tion, and vice versa.

In one embodiment, the tags confidence estimation mod-
ule 1140 can analyze the centroid of a spectrum for a given
point in time, in addition to or instead of analyzing spectral
density, and spectral envelope peaks. The lower the centroid,
the more confident the tags confidence estimation module
1140 can be that tags correspond to respiration, and vice
versa. Similarly, the tags confidence estimation module 1140
can indicate that a respiration pause is more likely if the
centroid is relatively higher than during respiration periods.

Another concept that can be useful in distinguishing
respiration from respiratory pauses and background noise is
entropy. Entropy, or Shannon entropy, can generally repre-
sent the order (or disorder) of a signal. A signal that is more
ordered, such as speech (which tends to have well-ordered
harmonics), can have a higher entropy value. A signal that is
less ordered, such as respiration, can have a lower entropy
value. Thus, the tags confidence estimation module 1140 can
calculate the entropy of an acoustic signal (e.g., according to
processing windows) and can compare the entropy of the
acoustic signal to some threshold to estimate whether the
signal represents background noise/respiratory pauses or
respiration.

In other embodiments, trends of centroids and entropy
values are analyzed instead of thresholds. Further, entropy
and centroids can be analyzed together to estimate confi-
dence/respiratory pauses, and the like. In addition, entropy,
centroids, spectral density, and spectral envelope peaks can
be used together to estimate confidence/respiratory pauses,
and the like. For instance, each of these quantities can be
normalized on a scale (such as from 0 to 1) and multiplied
together to produce a probability of respiration. If the
multiplied value is close to 1 on a scale of 0 to 1, the
probability that a respiration is detected can be close to 1,
and vice versa. Some subset of the parameters entropy,
centroids, spectral density, and spectral envelope peaks can
be used to analyze confidence and/or respiratory pauses in
different implementations. Other parameters may also be
used, including other statistical parameters.

Referring again to FIG. 10, the RR estimation module
1030 can receive the tags and calculated confidence values
and the tags from the automatic tagging module 1020. As
described above, the RR estimation module 1030 can cal-
culate respiratory rate from the tags and an overall TD RR
confidence from the individual tag confidence values in a
frame or block. In one embodiment, the RR estimation
module 1030 counts the number of tags occurring in a frame
or block and uses this count to derive respiratory rate based
on the amount of time represented by the frame or block. In
another embodiment, the RR estimation module 1030 deter-
mines respiratory rate based on the difference in time
between different tags in a frame or block. The two possible
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TD RR values are represented as TD RR 1 and TD RR 2 in
the FIGURE. In some embodiments, only one method is
used to calculate the TD RR.

The RR estimation module 1030 can determine the over-
all TD RR confidence value for a given block or frame by
averaging confidence values for each peak or tag within the
frame. The RR estimation module 1030 can therefore output
an overall TD RR confidence value.

Frequency Domain RR Calculation

FIG. 14 illustrates an embodiment of a frequency domain
respiratory rate (FD RR) calculation process 1400. The FD
RR calculation process 1400 can be implemented by the FD
RR processor 920 described above with respect to FIG. 9.
Advantageously, in certain embodiments, the FD RR calcu-
lation process 1400 can calculate a respiratory rate value
based on frequency domain analysis.

The FD RR calculation process 1400 can analyze an FD
envelope obtained above. The FD RR calculation process
1400 will be described in the context of the example
frequency envelopes or spectrums 1510, 1520 shown in
FIGS. 15A, 15B respectively. Each spectrum 1510, 1520 is
plotted as magnitude versus frequency.

At block 1402, peaks that do not have harmonics are
removed from the frequency envelope. Referring to FIG.
15A, a peak 1512 has harmonics 1514, which can be integer
multiples of the frequency of the peak 1512. In contrast,
peak 1516 does not have a corresponding harmonic. This
can also be seen in FIG. 15B, where a peak 1526 does not
have a corresponding harmonic. These peaks could therefore
be removed from the spectrum because they likely do not
correspond to respiration.

Referring again to FIG. 14, a peak with maximum energy
is found at block 1404. In FIG. 15A, the maximum energy
peak is peak 1512, and in FIG. 15B the maximum energy
peak is peak 1522. It is determined at decision block 1406
whether a peak exists at half the frequency of the maximum
peak. If not, at block 1408, the frequency of the maximum
peak is determined to correspond to the respiratory rate, and
the process 1400 ends.

Thus, in FIG. 15A, there is no peak at half the frequency
of the maximum peak 1512, and therefore the frequency of
this peak 1512 corresponds to the respiratory rate. In con-
trast, there is a peak 1524 at half the frequency of the
maximum peak 1522 in FIG. 15B. Thus, the analysis con-
tinues.

Referring again to FIG. 14, if there is a peak at half the
maximum peak’s frequency, at decision block 1410, it is
further determined whether this peak has harmonics. If not,
the frequency of the maximum peak corresponds to respi-
ratory rate in block 1408, and the process ends. Otherwise,
the frequency of the peak at half the maximum peak’s
frequency corresponds to respiratory rate at block 1412, and
the process ends. Thus, for example, in FIG. 15B, the peak
1524 has a harmonic at peak 1522 (the maximum peak),
peak 1528, and so on. Therefore, this peak is determined to
have a frequency corresponding to respiratory rate.

Although not shown, in some cases, although the first
peak has harmonics, the maximum peak may still be selected
as corresponding to respiratory rate based on historical past
respiratory rate values. For instance, if the respiratory rate
value calculated by the first peak is much different from the
previously calculated value, the respiratory rate value for the
second peak may be selected if it is closer to the historical
value. In addition, although example spectrums have been
shown in FIGS. 15A and 15B, many other spectrums shapes
and types can exist. Thus, the FD RR processor 920 and the
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process 1400 can be adjusted or adapted accordingly to
account for different types of spectrums.

Referring again to FIG. 9, the FD RR processor 920 can
calculate FD RR confidence as follows. In one embodiment,
the FD RR processor 920 can sum the energy of all or
substantially all the harmonics in the FD envelope or spec-
trum. The FD RR processor 920 can further determine the
energy of the entire envelope or spectrum. The confidence
can be equal to, or derived from, the total harmonic energy
divided by the total energy in the spectrum. Thus, if there is
substantially more energy in the spectrum other than har-
monic energy, the confidence can be low, and vice versa.

In some embodiments, if the amplitude of the acoustic
signal for a given frame or processing window is small (e.g,,
below a threshold), the frequency domain processor can zero
out or otherwise perform no analysis. Similarly, if the
respiratory rate calculated by the frequency domain proces-
sor is very high (e.g., above a threshold where patients
typically cannot breathe so fast), the frequency domain
processor can zero out the calculated respiratory rate value.
Alternatively, in either the case of low signal level or high
calculated respiratory rate, the frequency domain processor
can calculate low or zero confidence instead of zeroing out
the frequency domain respiratory rate value.

Arbitrator

Advantageously, in certain embodiments, FD RR analysis
can be simpler than TD RR analysis. However, using both in
conjunction can reduce errors and provide more accurate
confidence analysis. For instance, if the FD spectrum
includes harmonic peaks that are substantially equal in
value, it can be difficult to determine which corresponds to
inspiration and which correspond to expiration. Thus, the
FD RR processor 920 might calculate a respiratory rate that
is double the actual respiratory rate. The RR calculated in the
time domain, if half that rate, is likely to be more accurate.
In certain embodiments, the arbitrator 930 described above
arbitrates between the TD and FD engines to output a more
accurate respiratory rate value.

FIG. 16A illustrates a more detailed embodiment of an
arbitrator 1600 corresponding to the arbitrator 930 of FIG.
9. The arbitrator 1600 can be implemented in software
and/or hardware. Advantageously, in certain embodiments,
the arbitrator 1600 can combine and/or select from the TD
and FD RR values and from the TD and FD confidence
values.

The arbitrator 1600 includes a decision logic module 1610
and a post-processing module 1620. The decision logic
module 1610 can receive the TD and FD RR and confidence
values. The decision logic module 1610 can select RR and
confidence values within a block or frame, whereas the
post-processing module 1620 can determine an overall RR
and an overall confidence value for a period of time. As
frames can overlap, the post-processing module can deter-
mine the overall RR and confidence values for several
frames.

The post-processing module 1620 can output the RR
value, the confidence value, and the elapsed time value
discussed above for presentation to a user. The confidence
value output by the post-processing module 1620 can be
referred to as a respiratory signal quality (RSQ) value or
indicator. However, any confidence value described herein
could also be referred to as a respiratory signal quality
(RSQ) value or indicator.

Several techniques of the decision logic module 1610 will
now be described, some of which may be implemented in
certain embodiments, while others are implemented in oth-
ers. All techniques may also be implemented. It should also
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be noted that two TD RR values and possibly two confidence
values can be output by the TD RR processor 910, as
described above. Either of these TD RR values can be
compared with the FD RR value or an average of the two can
be compared with the FD RR value. Or, each can be
compared with each other using the techniques described
below, and then one can be selected and compared with the
FD RR value.

In certain embodiments, the decision logic module 1610
can compare the TD and FD RR values within a frame to
determine if they are close to each other. If they are close,
the decision logic module 1610 could output either value. In
one embodiment, the decision logic module 1610 outputs
the value with the higher associated confidence value. If the
values are not close, the decision logic module 1610 can
output the RR value from the engine that is closest to a
previous RR value.

If both TD and FD RR values are of high confidence but
not close (within a delta), and neither is close to a previous
value, then the decision logic module 1610 can output one
of the values if it passes other checks. For instance, if the FD
value is double the TD value (e.g., for reasons discussed
above), the decision logic module 1610 could output the TD
value instead.

In one embodiment, the decision logic module 1610
outputs a RR value only if either the TD or FD confidence
is above a threshold. If both are below a threshold (which
may differ for both), the decision logic module 1610 can
output a zero RR value or “not a number” (NaN) type RR
value.

The post-processing module 1620 can average or other-
wise combine the FD and TD RR values from possibly
overlapping frames based on a selected averaging time. The
averaging time can be user selectable in some embodiments.
For instance, if the averaging time is 30 seconds, the
post-processing module 1620 can average the TD and/or FD
values selected for overlapping frames falling within the 30
second period. The output of this averaging can be an overall
RR value. In one embodiment, the post-processing module
1620 performs a weighted average in of the respective
respiratory rate values. The post-processing module 1620
can, for instance, use the calculated confidence values as
weights or to derive weights to be applied to the respiratory
rate values.

The post-processing module 1620 can similarly average
the TD and RR confidence values to obtain an overall
confidence value. Various combinations can be used to
obtain the overall confidence value. For example, the con-
fidence values can be averaged (and possibly weighted) over
several confidence values. Also, a number of nonzero points
can be selected from a buffer of confidence values and
divided by the total number of points in the buffer. For
example, if a buffer has five total confidence measurements,
and two of those are zero, the overall confidence value could
be 5. Also, the overall confidence value could be a com-
bination of the weighted average and the nonzero-based
confidence calculation. Many other embodiments are pos-
sible.

An alternative embodiment to the arbitrator 1600 is
illustrated in FIG. 16B. The arbitrator 1630 includes deci-
sion logic for determining respiratory rate and confidence
values based on various inputs. The arbitrator 1630 receives
time domain parameters, long frequency domain param-
eters, and short frequency domain parameters. From these
parameters, the arbitrator 1630 outputs an overall respiratory
rate and confidence value or indication.
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In one embodiment, the time domain parameters include
each respiratory rate value calculated during a given win-
dow, corresponding time stamps for the respiratory rate
values, confidence values for each respiratory rate value, and
an occurrence value for each respiratory rate value (see
FIGS. 11B through 11D). The time domain parameters can
also include the average time domain respiratory rate and
time domain confidence described above for a given frame
or processing window.

The long frequency domain parameters can include the
frequency domain respiratory rate and confidence value
calculated for a given frame or processing window. Like-
wise, the long frequency domain parameters can also
include time stamps for the respiratory rate values and
optionally occurrence values (which may be 1). In contrast,
the short frequency domain parameters can include multiple
respiratory rate and corresponding confidence values in a
given time window. These parameters are referred to as short
because a shorter time window (within the main frame or
processing window) is used to calculate multiple respiratory
rate values.

An illustration of calculating the short frequency domain
parameters is shown with respect to FIG. 16C. In FIG. 16C,
a frame 1640 or primary processing window is shown. The
frame can include samples over a period of time, such as
several seconds (e.g., 30 seconds). Subframes 1650, 1660,
and 1670 are superimposed on the frame 1640 to illustrate
subdivisions of the samples in the frame 1640. The sub-
frames 1650, 1660, and 1670 are used to calculate the short
frequency domain parameters. In the depicted embodiment,
three subframes 1650, 1660, and 1670 are shown; however,
two, four, or more subframes can be used to calculate the
short frequency domain parameters.

In one embodiment, the time domain and frequency
domain envelopes are calculated for the frame 1640, using
the techniques described above. The long frequency domain
parameters are thus derived from the frame 1640. The short
frequency domain parameters are derived from frequency
envelopes for each subframe 1650, 1660, and 1670. The
frequency domain processor described above can calculate a
separate respiratory rate and associated confidence value for
each subframe 1650, 1660, and 1670, as well as associated
time stamps and optionally occurrence values (which may
be 1). These short frequency domain parameters can be used
in decision logic of the arbitrator 1630 of FIG. 16B to
improve respiratory rate calculations.

In certain embodiments, a logical module used to calcu-
late the short frequency domain parameters can be consid-
ered a second frequency domain processor or engine. Thus,
the respiration processor 314 of FIG. 3 can output respira-
tory rate values from three engines, instead of two. More
engines can be used in other embodiments.

Example features of the arbitrator 1630 can be explained
in the context of FIGS. 17A through 18. In FIG. 17A, a point
cloud plot 1700 is depicted. The point cloud plot 1700
graphs respiratory rate values over time. Thus, points 1710
in the point cloud plot 1700 represent discrete respiratory
rate values. The point cloud plot 1700 can, but need not, be
actually generated, but is used herein as a tool to describe
arbitration between different time domain and frequency
domain respiration processors.

The points 1710 in the point cloud plot 1700 represent
time domain respiratory rate values, long frequency domain
respiratory rate values, and short frequency domain respi-
ratory rate values, as indicated by the legend 1720. The time
axis of the plot 1700 is divided into frames or processing
windows 1730. In certain embodiments, possibly multiple
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time domain respiratory rate values can be calculated for
each window 1730. A single long frequency domain respi-
ratory rate value can be calculated in each window 1730, and
multiple short frequency domain respiratory rate values can
be calculated in each window 1730 (see FIG. 16C).

The point cloud plot 1700 reflects trends in the respiratory
rate values over time. These trends can be analyzed to
determine one or more measures of how accurate respiratory
rate values are for each time domain and frequency domain
processor. An analysis window 1740 can be used to analyze
these trends and other statistical measurements. The analysis
window 1740 can be the same as the current processing
window 1730 or can cover multiple processing windows
1730.

Respiratory rate data from example analysis windows is
shown in more detail in FIGS. 17B and 17C. FIG. 17B
depicts a plot 1730 of respiratory rate over time and is a
subplot of the point cloud plot 1700. FIG. 17C depicts a
similar plot 1750 that is also a subplot of the point cloud plot
1700. Points 1732, 1752 in each plot can represent respira-
tory rate values obtained from one of the respiration engines
(e.g., time domain, long frequency domain, or short fre-
quency domain). A fitted curve 1740, 1760 is shown in each
plot. The fitted curves 1740, 1760 represent curves con-
structed to have a best (or estimated best) fit to the points
1732, 1752 in each plot.

Generally, the arbitrator 1730 of FIG. 16B can fit curves
to respiratory rate points for each respiration engine and
each analysis window 1740 (see FIG. 17A). Curves can be
fit using any of a variety of methods, such as linear regres-
sion, spline functions, Bezier curves, or the like. In one
embodiment, the curves are fit at least in part by taking
confidence values for each respiratory rate value into
account. The confidence values can act as weights in the
point cloud, with higher confidence values giving greater
weight to the points in the point cloud. Thus, for respiratory
rate values having higher confidence, the curve fit to those
points can be closer to those points than for respiratory rate
values having lower confidence.

Each curve can be assessed by the arbitrator 1630 to
determine the quality of an engine’s respiratory rate values.
This quality can be analyzed to score the outputs of the
different respiration engines. One measure of quality is the
stability, or goodness-of-fit, of the curves 1740, 1760. In the
plot 1730, the curve 1740 has a relatively large degree of
error due to the wide dispersion of the points 1732. Thus, the
stability of this curve 1740 is relatively low. In contrast, the
points 1752 in the plot 1750 are less dispersed, and the
stability of the curve 1760 is therefore higher. Stability can
be calculated, for example, with the minimum mean square
error or some other similar measurement. A curve with
higher stability reflects a better set of respiratory rate data for
a particular engine. The arbitrator 1630 of FIG. 16B can use
this stability information, at least in part, to select or arbitrate
between different respiratory rate values from different
engines.

In addition, a slope of the curves 1740, 1760 can be used
to assess the quality of the respiratory rate values. A more
positive or more negative slope can reflect a trend among
respiratory rate values within a processing window. Because
a processing window is a relatively short amount of time in
certain embodiments, a patient’s respiration rate is likely not
changing significantly. Thus, a trend can reflect lower qual-
ity respiratory rate data. Conversely, a flatter curve can
reflect possibly more accurate respiratory rate data. The
curve 1740 has a higher slope than the curve 1760, reflecting
possibly lower quality respiratory rate data.
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FIG. 18 illustrates a decision logic process 1800 for
selecting respiratory rate measurements. The process 1800
ties together the techniques described above with respect to
FIGS. 16B through 17C and can be implemented by the
arbitrator 1630 of FIG. 16. In certain embodiments, some or
all features of the process 1800 can also be combined with
features of the arbitrator 1600 described above with respect
to FIG. 16A.

At block 1802, for each respiration processor or engine,
one or more respiratory rate and confidence values are
computed in a processing window. Thus, for example, time
domain respiratory rate and confidence values can be cal-
culated, long frequency domain values can be calculated,
and short frequency domain values can be calculated.
Blocks 1804 through 1820 of the process 1800 are described
from the perspective of a single engine. At block 1804, a
curve is fit to the respiratory rate values, using any of the
techniques described above with respect to FIG. 17. An
actual curve need not be drawn on a display although one
can be; rather, values for such a curve can be stored in
memory (volatile or nonvolatile). Stability and/or trend
characteristics of the curve are calculated at block 1806.

A single confidence value is computed for the processing
window at block 1808. This confidence value can be the
average of the confidence values of each respiratory rate
value calculated in the time domain (with a possible weight-
ing applied with the occurrence value). The confidence value
can also be an average for the short frequency domain
engine. The confidence value from the long frequency
domain engine can be the single confidence value computed
(or rather, accessed) at block 1808.

Similarly, a single respiratory rate value is computed for
each engine at block 1810. The time domain respiratory rate
value can be computed using a simple or weighted average
(see FIGS. 11B through 11D). Similarly, the short frequency
domain respiratory rate values can be computed with a
simple or weighted average, and the long frequency domain
respiratory rate value can simply be accessed (e.g., from
memory).

The computed respiratory rate values from each engine
are scored at block 1812. This scoring can be based on the
stability and/or trend values computed above, among other
factors. Other factors might include, for example, how close
the respiratory rate value for each engine is. Two engines
with close respiratory rate values might be given bonus
points in the scoring algorithm, while an outlier is not given
bonus points (or is docked points). The score can also be
based on the confidence values.

An overall respiratory rate value is selected from the
scored respiratory rates at block 1814. The overall respira-
tory rate value can be selected based at least partly on the
scores calculated above with respect to block 1812. Confi-
dence values can be used as a tiebreaker between the
respiratory rate values of different engines in certain
embodiments. In one embodiment, respiratory rate values
from different engines can be combined or averaged to
produce the overall respiratory rate value. The combination
of the respiratory rate values can be done as a weighted
average, for example, using confidence values (or deriva-
tives thereof) as weights.

An overall confidence value is calculated at block 1816.
The overall confidence value can be the confidence value of
the respiratory rate value that was selected from a particular
engine as the overall respiratory rate. If the respiratory rate
values from different engines were combined at block 1814,
the confidence values may likewise be combined.
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As described above, the arbitrator 1630 can average
respiratory rate values and confidence values over time, such
as a plurality of processing windows. If the overall confi-
dence value is low and the respiratory rate value is therefore
considered unreliable, in one embodiment the arbitrator
1630 lengthens this averaging time. The lengthened aver-
aging time can reduce the impact of invalid or low quality
respiratory rate values on the overall respiratory rate value
output to a display of a patient monitor. Conversely, higher
confidence values can cause the arbitrator 1630 to decrease
the averaging time.

Terminology

The modules described herein of certain embodiments
may be implemented as software modules, hardware mod-
ules, or a combination thereof. In general, the word “mod-
ule,” as used herein, can refer to logic embodied in hardware
or firmware or to a collection of software instructions
executable on a processor. Additionally, the modules or
components thereof may be implemented in analog circuitry
in some embodiments.

Conditional language used herein, such as, among others,
can,” “could,” “might,” “may,” “e.g.,” and the like, unless
specifically stated otherwise, or otherwise understood within
the context as used, is generally intended to convey that
certain embodiments include, while other embodiments do
not include, certain features, elements and/or states. Thus,
such conditional language is not generally intended to imply
that features, elements and/or states are in any way required
for one or more embodiments or that one or more embodi-
ments necessarily include logic for deciding, with or without
author input or prompting, whether these features, elements
and/or states are included or are to be performed in any
particular embodiment.

Depending on the embodiment, certain acts, events, or
functions of any of the methods described herein can be
performed in a different sequence, can be added, merged, or
left out all together (e.g., not all described acts or events are
necessary for the practice of the method). Moreover, in
certain embodiments, acts or events can be performed con-
currently, e.g., through multi-threaded processing, interrupt
processing, or multiple processors or processor cores, rather
than sequentially.

The various illustrative logical blocks, modules, circuits,
and algorithm steps described in connection with the
embodiments disclosed herein can be implemented as elec-
tronic hardware, computer software, or combinations of
both. To clearly illustrate this interchangeability of hardware
and software, various illustrative components, blocks, mod-
ules, circuits, and steps have been described above generally
in terms of their functionality. Whether such functionality is
implemented as hardware or software depends upon the
particular application and design constraints imposed on the
overall system. The described functionality can be imple-
mented in varying ways for each particular application, but
such implementation decisions should not be interpreted as
causing a departure from the scope of the disclosure.

The various illustrative logical blocks, modules, and
circuits described in connection with the embodiments dis-
closed herein can be implemented or performed with a
general purpose processor, a digital signal processor (DSP),
an application specific integrated circuit (ASIC), a field
programmable gate array (FPGA) or other programmable
logic device, discrete gate or transistor logic, discrete hard-
ware compouents, or any combination thereof designed to
perform the functions described herein. A general purpose
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processor can be a microprocessor, but in the alternative, the
processor can be any conventional processor, controller,
microcontroller, or state machine. A processor can also be
implemented as a combination of computing devices, e.g., a
combination of a DSP and a microprocessor, a plurality of
MICroprocessors, one or more Microprocessors in conjunc-
tion with a DSP core, or any other such configuration.

The blocks of the methods and algorithms described in
connection with the embodiments disclosed herein can be
embodied directly in hardware, in a software module
executed by a processor, or in a combination of the two. A
software module can reside in RAM memory, flash memory,
ROM memory, EPROM memory, EEPROM memory, reg-
isters, a hard disk, a removable disk, a CD-ROM, or any
other form of computer-readable storage medium known in
the art. An exemplary storage medium is coupled to a
processor such that the processor can read information from,
and write information to, the storage medium. In the alter-
native, the storage medium can be integral to the processor.
The processor and the storage medium can reside in an
ASIC. The ASIC can reside in a user terminal. In the
alternative, the processor and the storage medium can reside
as discrete components in a user terminal.

While the above detailed description has shown,
described, and pointed out novel features as applied to
various embodiments, it will be understood that various
omissions, substitutions, and changes in the form and details
of the devices or algorithms illustrated can be made without
departing from the spirit of the disclosure. As will be
recognized, certain embodiments of the inventions described
herein can be embodied within a form that does not provide
all of the features and benefits set forth herein, as some
features can be used or practiced separately from others. The
scope of certain inventions disclosed herein is indicated by
the appended claims rather than by the foregoing descrip-
tion. All changes which come within the meaning and range
of equivalency of the claims are to be embraced within their
scope.

What is claimed is:

1. A system for monitoring respiration of a patient using
a signal received from a physiological sensor adapted to be
coupled with the patient, the system comprising:

a signal filter configured to:

receive an acoustic signal from an acoustic sensor
adapted to be coupled to a patient, and

filter the acoustic signal to generate a filtered output
signal;
a high gain stage configured to generate a first amplified
output signal from the filtered output signal by ampli-
fying the filtered output signal with a first gain level,
a low gain stage configured to generate a second amplified
output signal from the filtered output signal by ampli-
fying the filtered output signal with a second gain level
lower than the first gain level; and
one or more hardware processors configured to:
responsive to a magnitude of the first amplified output
signal satisfying a first threshold, select one of the
first amplified output signal or the second amplified
output signal to be a selected signal for further
processing,

determine first respiratory rates from a first domain
representation of the selected signal and second
respiratory rates from a second domain representa-
tion of the selected signal, the first domain represen-
tation being different from the second domain rep-
resentation,
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assign first confidence values to the first respiratory
rates using one or more of (i) a calculation of a
spectral density of energy in the first domain repre-
sentation, (ii) a calculation of a harmonic energy in
the first domain representation, (iii) a comparison of
local maximums in the first domain representation
and one or more magnitude thresholds, or (iv) a
comparison of maximum frequency components in
the first domain representation and one or more
frequency thresholds,

assign second confidence values to the second respira-
tory rates using the second domain representation,

determine overall respiratory rates from the first respi-
ratory rates and the second respiratory rates using the
first confidence values and the second confidence
values, and

output at least some of the overall respiratory rates in
real time to a display for presentation on the display.

2. The system of claim 1, wherein

at a first time, the first amplified output signal is selected

by the one or more hardware processors to be the
selected signal, and

at a second time subsequent to the first time, the one or

more hardware processors is configured to, responsive
to the magnitude of the first amplified output signal
satisfying the first threshold, switch from selecting the
first amplified output signal to be the selected signal to
selecting the second amplified output signal to be the
selected signal so that the second amplified output
signal is subsequently used for determining the overall
respiratory rates rather than the first amplified output
signal.

3. The system of claim 1, wherein the one or more
hardware processors is configured to, responsive to a mag-
nitude of the second amplified output signal satisfying a
second threshold, determine that the second amplified output
signal is not indicative of a valid clinical data sample and
output an indication denoting that the second amplified
output signal is not indicative of the valid clinical data
sample.

4. The system of claim 1, wherein when the first amplified
output signal is selected by the one or more hardware
processors to be the selected signal, the one or more hard-
ware processors is configured to not determine any respira-
tory rates from the second amplified output signal.

5. The system of claim 1, wherein the first domain
representation is a time domain representation of the
selected signal, and the second domain representation is a
frequency domain representation of the selected signal.

6. The system of claim 1, wherein the first domain
representation is a frequency domain representation of the
selected signal, and the second domain representation is a
time domain representation of the selected signal.

7. The system of claim 1, wherein the one or more
hardware processors is configured to assign the first confi-
dence values to the first respiratory rates using the calcula-
tion of the spectral density of energy in the first domain
representation.

8. The system of claim 1, wherein the one or more
hardware processors is configured to assign the first confi-
dence values to the first respiratory rates using the calcula-
tion of the harmonic energy in the first domain representa-
tion.

9. The system of claim 1, wherein the one or more
hardware processors is configured to assign the first confi-
dence values to the first respiratory rates using (iii) the
comparison of the local maximums in the first domain
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representation and the one or more magnitude thresholds or
(iv) the comparison of the maximum frequency components
in the first domain representation and the one or more
frequency thresholds.

10. The system of claim 1, further comprising a housing
configured to support the signal filter, the high gain stage,
the low gain stage, and the one or more hardware processors.

11. The system of claim 1, wherein the one or more
hardware processors is configured to determine the overall
respiratory rates by selecting, using the first confidence
values and the second confidence values, a subset of the first
respiratory rates and the second respiratory rates to be the
overall respiratory rates.

12. The system of claim 1, wherein the one or more
hardware processors is configured to:

determine third respiratory rates from a third domain

representation of the selected signal, the third domain
representation being different from the first domain
representation and derived from a shorter time window
of the selected signal than the second domain repre-
sentation;

assign third confidence values to the third respiratory

rates; and

determine the overall respiratory rates further from the

third respiratory rates and the third confidence values.

13. The system of claim 1, further comprising the acoustic
sensor, the acoustic sensor comprising a piezoelectric
device.

14. The system of claim 1, wherein the acoustic signal
comprises a first range of frequencies and a second range of
frequencies different from the first range of frequencies, and
the signal filter is configured to attenuate the first range of
frequencies and pass the second range of frequencies with-
out attenuation to generate the filter output signal.

15. A method for monitoring respiration of a patient using
a signal received from a physiological sensor coupled with
the patient, the method comprising:

detecting, using an acoustic sensor coupled to a patient, an

acoustic signal;

filtering, using a signal filter, the acoustic signal to gen-

erate a filtered output signal;
generating, using first electronic circuitry, a first amplified
output signal from the filtered output signal by ampli-
fying the filtered output signal with a first gain level,

generating, using second electronic circuitry, a second
amplified output signal from the filtered output signal
by amplifying the filtered output signal with a second
gain level lower than the first gain level;

selecting, using one or more hardware processors, one of

the first amplified output signal or the second amplified
output signal to be a selected signal for further pro-
cessing;

determining, using the one or more hardware processors,

first respiratory rates from a time domain representation
of the selected signal and second respiratory rates from
a frequency domain representation of the selected sig-
nal;

determining, using the one or more hardware processors,

first confidence values for the first respiratory rates, the
first confidence values being indicative of one or more
features of local maximums in the time domain repre-
sentation;

determining, using the one or more hardware processors,

second confidence values for the second respiratory

rates using the frequency domain representation;
determining, using the one or more hardware processors,

overall respiratory rates from the first respiratory rates
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and the second respiratory rates using the first confi-
dence values and the second confidence values; and

displaying, on a display, at least some of the overall
respiratory rates in real time.

16. The method of claim 15, further comprising:

when the selected signal is the first amplified output
signal, determining that a magnitude of the first ampli-
fied output signal satisfies a threshold; and

in response to determining that the magnitude of the first
amplified output signal satisfies the threshold, switch-
ing, with the one or more hardware processors, from
selecting the first amplified output signal to be the
selected signal to selecting the second amplified output
signal to be the selected signal so that the second
amplified output signal is subsequently used for deter-
mining the overall respiratory rates rather than the first
amplified output signal.

17. The method of claim 15, wherein the one or more

features comprises magnitudes of the local maximums.

18. The method of claim 15, wherein the one or more

features comprises maximum frequency components in fre-

quency spectrums of the local maximums.
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19. The method of claim 15, wherein the one or more
features comprises frequency spectral densities of energy in
frequency spectrums of the local maximums.
20. The method of claim 15, wherein said determining the
overall respiratory rates comprises selecting the overall
respiratory rates from the first respiratory rates and the
second respiratory rates according at least to trends in the
first confidence values and the second confidence values.
21. The method of claim 15, further comprising;
determining, with the one or more hardware processors,
third respiratory rates from another frequency domain
representation of the selected signal, the another fre-
quency domain representation being derived from a
shorter time window of the selected signal than the
frequency domain representation; and
determining, using the one or more hardware processors,
third confidence values for the third respiratory rates
from the another frequency domain representation,

wherein said determining the overall respiratory rates
comprises determining the overall respiratory rates
further from the third respiratory rates and the third
confidence values.
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