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Description

Technical Field

[0001] The present invention relates to an arousal state classification model generating device for generating a blink
waveform pattern model and an arousal state pattern model based on data on a physiological phenomenon, in particular,
a blink waveform which is time variation of the degree of eye opening. Further embodiments relate to an arousal state
classifying device for classifying the arousal state of an object person based on data on the occurrence ratio of each of
specific types of blink waveforms in the sequence of analysis intervals of the object person obtained by using the
generated pattern models, and a warning device for warning the object person based on the classification result of the
arousal state.

Background Art

[0002] In recent years, the research and development of ITS (Intelligent Transport System) for practical use have
been rapidly expanded along with the development and advancement of information processing technology, and more
attention has been paid to the ITS as a new market by people in the industry.
[0003] Drive assist and navigation systems play a main role in the ITS. Here, it is desired that assistance and information
presentation be made according to not only road and traffic situations and car behaviors but also characteristics and
current state of a driver. Especially, estimation of the arousal level of a driver has long been studied. There have been
conducted many researches using biological and physiological reaction such as brain waves, skin electrical activity,
heart rate, and eye blink.
[0004] In particular, a blink occurrence pattern and the parameters of a waveform indicating an eye movement are
known to vary according to the arousal level of an object person. Researches on detection of driver’s drowsiness by use
of the blink occurrence pattern and the parameters of the waveform indicating the eye movement at the time of blinking
are now progressing.
[0005] Patent Document 1 discloses a behavior content classification device as a technique for classifying an arousal
state by using the parameters of the waveform indicating the eye movement at the time of blinking.
[0006] The behavior content classification device includes an eye state classifying HMM (Hidden Markov Model) which
outputs a likelihood for the type of blink waveform of an object person in relation to an input of features for video data
of plural frames of an eye portion, and classifies the arousal state of the object person based on the likelihood output
from the eye state classifying HMM in relation to the input of the features. A standard electro-oculogram (EOG) waveform
in an arousal state and a typical electro-oculogram (EOG) waveform in a sleepy state are disclosed as the blink waveform
associated with the arousal state.
[0007] In the related art disclosed in Patent Document 1, the type of the blink waveform is classified based on the
parameters of the aperture, duration time and speed of a blink in each blink waveform at the time of generating the eye
state classifying HMM.
[0008] Identification information for allowing identification of the type of the blink waveform is provided to the features
extracted from the video data of plural frames of the eye portion corresponding to the blink waveform based on the
classification result.
[0009] In addition, the HMM is learned by using the features to which the identification information is provided as
described above as learning data.
[0010] Then, the HMM is generated for specific types of blinks, with which the arousal state can be sufficiently classified,
out of various types of blink waveforms. The arousal state is classified based on a change in the occurrence frequencies
of the specific types of blinks within a predetermined time.
[0011] To be more specific, the identification result of each blink waveform is histogram-processed in a predetermined
time interval, thereby detecting the occurrence frequencies of blink patterns. When the occurrence frequency of a blink
waveform that is not identified as the standard blink waveform in an arousal state becomes high, the arousal state is
classified to become a low level.
[0012] Patent Document 1: International Publication No. WO2005/114576

Disclosure of the Invention

Problems to be Solved by the Invention

[0013] In Patent Document 1, the inventors of the present invention have performed histogram processing on the
identification result of each blink waveform in a predetermined time unit, and obtained the occurrence frequency change
of each blink waveform pattern, thereby classifying the arousal state.
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[0014] To be more specific, Patent Document 1 discloses that, for example, when the occurrence frequencies of plural
specific types of blink waveform patterns become high, the arousal state of an object person is classified to become a
low level.
[0015] However, the occurrence frequencies of the blink waveform patterns happening when the arousal state indicates
a low level becoming high is employed as a single index based on the physiological knowledge. Thus, various arousal
levels (states) occurring during transition from a high arousal state to a drowsy state are difficult to estimate.
[0016] Furthermore, each object person has a different estimation standard for the above index for estimating the
arousal level (state), and even one object person has a different estimation standard for the above index depending on
the object person’s situation.
[0017] Accordingly, there has been a demand for accurate estimation of the arousal level which is applicable to
unspecified object persons without being affected by the object person’s situations.
[0018] The present invention has been made in view of such unsolved problems of the related art, and it is an object
of the present invention to provide an arousal state classification model generating device according to claim 1.
[0019] Although the blink and the arousal state are respectively cited as a physiological phenomenon and a physio-
logical state, the present invention as defined by the claims is not limited thereto.

[Means for Solving the Problems]

[0020] After filling the application of Patent Document 1, the present inventors found out that data including a time
variation of the occurrence ratio or the number of occurrences of specific types of blink waveforms within a predetermined
time interval has a characteristic pattern according to a change in arousal level by analyzing blink waveform data collected
by changing the arousal level of an object person. The present inventors have thereby achieved the present invention
according to the claims which can solve the above problems based on the finding
[0021] In order to achieve the above object, a physiological state classification model generating device according to
an aspect not forming part of the present invention is a physiological state classification model generating device for
generating a pattern model to determine a physiological state of an object person, characterized in that a physiological
state pattern model modeled is generated by a statistical model based on physiological state information data obtained
from physiological data and physiological phenomenon feature data including data on an occurrence ratio of each
classification item of a physiological phenomenon so as to output a likelihood for physiological state information.
[0022] Moreover, in order to achieve the above object, according to another aspect not forming part of the present
invention, there is provided an arousal state classification model generating device for generating a pattern model to
determine an arousal state of an object person, characterized in that an arousal state pattern model modeled by a
statistical model is generated based on arousal state information data obtained from physiological data and blink type
feature data including data on an occurrence ratio of each specific type of blink waveform so as to output a likelihood
for arousal state information.
[0023] In order to achieve the above object, an arousal state classification model generating device according to yet
another aspect being part of the present invention is an arousal state classification model generating device adapted to
generate a statistical model to determine an arousal state of an object person, the arousal state classification model
generating device including: learning data storage means adapted to store first feature data extracted from blink data
of at least one eye of each object person at the time of
blinking, and blink waveform identification information data in which blink waveform identification information indicating
a specific type of blink waveform is provided to each blink in the blink data;
blink waveform pattern model generation means adapted to learn a statistical model by using as learning data the first
feature data and the blink waveform identification information data stored in the learning data storage means, and
generating a first pattern model having as an input the first feature data and having as an output a likelihood for the blink
waveform identification information in relation to the first feature data characterized by;
feature data generation means adapted to generate second feature data including data on an occurrence ratio of each
of the specific types of blink waveforms in an analysis interval based on the blink waveform identification information
data stored in the learning data storage means; and
arousal state pattern model generation means adapted to learn a statistical model by using as learning data the second
feature data generated by the feature data generation means and arousal state information data in which arousal state
information indicating the arousal state of the object person is provided to each sequence of the analysis intervals, and
generating a second pattern model having as an input the second feature data and having as an output a likelihood for
the arousal state information in relation to the second feature data.
[0024] Moreover, in order to achieve the above object, in the above configuration, the arousal state classification model
generating device may be characterized in that the blink data is electro-oculogram (EOG) waveform data or moving
picture of eye region.
[0025] Moreover, in order to achieve the above object, an arousal state classification model generating device in the
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above configuration may be characterized in that the data on the occurrence ratio is a change in the occurrence ratio
or a change in the number of occurrences.
[0026] Moreover, in order to achieve the above object, the arousal state classification model generating device in the
above configuration may be characterized in that an HMM (Hidden Markov Model) is used for the statistical model.
[0027] Moreover, in order to achieve the above object, the arousal state classification model generating device in the
above configuration may be the arousal state classification model generating device further including:

blink data storage means adapted to store the blink data of at least one eye of the object person at the time of blinking;
feature data extraction means adapted to extract the first feature data from the blink data acquired from the blink
data storage means;
first pattern model storage means adapted to store the first pattern model generated by the blink waveform pattern
model generation means;
second feature data storage means adapted to store the second feature data generated by the feature data generation
means; and
second pattern model storage means adapted to store the second pattern model generated by the arousal state
pattern model generation means.

[0028] Meanwhile, in order to achieve the above object, the arousal state classifying device in the above configuration
not forming part of the invention may be an arousal state classifying device for classifying an arousal state of an object
person, the arousal state classifying device including:

blink data acquisition means for acquiring blink data of at least one eye of the object person at the time of blinking;
a first pattern model generated by the arousal state classification model generating device;
first feature data extraction means for extracting first feature data corresponding to the first pattern model from the
blink data acquired by the blink data acquisition means;
blink waveform identification means for identifying a specific type of blink waveform corresponding to the first feature
data extracted by the first feature data extraction means based on the first feature data and the first pattern model;
second feature data generation means for generating second feature data including data on an occurrence ratio of
each of the specific types of blink waveforms based on an identification result by the blink waveform identification
means with respect to the blink data of the object person acquired in a sequence of analysis intervals;
a second pattern model generated by the arousal state classification model generating device; and arousal state
classification means for classifying the arousal state of the object person based on the second feature data generated
by the second feature data generation means and the second pattern model.

[0029] Moreover, in order to achieve the above object, the arousal state classifying device in the above configuration
not forming part of the invention may be characterized in that the blink data is data on an electro-oculogram (EOG)
waveform or moving picture of eye region.
[0030] Moreover, in order to achieve the above object, in the above configuration may be characterized in that the
data on the occurrence ratio is a change in the occurrence ratio or a change in the number of occurrences.
[0031] Moreover, in order to achieve the above object, the arousal state classifying device in the above configuration
may be characterized in that an HMM (hidden Markov model) is used for the statistical model.
[0032] Moreover, in order to achieve the above object, a warning device not forming part of the invention may include:
the arousal state classifying device; and
warning means for warning the object person based on a classification result of the arousal state in the arousal state
classifying device.
[0033] Moreover, in order to achieve the above object, a vehicle, includes the warning device.
[0034] Moreover, in order to achieve the above object, according to another aspect that is part of the present invention,
there is provided an arousal state classification model generating method adapted to generate a statistical model to
determine an arousal state of an object person, the arousal state classification model generating method including:

a learning data storage step of storing first feature data extracted from blink data of at least one eye of each object
person at the time of blinking, and blink waveform identification information data in which blink waveform identification
information indicating a specific type of blink waveform is provided to each blink in the blink data;
a blink waveform pattern model generation step of learning a statistical model by using as learning data the first
feature data and the blink waveform identification information data stored in the learning data storage step, and
generating a first pattern model having as an input the first feature data and having as an output a likelihood for the
blink waveform identification information in relation to the first feature data;
a feature data generation step of generating second feature data including data on an occurrence ratio of each of
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the specific types of blink waveforms in a sequence of analysis intervals based on the blink waveform identification
information data stored in the learning data storage step; and
an arousal state pattern model generation step of learning a statistical model by using as learning data the second
feature data generated in the feature data generation step and arousal state information data in which arousal state
information indicating the arousal state of the object person is provided to each of the sequences of analysis intervals,
and generating a second pattern model having as an input the second feature data and having as an output a
likelihood for the arousal state information in relation to the second feature data.

[0035] Moreover, in order to achieve the above object, the arousal state classification model generating method may
be characterized in that the data on the occurrence ratio is a time variation of the occurrence ratio or a time variation of
the number of occurrences.
[0036] Moreover, in order to achieve the above object, the arousal state classification model generating method in the
above configuration may further include:

a blink data storage step of storing the blink data of at least one eye of the object person at the time of blinking in
blink data storage means;
a feature data extraction step of extracting the first feature data from the blink data stored in the blink data storage
means;
a first pattern model storage step of storing the first pattern model generated in the blink waveform pattern model
generation step;
a second feature data storage step of storing the second feature data generated in the feature data generation step;
and
a second pattern model storage step of storing the second pattern model generated in the arousal state pattern
model generation step.

[0037] Moreover, in order to achieve the above object, according to a further another aspect not forming part of the
present invention, there is provided an arousal state classifying method for classifying an arousal state of an object
person, the arousal state classifying method including:

a blink data acquisition step of acquiring blink data of at least one eye of the object person at the time of blinking;
a first feature data extraction step of extracting first feature data corresponding to a first pattern model generated
in the arousal state classification model generating method from the blink data acquired in the blink data acquisition
step;
a blink waveform identification step of identifying a specific type of blink waveform corresponding to the first feature
data extracted in the first feature data extraction step based on the first feature data and the first pattern model;
a second feature data generation step of generating second feature data including data on an occurrence ratio of
each of the specific types of blink waveforms based on an identification result in the blink waveform identification
step with respect to the blink data of the object person acquired in a sequence of analysis intervals; and
an arousal state classification step of classifying the arousal state of the object person based on the second feature
data generated in the second feature data generation step and a second pattern model generated in the arousal
state classification model generating method.

[0038] Moreover, in order to achieve the above object, the arousal state classifying method in the above configuration
may be characterized in that the data on the occurrence ratio is a time variation in the occurrence ratio or a time variation
of the number of occurrences.
[0039] Moreover, in order to achieve the above object, according to a further another aspect not forming part of the
present invention, there is provided an arousal state classification model generating program for generating a statistical
model to determine an arousal state of an object person, causing a computer to function as:

learning data storage means of storing first feature data extracted from blink data of at least one eye of each object
person at the time of blinking, and blink waveform identification information data in which blink waveform identification
information indicating a specific type of blink waveform is provided to each blink in the blink data;
blink waveform pattern model generation means for learning a statistical model by using as learning data the first
feature data and the blink waveform identification information data stored by the learning data storage means, and
generating a first pattern model having as an input the first feature data and having as an output a likelihood for the
blink waveform identification information in relation to the first feature data;
feature data generation means for generating second feature data including data on an occurrence ratio of each of
the specific types of blink waveforms in an analysis intervals based on the blink waveform identification information
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data stored by the learning data storage means; and
arousal state pattern model generation means for learning a statistical model by using as learning data the second
feature data generated by the feature data generation means and arousal state information data in which arousal
state information indicating the arousal state of the object person is provided to each of the sequences of analysis
intervals, and generating a second pattern model having as an input the second feature data and having as an
output a likelihood for the arousal state information in relation to the second feature data.

[0040] Moreover, in order to achieve the above object, the arousal state classification model generating program in
the above configuration may be characterized in that the data on the occurrence ratio is a time variation of the occurrence
ratio or a time variation of the number of occurrences.
[0041] Moreover, in order to achieve the above object, the arousal state classification model generating program in
the above configuration may further include:

blink data storage means for storing the blink data of at least one eye of the object person at the time of blinking;
feature data extraction means for extracting the first feature data from the blink data stored in the blink data storage
means;
first pattern model storage means for storing the first pattern model generated by the blink waveform pattern model
generation means;
second feature data storage means for storing the second feature data generated by the feature data generation
means; and
second pattern model storage means for storing the second pattern model generated by the arousal state pattern
model generation means.

[0042] Moreover, in order to achieve the above object, according to a further another aspect not forming part of the
present invention, there is provided an arousal state classifying program for classifying an arousal state of an object
person, causing a computer to function as:

blink data acquisition means for acquiring blink data of at least one eye of the object person at the time of blinking;
first feature data extraction means for extracting first feature data corresponding to a first pattern model generated
in the arousal state classification model generating program from the blink data acquired in the blink data acquisition
means;
blink waveform identification means for identifying a specific type of blink waveform corresponding to the first feature
data extracted in the first feature data extraction means based on the first feature data and the first pattern model;
second feature data generation means for generating second feature data including a time variation of an occurrence
ratio of each of the specific types of blink waveforms based on an identification result in the blink waveform identi-
fication means with respect to the blink data of the object person acquired in a sequence of analysis intervals; and
arousal state classification means for classifying the arousal state of the object person based on the second feature
data generated in the second feature data generation means and a second pattern model generated in the arousal
state classification model generating program.

[0043] Moreover, in order to achieve the above object the arousal state classifying program in the above configuration
may be characterized in that the data on the occurrence ratio is a time variation of the occurrence ratio or a time variation
of the number of occurrences.

[Advantages of the Invention]

[0044] As described above, with the physiological state classification model generating device according to an aspect
not forming part of the present invention, there can be generated the physiological state pattern model modeled by the
statistical model based on the physiological state information data (an arousal state, a fatigue degree, a tension state,
or the like) obtained from the physiological data and the physiological phenomenon feature data including the data on
the occurrence ratio of each classification item of the physiological phenomenon (brain waves, skin electrical activity,
heart rate, eye blink, or the like). The arousal state of the object person can be classified by using the physiological state
pattern model.
[0045] Also, with the arousal state classification model generating device forming part of the invention, there can be
generated the arousal state pattern model modeled by the statistical model based on the arousal state information data
obtained from the physiological data and the blink type feature data including the data on the occurrence ratio of each
classification item of a blink waveform. The arousal state of the object person can be classified by using the arousal
state pattern model.
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[0046] Also, with the arousal state classification model generating device, the arousal state classifying device, the
arousal state classification model generating method, the arousal state classifying method, the arousal state classification
model generating program, and the arousal state classifying program, the arousal state can be classified with high
accuracy based on the data on the occurrence ratio of each of the specific types of blinks in the sequence of analysis
intervals in addition to a change in the occurrence frequencies of the specific types of blinks within a predetermined time
such as the occurrence frequencies of specific types of blinks and the blink bursts of a specific type of blink, which is
considered as effective in classifying the arousal state from the perspective of physiology.
[0047] The data on the occurrence ratio of each of the specific types of blinks of the object person in the sequence of
analysis intervals is obtained from the second feature data. Thus, an experiment is carried out in advance to obtain the
arousal state information data in which the data on the occurrence ratio of each of the specific types of blinks is correlated
with various arousal levels (states) transiting from a high arousal state to a drowsy state. Accordingly, there can be
obtained an effect that the second pattern model for classifying various arousal levels (states) of the object person can
be generated from the second feature data.
[0048] That is, the arousal state can be classified with high accuracy based on the data on the occurrence ratio of
each of the specific types of blinks in the sequence of analysis intervals in addition to a change in the occurrence
frequencies of the specific types of blinks within a predetermined time such as the occurrence frequencies of specific
types of blinks and the blink bursts of a specific type of blink, which is considered as effective in classifying the arousal
state from the perspective of physiology.
[0049] Also, with the arousal state classification model generating device, and the arousal state classifying device not
forming part of the invention, since the electro-oculogram (EOG) which can acquire time variation of degree of eye
opening as the blink data with high accuracy, is used, the pattern model capable of identifying the type of blink waveform
with high accuracy can be generated. Also, since the moving picture of eye region, from which the blink data can be
acquired in a non-contact manner without installing electrodes on the object person, is used, it becomes more convenient
for the object person.
[0050] Also, with the arousal state classification model generating device, the arousal state classifying device, the
arousal state classification model generating method, the arousal state classifying method, the arousal state classification
model generating program, and the arousal state classifying program, the time variation of the occurrence ratio or the
time variation of the number of occurrences is used as the data on the occurrence ratio. Therefore, the arousal state
can be classified with higher accuracy based on the local time variation of the occurrence ratio or the number of occur-
rences of each of the specific types of blinks in the sequence of analysis intervals.
[0051] Also, with the arousal state classification model generating device, and the arousal state classifying device,
since the well-known HMM is used as the statistical model, there can be obtained an effect that the pattern model capable
of identifying the type of blink waveform can be generated with respect to a behavior content with a temporal concept
such as the blink.
[0052] Here, the "HMM" is a statistical model of a time-series signal, and a non-constant time-series signal can be
modeled by transiting among a plurality of constant signal sources. For example, voice changes in time length depending
on the speaking speed and indicates a characteristic shape (referred to as spectrum envelope) on the frequency de-
pending on the speech content, but the shape fluctuates depending on the speaker, the environment, and the contents.
The HMM is a statistical model that can absorb such fluctuation.
[0053] Also, with the warning device and the vehicle both not forming part of the invention, the warning means can
give the object person a warning based on the classification result of the arousal state in the arousal state classifying
device.
[0054] Accordingly, for example, the second feature data including the time variation of the occurrence ratio or the
number of occurrences of each of the specific types of blink waveforms of a driver in an automobile in each predetermined
time unit is generated in real time, so that the arousal level (state) of the driver transiting to a drowsy state before
completely falling asleep, or the arousal level (state) of fighting against falling asleep can be detected, for example.
[0055] Therefore, there can be obtained an effect that an accident can be prevented from occurring by warning an
object person who is likely to fall asleep with a warning sound or flashing lights.

Brief Description of the Drawings

[0056]

FIG. 1 is a block diagram schematically illustrating an arousal state classification model generating device 800
according to the present invention;
FIG. 2 is a block diagram illustrating a configuration of an arousal state classification model generating device 100
according to the present invention;
FIG. 3 is a block diagram illustrating a hardware configuration of the arousal state classification model generating
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device 100;
FIG. 4 is a flowchart illustrating a process of generating a first pattern model and a process of generating a second
pattern model in the arousal state classification model generating device 100;
FIG. 5 is an explanatory view of parameters extracted from electro-oculogram (EOG) waveform data;
FIG. 6 is a view illustrating a classification result of electro-oculogram (EOG) waveforms by a clustering method
using k-means;
FIG. 7 is an explanatory view illustrating a state in which the occurrence frequency of each type of blink in a certain
time interval varies as time goes by;
FIG. 8 is an explanatory view of a second feature;
FIG. 9 is an explanatory view of arousal state information data;
FIG. 10 is an explanatory view of feature data extracted from moving picture of eye region;
FIG. 11 is a block diagram illustrating a configuration of an arousal state classifying device 900 not forming part of
the present invention;
FIG. 12 is a block diagram illustrating a configuration of a warning device 200 not forming part of the present invention;
FIG. 13 is a block diagram illustrating a hardware configuration of the warning device 200 not forming part of the
present invention;
FIG. 14 is a flowchart illustrating a process of extracting first feature data in the warning device 200 not forming part
of the present invention;
FIG. 15 is a flowchart illustrating a process of generating second feature data in the warning device 200 not forming
part of the present invention;
FIG. 16 is a flowchart illustrating a process of classifying an arousal state and a warning process in the warning
device 200 not forming part of the present invention;
FIG. 17 is a view illustrating an example of an HMM;
FIG. 18 is a view illustrating a storage area for second feature data in the warning device 200 not forming part of
the present invention;
FIG. 19 is a view illustrating an example of the occurrence frequency of each type of blink in a certain time interval
and a result of classifying the arousal state of a specific object person A when the blink waveform pattern model of
the object person A is used, in a case of using electro-oculogram (EOG) waveform data as blink waveform data;
FIG. 20 is a view illustrating an example of the occurrence frequency of each type of blink in a certain time interval
and a result of classifying the arousal state of a specific object person A when the blink waveform pattern model of
the object person A is used, in a case of using moving picture of eye region as blink waveform data;
FIG. 21 is a view illustrating an example of the occurrence frequency of each type of blink within a certain time
interval and results of classifying the arousal state of an object person A according to the related art and an embod-
iment when the blink waveform pattern models of unspecified object persons are used, in a case of using moving
picture of eye region as blink waveform data; and
FIG. 22 is a view illustrating an example of the occurrence frequency of each type of blink in a certain time interval
and results of classifying the arousal state of an object person B according to the related art and an embodiment
when the blink waveform pattern models of unspecified object persons are used, in a case of using moving picture
of eye region as blink waveform data.

Description of Numerals

[0057]

100 Arousal state classification model generating device
200 Warning device
10 Blink data storage unit
11 First feature data extraction unit
12 First learning data storage unit

13 Blink waveform pattern model generation unit
14 First pattern model storage unit
15 Feature data generation unit
16 Second learning data storage unit
17 Arousal state pattern model generation unit
18 Arousal state pattern model storage unit
20 Blink data acquisition unit
21 Blink waveform pattern model storage unit
22 Feature data extraction unit
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23 Blink type identification unit
24 Feature data generation unit
25 Arousal state pattern model storage unit
26 Arousal state classification unit
27 Warning unit
800 Arousal state classification model generating device
80 Arousal state data storage unit
81 Arousal state pattern model generation unit
900 Arousal state classifying device
90 Blink type acquisition unit
91 Feature data generation unit
92 Arousal state pattern model storage unit
93 Arousal state classification unit

Best Mode for Carrying Out the Invention

[First Embodiment]

[0058] In the following, a first embodiment of the present invention will be described with reference to the drawings.
FIG. 1 to FIG. 10 illustrate an embodiment of an arousal state classification model generating device, an arousal state
classification model generating program, and an arousal state classification model generating method according to the
present invention.
[0059] First, an outline of the arousal state classification model generating device according to the present invention
will be described with reference to FIG. 1.
[0060] FIG. 1 is a block diagram schematically illustrating a configuration of an arousal state classification model
generating device 800 according to the present invention.
[0061] An arousal state data storage unit 80 stores arousal state information data and blink type feature data, as
learning data. To create the learning data, the electro-oculogram (EOG) waveform data of a plurality of types of blinks
are collected by firstly measuring the eye blinks of a plurality of object persons, for example.
[0062] Blink waveform identification information for allowing identification of the classification item of a blink is also
provided to each of the collected blinks, thereby creating physiological phenomenon classification item information data.
[0063] The occurrence ratio or the number of occurrences are obtained for each blink classification item in each
analysis interval based on the physiological phenomenon classification item information data, and data composed of
the occurrence ratio or the number of occurrences is created with respect to each analysis interval.
[0064] The sequence of the data corresponding to the sequence of successive analysis intervals is the blink type
feature data.
[0065] Also, data, in which physiological state information indicating the arousal state of each object person is provided
to each sequence of analysis intervals, is the arousal state information data. The arousal state of each object person is
classified by using judgment based on physiological and biological data such as brain waves, skin surface potential,
heart rate, and breathing rate, discrimination based on face expression, and an observation record and consideration,
which are obtained at the time of collecting the electro-oculogram (EOG) waveform data.
[0066] An arousal state pattern model generation unit 81 stores the blink type feature data stored in the arousal state
data storage unit 80 in a predetermined area of a storage device 40, which will be described later, as learning data.
[0067] The arousal state pattern model generation unit 81 further stores the arousal state information data in which
the physiological state information indicating the arousal state of each object person is provided to each sequence of
analysis intervals in a predetermined area of the storage device 40, as learning data.
[0068] The arousal state pattern model generation unit 81 learns a statistical model by using the blink type feature
data and the arousal state information data stored in the storage device 40, as the learning data, and generates a pattern
model for an arousal state (an arousal state pattern model).
[0069] A configuration of an arousal state classification model generating device according to the present invention
will be described with reference to FIG. 2.
[0070] FIG. 2 is a block diagram illustrating a configuration of an arousal state classification model generating device
100 according to the present invention.
[0071] A blink data storage unit 10 stores the electro-oculogram (EOG) waveform data of a plurality of types of blinks
obtained by measuring the eye blinks of a plurality of object persons in a predetermined area of a storage device 40,
which will be described later, as learning data.
[0072] To be more specific, the blink data storage unit 10 stores the electro-oculogram (EOG) waveform data of the
blinks of at least one of the left eye and right eye of an object person, for example. The blink data indicating a time
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variation of the degree of eye opening may also employ the moving picture of the blinks. The data of the moving picture
includes at least one of the left eye and right eye of the object person at the time of blinking. The occurrence time of
each blink waveform is also stored.
[0073] A first feature data extraction unit 11 extracts feature data as first feature data from the blink data stored by the
blink data storage unit 10.
[0074] In the present embodiment, as will be described later, data obtained from three parameters of the distance
data of the peak height of an electro-oculogram (EOG) waveform, the time data from start of blink to the peak height,
and the time data from the peak height to end of blink is employed as the feature data.
[0075] Other feature data includes the maximum rise angle from the start of blink to the peak height, the maximum
fall angle from the peak height to the end of blink, the duration time of a height of 50 % or higher of the peak height, the
duration time of a height of 75 % or higher of the peak height, and a combination thereof.
[0076] In a case where the blink data is the moving picture of the blinks, the sum of brightness of each line in a
predetermined region is calculated with respect to each frame of the moving picture data of the blinks, and the data on
the sum of brightness of each blink video data is employed as the feature data.
[0077] The feature data further includes a frequency spectrum component obtained by converting the frequency of
an eye region image, an inter-frame difference component between the current frame for the frequency spectrum com-
ponent and its previous and subsequent frames, a Mel cepstrum (MFCC) component for an eye region image, an intra-
frame moment component and an inter-frame moment component for an eye region image, and a combination thereof.
[0078] A first learning data storage unit 12 stores the first feature data extracted by the first feature data extraction
unit 11 in a predetermined area of the storage device 40 described later as learning data.
[0079] The learning data storage unit 12 further stores blink waveform identification information data, in which blink
waveform identification information for allowing identification of the type of blink is provided to each blink in the electro-
oculogram (EOG) waveform data or the moving picture of the blinks stored in the blink data storage unit 10, in a
predetermined area of the storage device 40 to be described later, as learning data.
[0080] A blink waveform pattern model generation unit 13 learns a statistical model by using the first feature data and
the blink waveform identification information data stored by the first learning data storage unit 12 as the learning data,
and generates a first pattern model that is a pattern model for a blink waveform (a blink waveform pattern model)
according to an instruction to generate the blink waveform pattern model.
[0081] In the present embodiment, an HMM (hidden Markov model) is used as the statistical model.
[0082] A blink waveform pattern model storage unit 14 stores the first pattern model generated by the blink waveform
pattern model generation unit 13 in a predetermined area of the storage device 40 to be described later.
[0083] A feature data generation unit 15 generates second feature data including a time variation of the occurrence
ratio or the number of occurrences of each specific type of blink waveform in the sequence of analysis intervals based
on the blink waveform identification information data stored by the first learning data storage unit 12.
[0084] A second learning data storage unit 16 stores the second feature data generated by the feature data generation
unit 15 in a predetermined area of the storage device 40 described later as learning data.
[0085] The second learning data storage unit 16 further stores arousal state information data, in which arousal state
information indicating the arousal state of each object person is provided to each sequence of analysis intervals, in a
predetermined area of the storage device 40 to be described later, as learning data.
[0086] An arousal state pattern model generation unit 17 learns a statistical model by using the second feature data
and the arousal state information data stored by the second learning data storage unit 16 as the learning data, and
generates a second pattern model that is a pattern model for an arousal state (an arousal state pattern model) according
to an instruction to generate the arousal state pattern model.
[0087] In the present embodiment, an HMM (hidden Markov model) is used as the statistical model.
[0088] An arousal state pattern model storage unit 18 stores the second pattern model generated by the arousal state
pattern model generation unit 17 in a predetermined area of the storage device 40 described later.
[0089] The arousal state classification model generating device 100 further includes a computer system for realizing
the control of the aforementioned respective units on software. The hardware thereof is configured such that a CPU
(central processing unit) 30 that is a processor for performing various controls and arithmetic processing, an RAM
(random access memory) 32 that constitutes a main storage, and an ROM (read only memory) 34 that is a read-only
storage are connected to one another via various internal and external buses 38 including a PCI (peripheral component
interconnect) bus and an ISA (industrial standard architecture) bus, and an internal or external storage device (secondary
storage) 40 such as an HDD (hard disk drive), an output device 42 such as printing means, CRT and LCD monitor, an
input device 44 such as an operation panel, mouse, keyboard, and scanner, and a network to communicate with an
external device, not shown, are connected to the buses 38 via an input and output interface (I/F) 36 as shown in FIG. 3.
[0090] When the arousal state classification model generating device 100 is powered ON, a system program such as
a BIOS stored in the ROM 34 or the like loads various dedicated computer programs stored in advance in the ROM 34,
or various dedicated computer programs installed on the storage device 40 via a storage medium such as a CD-ROM,
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DVD-ROM and flexible disk (FD) or via a communication network L such as the Internet, into the RAM 32. The CPU 30
performs predetermined control and arithmetic processing by using various resources according to a command described
in the program loaded into the RAM 32. Accordingly, the functions of the respective means as described above can be
realized on the software.

(Operation of the first embodiment)

[0091] Next, a process flow for extracting the feature data from the blink waveform data in the arousal state classification
model generating device 100 having the aforementioned configuration will be described with reference to FIG. 4.
[0092] FIG. 4 is a flowchart illustrating a process of generating the first pattern model (the blink waveform pattern
model) and a process of generating the second pattern model (the arousal state pattern model) in the arousal state
classification model generating device 100.
[0093] As shown in the flowchart of FIG. 4, in the process of generating the first pattern model and the process of
generating the second pattern model, the blink waveform pattern model generation unit 13 firstly classifies whether or
not the instruction to generate the blink waveform pattern model is issued from a user via the input device 44 or the like
in step S100. When it is classified that the generation instruction is issued (Yes), the process moves to step S102. When
it is classified that the generation instruction is not issued (No), the process moves to step S108.
[0094] When the process moves to step S102, the blink waveform pattern model generation unit 13 acquires the first
feature data and the blink waveform identification information data from the first learning data storage unit 12, and the
process moves to step S104.
[0095] In step S104, the blink waveform pattern model generation unit 13 learns the statistical model by using the data
acquired in step S102 as the learning data, and generates the first pattern model that is the blink waveform pattern
model. The process then moves to step S106.
[0096] In step S106, the blink waveform pattern model generation unit 13 stores the first pattern model generated in
step S104 in the predetermined area of the storage device 40 via the blink waveform pattern model storage unit 14, and
the process moves to step S108.
[0097] In step S108, the arousal state pattern model generation unit 17 classifies whether or not the instruction to
generate the arousal state pattern model is issued from the user via the input device 44 or the like. When it is classified
that the generation instruction is issued (Yes), the process moves to step S110. When it is classified that the generation
instruction is not issued (No), the process is terminated.
[0098] When the process moves to step S110, the blink waveform identification information data is acquired from the
first learning data storage unit 12, and the process moves to step S112.
[0099] In step S112, the second feature data including the time variation of the occurrence ratio or the number of
occurrences of each of the specific types of blink waveforms in the sequence of analysis intervals is generated based
on the blink waveform identification information data acquired in step S110, and the process moves to step S114.
[0100] In step S114, the arousal state pattern model generation unit 17 stores the second feature data generated in
step S112 in the predetermined area of the storage device 40 via the second learning data storage unit 16, and the
process moves to step S116.
[0101] In step S116, the arousal state pattern model generation unit 17 acquires the second feature data and the
arousal state information data from the second learning data storage unit 16, and the process moves to step S118.
[0102] In step S118, the arousal state pattern model generation unit 17 learns the statistical model by using the data
acquired in step S116 as the learning data, and generates the second pattern model that is the arousal state pattern
model. The process then moves to step S120.
[0103] In step S120, the arousal state pattern model generation unit 17 stores the second pattern model generated
in step S118 in the predetermined area of the storage device 40 via the second pattern model storage unit 18, and the
process is terminated.
[0104] Next, the operation of the present embodiment will be described in further detail with reference to FIG. 5 to
FIG. 10.
[0105] To perform the process of extracting the first feature data and the process of generating the blink waveform
pattern model described above in the arousal state classification model generating device 100, it is necessary to prepare
the electro-oculogram (EOG) waveform data (the blink waveform data) of a plurality of types of blinks of a plurality of
object persons in advance.
[0106] The blink waveform data is also used for performing the process of generating the second feature data and
the process of generating the arousal state pattern model described above.
[0107] In the present embodiment, the electro-oculogram (EOG) waveforms of various blinks made in a high arousal
state, a state of fighting against falling asleep, a low arousal state, and initiation of sleep by a plurality of object persons
including healthy males and females of various ages, who gave informed consent, are measured in advance to collect
the blink waveform data.
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[0108] To obtain the electro-oculogram (EOG) waveforms (the EOG waveforms), electrodes are installed on the top
and bottom lids of the right eye of an object person, and vertical EOG waveforms are measured at a sampling frequency
of 250 Hz by using an AC amplifier for biopotential measurements (BIOPAC, time constant: 3.2 [sec], GAIN: 5000 times,
a 3.5 [Hz] cut-off low-pass filter). Blink portions are detected from the vertical EOG waveforms.
[0109] The blink portions are detected by using a differential value (a first-order difference) of the EOG waveform in
a similar manner to a well-known method (Hiroaki Yuze, Hideoki Tada: A computerized identification and date analysis
of eyeblink EOG waves, Ergonomics, vol. 30, No. 5, p. 331-337, 1994), to set a point of time when the differential value
exceeds a preset threshold for initiation as a blink start point, a point of time when the differential value exceeds a preset
threshold for completion as a blink completion point, and a waveform between the start point and the end point as a
blink waveform.
[0110] The blink waveform data collected as described above is stored in the blink data storage unit 10. The occurrence
time of each of the detected blink waveforms is also stored in the blink data storage unit 10.
[0111] Next, the feature data extracted as the first feature data by the first feature data extraction unit 11 will be
descried. The parameters extracted from the acquired electro-oculogram (EOG) waveform data are converted to the
feature data as will be described below.
[0112] FIG. 5 is an explanatory view of the parameters extracted from the blink waveform data in a case where the
electro-oculogram (EOG) waveform data is used as the blink data.
[0113] The three parameters of the height (distance) data of the peak point of the waveform, the time data from the
blink start point to the peak point, and the time data from the peak point to the blink end point are extracted from the
blink waveform data.
[0114] For example, when the blink waveform data indicates a waveform with an eye-closing direction being oriented
upward as shown in FIG. 5, a height x1 of the peak point is a differential value between the level (voltage or current) of
the blink start point and the level of the peak point of the waveform. In the example of FIG. 5, the waveform peak is "x1
[mm]", a time period x2 (referred to as rise time x2 below) from the blink start point to the peak point is 28 [msec], and
a time period x3 (fall time x3) from the peak point to the blink end point is 52 [msec].
[0115] In the present embodiment, a measured value is directly used as the height (distance) data x1 of the peak
point, and logarithmically transformed values are used as the rise and fall time data x2 and x3. The three parameters
x1, x2 and x3 are sequentially extracted from the acquired blink waveform data.
[0116] The feature parameters including the aforementioned three types of parameters x1 to x3 are normalized by
using a Z-score method with respect to the measurement data of each of the object persons from who the blink waveform
data is collected.
[0117] The normalization using the Z-score method is performed by normalizing the distributions of the three types of
feature parameters x1 to x3 such that the respective average values are 0 and the respective standard deviations are 1.
[0118] To be more specific, an average value "m" of each of the feature parameters x1 to x3 is calculated. Also, a
standard deviation "σ" of each of the feature parameters x1 to x3 is calculated.
[0119] Here, "X" represents each parameter in x1 to x3. The parameter "X" is converted to "z" according to the following
expression (1).
[Expression 1] 

[0120] As a specific example using numerical values, when the average value of each of x1 to x3 of all the blink
waveforms of an object person is (2.2239, 1.3542, 1.5693), and the standard deviation of each of x1 to x3 is (0.7396,
0.1000, 0.0709), "z" is calculated as shown in the following expression (2).
[Expression 2]

"z" calculated with respect to each of the collected blink waveform data is employed as the first feature data. "z" is stored
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in the first learning data storage unit 12 as the learning data with respect to each blink in the electro-oculogram (EOG)
waveform data stored in the blink data storage unit 10.
[0121] Next, the blink waveform identification information data stored in the first learning data storage unit 12, as the
learning data, will be described.
[0122] The blink waveform identification information data is the data in which the blink waveform identification infor-
mation for allowing identification of the type of blink is provided to each blink in the electro-oculogram (EOG) waveform
data stored in the blink data storage unit 10.
[0123] Here, the blink waveform identification information is specifically a number for the identification of the type of
blink classified as will be described below, for example. Not only the blink waveform identification information but also
the occurrence time of each blink stored in the blink data storage unit 10 can be specified.
[0124] In the present embodiment, the type of blink is classified as follows according to the arousal level of an object
person based on the physiological knowledge.
[0125] FIG. 6 illustrates a result of classifying the electro-oculogram (EOG) waveform when the number of clusters is
12 by using k-means that is a well-known clustering method with respect to the first feature data "z" of an object person.
[0126] As shown in the present example, the number of clusters is larger than the blink classification number that is
generally known. Accordingly, false detection and over-detection of an eye movement existing in the blink EOG waveform
data can be classified into a cluster different from those of the blink, and thereby be excluded.

Class 1: Standard blink in a high arousal state
Class 2: Blink with a little smaller wave height with the eyelid falling due to sleepiness
Class 3: Strong and large blink intended to fight against falling asleep
Class 4: Blink with a very small wave height occurring in a low arousal state
Classes 5 to 7: Blink having a long duration time in a low arousal state
Class 8: Blink made during temporal arousal from a low arousal state
Class 9: Blink occurring in blink bursts
Classes 10 to 12: Falsely detected or excessively detected blink at the time of detecting the blink waveform (the
one affected by an eye movement other than the blink, or the one difficult to determine whether it is the eye movement
or blink.

[0127] In the above example, the 12 clusters are classified into 8 types of blinks. The blink waveform identification
information indicates the type of blink into which each blink in the electro-oculogram (EOG) waveform data is classified.
[0128] When the instruction to generate the blink waveform pattern model is issued (the "Yes" branch from step S100),
the blink waveform pattern model generation unit 13 acquires the first feature data and the blink waveform identification
information data from the storage device 40 via the first learning data storage unit 12 (step S102).
[0129] The blink waveform pattern model generation unit 13 learns the statistical model by using the acquired first
feature data and blink waveform identification information data as the learning data, and generates the blink waveform
pattern model (the first pattern model) having as an input the first feature data and having as an output a likelihood for
the types (8 types) of blinks in relation to the input first feature data (step S104).
[0130] In the present embodiment, the HMM is used as the statistical model.
[0131] The HMM is a probabilistic model of a time-series signal, and a non-constant time-series signal is modeled by
transiting among a plurality of constant signal sources.
[0132] For example, a time period of one blink may change with the blink start point and end point fluctuating to some
extent due to the detection state of the blink. Thus, the feature parameters in a time direction change accordingly.
[0133] Therefore, to be more specific, the HMM is learned by classifying the HMM having eight states, calculating the
number of state transitions from the acquired feature parameters, and performing maximum likelihood estimation on a
transition probability from a certain state to a subsequent state and an output probability of the feature parameters in
the certain state based on the calculation result, as shown in FIG. 17.
[0134] The HMM having the transition probability and the output probability obtained by the learning is employed for
the blink waveform pattern model (the first pattern model).
[0135] The blink waveform pattern model (the first pattern model) generated as described above is stored in the
predetermined area of the storage device 40 via the blink waveform pattern model storage unit 14 (step S106).
[0136] When the instruction to generate the arousal state pattern model is issued (the "Yes" branch from step S108),
the feature data generation unit 15 acquires the blink waveform identification information data from the storage device
40 via the first learning data storage unit 12 (step S110).
[0137] The occurrence time of each blink stored in the blink data storage unit 10 can be also specified.
[0138] Next, the feature data generated as the second feature data in the feature data generation unit 15 will be
described.
[0139] FIG. 7 is an explanatory view illustrating a state in which the occurrence frequency of each type of blink within
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a certain time interval varies as time goes by with respect to the blink waveform data collected from a single object person.
[0140] When the time variation of the occurrence frequency of each type of blink is analyzed, the percentage of the
blink in Class 1 that is the standard type of blink decreases, whereas the percentage of the blink in Class 2 that is the
type of blink with a smaller peak height and the percentage of the blink in Class 3 that is the strong and large type of
blink increase, from the start to the middle phase (about 20 minutes) of an experiment.
[0141] After 20 minutes, there are few blinks in Class 1 and Class 3, and the slow types of blinks in Classes 4 to 7
occupy the majority.
[0142] The quick and small types of blinks in Class 8 and Class 9 intermittently increase and decrease, but relatively
increase in the latter half of the experiment.
[0143] According to the consideration and observation record of the experiment, the present object person felt slightly
sleepy from the start of the experiment, and felt much sleepier from the middle phase to the latter half of the experiment.
[0144] Although the object person was temporarily awake due to an external factor, the arousal state is continuously
lowered, and the object person fell asleep after the experiment.
[0145] From the correlation with the time variation of the features of the types of blinks and the correlation with moving
picture recording, an eye-opening state in the blink in Class 2 is similar to an eye half-opening state in the standard blink
in Class 1 in an arousal state, and is thus considered to be a state in which the eyelids are falling due to sleepiness.
[0146] Also, the strong and large blink in Class 3 that increases from the start to the middle phase of the experiment
along with the increase in the blink in Class 2 is considered to be a blink intended to fight against falling asleep.
[0147] Since the arousal state of the object person is estimated to be significantly lowered from the middle phase to
the final phase of the experiment, the blinks classified into Classes 4 to 7 are considered to be the waveforms in a low
arousal state.
[0148] Accordingly, the state in which the occurrence ratio or the number of occurrences of each type of blink within
a certain time interval varies as time goes by is taken as the target of pattern recognition, so that the arousal level of the
object person can be classified.
[0149] In the present embodiment, the occurrence ratio of each type of blink is obtained in the sequence of analysis
intervals, and the time variation of the occurrence ratio within a certain time interval is used as the feature data used for
the pattern recognition.
[0150] FIG. 8A is an explanatory view illustrating the second feature data that is the aforementioned feature value.
[0151] A unit time (T in the drawing) and a predetermined number of blinks are defined as an analysis interval. The
occurrence ratio of each type of blink is obtained at each certain time shift (ts in the drawing) while overlapping with the
adjacent analysis interval.
[0152] A predetermined number (N in the drawing) of the occurrence ratios of each type of blink obtained as described
above are merged, so as to generate the second feature data.
[0153] A predetermined number of the analysis intervals merged as described above is the sequence of analysis
intervals. For example, the second feature data with respect to 8 types of blinks is shown in FIG. 8B.
[0154] Here, Ri,j in FIG. 8B represents the occurrence ratio of a blink type i in the j-th analysis interval. In the present
embodiment, the occurrence ratio of each type of blink is used. However, the number of occurrences of each type of
blink may also be used to add the occurrence frequency of each blink to the feature (step S112).
[0155] Next, the arousal state information data stored by the second learning data storage unit 16, as the learning
data, will be described. The arousal state information data is the data in which the arousal state information indicating
the arousal state of an object person is provided to the second feature data stored in the second learning data storage
unit 16.
[0156] In the present embodiment, the arousal state information data shown in FIG. 9 is used, in such a manner that
the arousal state of an object person during an experiment is represented by three states of a high arousal state, a state
of fighting against falling asleep, and a low arousal state based on a result speculated from the classification, consideration,
and observation record using the physiological and biological data in the experiment. The blinks are classified into nine
types.
[0157] In the present embodiment, the arousal state of the object person is represented by the three states of the high
arousal state, the state of fighting against falling asleep, and the low arousal state, and the blinks are classified into nine
types. However, the number of states and the classification number may be changed according to the application.
[0158] The arousal state pattern model generation unit 17 stores the generated second feature data in the predeter-
mined area of the storage device 40 via the second learning data storage unit 16 (step S114).
[0159] Subsequently, the arousal state pattern model generation unit 17 acquires the second feature data and the
arousal state information data from the storage device 40 via the second learning data storage unit 16 (step S116).
[0160] The arousal state pattern model generation unit 17 learns the statistical model by using the acquired second
feature data and arousal state information data, as the learning data, and then generates the arousal state pattern model
(the second pattern model) having as an input the second feature data and having as an output a likelihood for the
arousal state information (step S118).
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[0161] In the present embodiment, the HMM is used as the statistical model in a similar manner to the blink waveform
pattern model (the first pattern model).
[0162] Although the electro-oculogram (EOG) waveform data is used as the blink waveform data, the case of using
the moving picture of eye region instead of the electro-oculogram (EOG) waveform data will be described.
[0163] As a specific example, an extraction region image of 11 pixels in width and 30 pixels in height is trimmed from
the moving picture of eye region with an eyeball portion as the center as shown in FIG. 10A. The sum of brightness
values of each line (11 pixels in width) that constitutes the trimmed extraction region image is calculated. The data on
the sum of brightness values of each of all the 30 lines of the extraction region image, which shows a feature as shown
in FIG. 10B, for example, is generated.
[0164] In the present embodiment, the first feature data to be extracted from each blink waveform data is obtained by
generating the data on the sum of brightness values with respect to the blink waveform data corresponding to one blink.
[0165] The first feature further includes a frequency spectrum component obtained by converting the frequency of an
image of eye region, an inter-frame difference component between the current frame for the frequency spectrum com-
ponent and its previous and subsequent frames, a Mel cepstrum (MFCC) component for an image of eye region, an
intra-frame moment component and an inter-frame moment component for an image of eye region, and a combination
thereof.
[0166] Also, the number of frames of the blink image data constituting each of the blink waveform data is changed
according to the performance of shooting means and the type of blink (When a normal CCD camera (30 frames/second)
is used, the number of frames is 8 to 11 with respect to one blink, for example.).
[0167] In the above-described first embodiment, the blink data storage unit 10 corresponds to blink data storage
means. The first feature data extraction unit 11 corresponds to feature data means. The first learning data storage unit
12 corresponds to learning data storage means. The blink waveform pattern model generation unit 13 corresponds to
blink waveform pattern model generation means. The blink waveform pattern model storage unit 14 corresponds to first
pattern model storage means. The feature data generation unit 15 corresponds to feature data generation means. The
second learning data storage unit 16 corresponds to second feature data storage means. The arousal state pattern
model generation unit 17 corresponds to arousal state pattern model generation means. The arousal state pattern model
storage unit 18 corresponds to second pattern model storage means. The arousal state pattern model generation unit
81 corresponds to an arousal state classification model generating device.
[0168] In the above-described first embodiment, steps S100 to S104 correspond to a step of generating a blink wave-
form pattern model. Step S106 corresponds to a step of storing a first pattern model. Steps S108 to S112 correspond
to a step of generating feature data. Step S114 corresponds to a step of storing second feature data. Steps S116 to
S118 correspond to a step of generating an arousal state pattern model. Step S120 corresponds to a step of storing a
second pattern model.

[Second Embodiment]

[0169] Next, a second embodiment of the present invention will be described with reference to the drawings. FIG. 11
to FIG. 21 illustrate an embodiment of an arousal state classifying device, an arousal state classifying program, and an
arousal state classifying method each not forming part of the present invention.
[0170] First, a configuration of the arousal state classifying device not forming part of the present invention will be
described with reference to the drawing. FIG. 11 is a block diagram illustrating a configuration of an arousal state
classifying device 900 according to the present invention.
[0171] A blink type acquisition unit 90 acquires occurrence time information indicating the time when each blink wave-
form classified into each specific type of blink waveform occurs in each analysis interval in which the arousal state of
an object person is changed.
[0172] A feature data generation unit 91 obtains the occurrence ratio or the number of occurrences of each blink
classification item in each analysis interval based on the occurrence time information of each blink waveform acquired
by the blink type acquisition unit 90, and creates data composed of the occurrence ratio or the number of occurrences
with respect to each analysis interval. The data is blink type feature data.
[0173] An arousal state pattern model storage unit 92 stores the arousal state pattern model generated by the arousal
state classification model generating device 800 in the above-described first embodiment.
[0174] An arousal state classification unit 93 classifies the arousal state of an object person based on the blink type
feature data generated by the feature data generation unit 91 and the arousal state pattern model stored in the arousal
state pattern model storage unit 92.
[0175] The arousal state to be classified includes a gradually changing state between a high arousal state in which
the object person is completely awake and a drowsy state through a state of fighting against falling asleep and a low
arousal state.
[0176] For example, the gradually changing state includes a normal high arousal state, a state of feeling sleepy, a
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state of fighting against falling asleep, a low arousal state in which the object person feels very sleepy, and a drowsy state.
[0177] Next, a warning device according to the present embodiment not forming part of the present invention includes
the blink waveform pattern model and the arousal state pattern model generated by the arousal state classification model
generating device 100 in the above-described first embodiment, and identifies the arousal state of a driver in each
sequence of analysis intervals by using the pattern models.
[0178] First, a configuration of the warning device not forming part of the present invention will be described with
reference to the drawing.
[0179] FIG. 12 is a block diagram illustrating a configuration of a warning device 200 not forming part of the present
invention.
[0180] As shown in FIG. 12, the warning device 200 not forming part of the present invention includes a blink data
acquisition unit 20 for acquiring blink data including a time variation of the degree of eye opening of at least one eye of
a driver, a blink waveform pattern model storage unit 21 for storing the blink waveform pattern model generated by the
arousal state classification model generating device 100 in the above-described first embodiment, a feature data ex-
traction unit 22 for extracting first feature data from the blink data acquired by the blink data acquisition unit 20, a blink
type identification unit 23 for identifying the type of blink waveform based on the blink waveform pattern model stored
in the blink waveform pattern model storage unit 21 and the first feature data extracted by the feature data extraction
unit 22, a feature data generation unit 24 for generating second feature data based on the identification result of the
type of blink waveform identified by the blink type identification unit 23, an arousal state pattern model storage unit 25
for storing the arousal state pattern model generated by the arousal state classification model generating device 100 in
the above-described first embodiment, and an arousal state classification unit 26 for classifying the arousal state of an
object person based on the second feature data generated by the feature data generation unit 24 and the arousal state
pattern model stored in the arousal state pattern model storage unit 25.
[0181] The blink data acquisition unit 20 includes an AC amplifier for biopotential measurements, to measure vertical
EOG (electro-oculogram (EOG) waveforms) in real time via electrodes installed on the top and bottom lids of a driver.
[0182] The blink waveform pattern model storage unit 21 stores the blink waveform pattern model generated by the
arousal state classification model generating device 100 in the above-described first embodiment in a predetermined
area of a storage device 60 described later.
[0183] The feature data extraction unit 22 extracts the first feature data obtained from three feature parameters of a
peak height (distance) x1 of a blink waveform, a rise time x2 from blink start to the peak height, and a fall time x3 from
the peak height to blink end, as the feature data from the blink electro-oculogram (EOG) waveform data (the blink
waveform data) acquired by the blink data acquisition unit 20 in a similar manner to the above-described first embodiment.
[0184] The blink type identification unit 23 identifies the type of blink waveform based on the blink waveform pattern
model stored by the blink waveform pattern model storage unit 21 and the first feature data extracted by the feature data
extraction unit 22.
[0185] The feature data generation unit 24 generates the second feature data based on the identification result of the
type of blink waveform identified by the blink type identification unit 23, and then outputs the second feature data to the
arousal state classification unit 26.
[0186] That is, the occurrence ratio or the number of occurrences of the identification result of each type of blink is
obtained in the sequence of analysis intervals first, and a time variation of the occurrence ratio or the number of occur-
rences in a certain time interval is used as the second feature data.
[0187] The arousal state pattern model storage unit 25 stores the arousal state pattern model generated by the arousal
state classification model generating device 100 in the above-described first embodiment in a predetermined area of
the storage device 60, as will be described later.
[0188] The arousal state classification unit 26 classifies the arousal state of an object person based on the second
feature data generated by the feature data generation unit 24 and the arousal state pattern model stored by the arousal
state pattern model storage unit 25.
[0189] The arousal state to be classified includes a gradually changing state between a high arousal state in which
the object person is completely awake and a drowsy state through a state of fighting against falling asleep and a low
arousal state.
[0190] For example, the gradually changing state includes a normal high arousal state, a state of feeling sleepy, a
state of fighting against falling asleep, a low arousal state in which the object person feels very sleepy, and a drowsy state.
[0191] The warning device 200 further includes a warning unit 27 for warning a driver based on the classification result
of the arousal state classification unit 26.
[0192] The warning unit 27 gives a driver a warning according to the content of the arousal state based on the
classification result of the arousal state classification unit 26.
[0193] To be more specific, for example, the warning unit 27 outputs a voice message to recommend the driver to
take a rest when the driver is classified to feel slightly sleepy. The warning unit 27 outputs a warning sound with a
relatively loud sound volume when the driver is classified to be in the state of fighting against falling asleep. The warning
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unit 27 outputs a warning sound with a very loud sound volume or a strong message content when the driver is classified
to be in the low arousal state in which the driver feels very sleepy or in the drowsy state.
[0194] The warning device 200 further includes a computer system for realizing the control of the above-described
respective units on software. The hardware thereof is configured such that a CPU (central processing unit) 50 that is a
processor for performing various control and arithmetic processing, an RAM (random access memory) 52 that constitutes
a main storage, and an ROM (read only memory) 54 that is a read-only storage are connected to each other via various
internal and external buses 58 including a PCI (peripheral component interconnect) bus and an ISA (industrial standard
architecture) bus, and an internal or external storage device (secondary storage) 60 such as an HDD (hard disk drive),
an output device 62 such as an LCD monitor, an input device 64 such as an operation panel and remote controller, and
a network L to communicate with an external device, not shown, are connected to the buses 58 via an input and output
interface (I/F) 56 as shown in FIG. 13.
[0195] When the warning device 200 is powered ON, a system program such as a BIOS stored in the ROM 54 or the
like loads various dedicated computer programs stored in advance in the ROM 54, or various dedicated computer
programs installed on the storage device 60 via a storage medium such as a CD-ROM, DVD-ROM and flexible disk
(FD) or via the communication network L such as the Internet, into the RAM 52. The CPU 50 performs predetermined
control and arithmetic processing by using various resources according to a command described in the program loaded
into the RAM 52. Accordingly, the functions of the respective means as described above are realized on the software.

(Operation of the Second Embodiment)

[0196] Next, a process flow for extracting the first feature data in the warning device 200 having the above-described
configuration will be described with reference to FIG. 14.
[0197] FIG. 14 is a flowchart illustrating a process of extracting the first feature data in the warning device 200.
[0198] As shown in FIG. 14, the process of extracting the first feature data moves to step S200 first. The feature data
extraction unit 22 acquires the blink electro-oculogram (EOG) waveform data (the blink waveform data) acquired by the
blink data acquisition unit 21, and the process moves to step S202.
[0199] In step S202, the feature data extraction unit 22 extracts the first feature data obtained from the plurality of
feature parameters having different units as the feature data from the blink waveform data acquired in step S200 in a
similar manner to the above-described first embodiment. The process then moves to step S204.
[0200] In step S204, the blink type identification unit 23 acquires the blink waveform pattern model from the blink
waveform pattern model storage unit 21, and identifies the type of blink corresponding to the first feature data extracted
in step S202 based on the acquired blink waveform pattern model and the first feature data. The process is then terminated.
[0201] In the present embodiment, the HMM is used as the blink waveform pattern model having as an input the first
feature data and having as an output a likelihood for the type of blink of a driver.
[0202] FIG. 18A is an explanatory view illustrating the second feature data. A unit time (T in the drawing) and a
predetermined number of blinks are defined as the analysis interval.
[0203] The occurrence ratio of each type of blink is obtained at certain time intervals (ts in the drawing) while overlapping
with the adjacent analysis interval.
[0204] A predetermined number (N in the drawing) of the occurrence ratios of each type of blink obtained as described
above are merged, so as to generate the second feature data.
[0205] A predetermined number of the analysis intervals merged as described above is the sequence of analysis
intervals. For example, the second feature data with respect to 8 types of blinks is shown in FIG. 18B.
[0206] Although the occurrence ratio of each type of blink is used in the present embodiment, the number of occurrences
of each type of blink may be also used.
[0207] Next, a process flow for generating the second feature data in the warning device 200 will be described with
reference to FIG. 15.
[0208] FIG. 15 is a flowchart illustrating a process of generating the second feature data in the warning device 200.
[0209] As shown in the flowchart of FIG. 15, in the process of generating the second feature data, the feature data
generation unit 24 classifies whether or not the process of generating the second feature data has been completed in
step S300, first. When it is classified that the process has been completed (Yes), the process is terminated. When it is
classified that the process has not been completed (No), the process moves to step S302.
[0210] When the process moves to step S302, the feature data generation unit 24 classifies whether or not the
identification result has been acquired from the blink type identification unit 23. When it is classified that the identification
result has been acquired (Yes), the process moves to step S304. When it is classified that the identification result has
not been acquired (No), the process waits until the identification result is acquired.
[0211] In the present embodiment, the identification result includes information about the type of blink of the identification
result and information about the occurrence time of the blink waveform data corresponding to the first feature data.
[0212] When the process moves to step S304, the feature data generation unit 24 stores the identification result in
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the RAM 52 or a predetermined area of the storage device 60. The process then moves to step S306.
[0213] In the present embodiment, the RAM 52 is preferentially used. The storage destination is appropriately changed
according to the memory capacity of the RAM 52.
[0214] In step S306, the feature data generation unit 24 classifies whether or not the time of the identification result
has exceeded the update time of the second feature data (tupdate = nts). When it is classified that the time has exceeded
the update time (Yes), the process moves to step S310. When it is classified that the time has not exceeded the update
time (No), the process moves to step S308. Here, n is an integer number larger than 0, and ts is an update time interval.
[0215] In the present embodiment, the time t and tupdate are reset (t = 0, tupdate = 0) when the warning device 200
starts operation.
[0216] When the process moves to step S308, the feature data generation unit 24 updates a storage area for the
second feature data by using the identification result stored in step S304. The process then moves to step S300.
[0217] FIG. 18B illustrates the storage area for the second feature data. The entire second feature data is stored in a
storage area 70. In a storage area 71 having a portion of the storage area 70, the number of occurrences of the
identification result of the type of blink corresponding to the type of blink indicated by the identification result is added with 1.
[0218] When the process moves to step S310, the feature data generation unit 24 obtains the occurrence ratio or the
number of occurrences of the identification result of each type of blink based on the number of occurrences of the
identification result of each type of blink stored in the storage area, and overwrites the storage area with the occurrence
ratio or the number of occurrences. The process then moves to step S312.
[0219] In step S312, the feature data generation unit 24 generates the second feature data based on the time variation
of the occurrence ratio or the time variation of the number of occurrences of the identification result of each type of blink
stored in the storage area, and the process moves to step S314.
[0220] In step S314, the feature data generation unit 24 stores the second feature data generated in step S312 in the
RAM 52 or a predetermined area of the storage device 60. The process then moves to step S300.
[0221] Next, a flow of an arousal state classifying process and a warning process in the warning device 200 will be
described with reference to FIG. 16.
[0222] FIG. 16 is a flowchart illustrating the arousal state classifying process and the warning process in the warning
device 200.
[0223] As shown in the flowchart of FIG. 16, the arousal state classifying process and the warning process moves to
step S400 first. The arousal state classification unit 26 classifies whether or not the arousal state classifying process
has been completed. When it is classified that the process has been completed (Yes), the process is terminated. When
it is classified that the process has not been completed (No), the process moves to step S402.
[0224] When the process moves to step S402, the arousal state classification unit 26 classifies whether or not the
second feature data has been acquired from the feature data generation unit 24. When it is classified that the second
feature data has been acquired (Yes), the process moves to step S404. When it is classified that the second feature
data has not been acquired (No), the process waits until the second feature data is acquired.
[0225] When the process moves to step S404, the arousal state classification unit 26 classifies the arousal state of a
driver based on the second feature data acquired in step S402 and the arousal state pattern model stored in the arousal
state pattern model storage unit 25. The process then moves to step S406.
[0226] In the present embodiment, the HMM is used as the arousal state pattern model having as an input the second
feature data and having as an output a likelihood for the arousal state information indicating the arousal state of the driver.
[0227] In step S406, the warning unit 27 classifies whether or not the driver feels sleepy based on the classification
result in step S404. When it is classified that the driver feels sleepy (Yes), the process moves to step S408. When it is
classified that the driver does not feel sleepy (No), the process moves to step S410.
[0228] When the process moves to step S408, the warning unit 27 executes a warning process (1), and the process
moves to step S400. When the warning process (1) is executed, a voice message to recommend the driver to take a
rest is output.
[0229] Meanwhile, when the process moves to step S410, the warning unit 27 classifies whether or not the driver is
in the state of fighting against falling asleep. When it is classified that the driver is in the state of fighting against falling
asleep (Yes), the process moves to step S412. When it is classified that the driver is not in the state of fighting against
falling asleep (No), the process moves to step S414.
[0230] When the process moves to step S412, the warning unit 27 executes a warning process (2), and the process
moves to step S400. When the warning process (2) is executed, a warning sound and a warning message with a relatively
loud sound volume (for example, a sound volume of 50%) are output from a speaker placed in a vehicle.
[0231] Meanwhile, when the process moves to step S414, the warning unit 27 classifies whether or not the driver is
in the low arousal state in which the driver feels very sleepy or in the drowsy state. When it is classified that the driver
is in the low arousal state in which the driver feels very sleepy or in the drowsy state (Yes), the process moves to step
S416. When it is classified that the driver is not in the low arousal state or in the drowsy state (No), the process moves
to step S400.
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[0232] When the process moves to step S416, the warning unit 27 executes a warning process (3), and the process
moves to step S400. When the warning process (3) is executed, a warning sound and a warning message with a very
loud sound volume (for example, a sound volume of 70% or more) are output from a speaker placed in a vehicle.
[0233] Although the electro-oculogram (EOG) waveform data is used as the blink waveform data, the case of using
the moving picture of eye region instead of the electro-oculogram (EOG) waveform data will be described.
[0234] The blink data acquisition unit 20 shoots the face image of a driver who is sitting in the driver’s seat frame by
frame in real time by a CCD camera installed on the inner mirror in an automobile.
[0235] The shot face images are output as digital face video data. The CCD camera may be installed at a position
other than the inner mirror, such as the positions of the steering column, the center panel, and the front pillar so long as
the image including the entire face of an object person to be shot can be captured.
[0236] The feature data extraction unit 22 extracts the video data of the eye portion from the face video data of the
driver shot by the blink data acquisition unit 20 by using an SVM, and then extracts the feature data from the extracted
video data of the eye portion.
[0237] Although the SVM is used to extract the video data of the eye region from the video data of the driver’s face in
the aforementioned example, the eye region may also be extracted by using an algorithm for detecting another organ
of the face.
[0238] Specifically, the feature data is extracted by trimming an extraction region image of 11 pixels in width and 30
pixels in height from each blink image data having the video data of the right eye portion with the eyeball as the center,
calculating the sum of brightness values of each pixel line (11 pixels in width) of the extraction region image, and
employing the data on the calculated sum of brightness values (for the video of one blink) as the feature data in a similar
manner to the above-described first embodiment.
[0239] The feature data further includes a frequency spectrum component obtained by converting the frequency of
an eye region image, an inter-frame difference component between the current frame for the frequency spectrum com-
ponent and its previous and subsequent frames, a Mel cepstrum (MFCC) component for an eye region image, an intra-
frame moment component and an inter-frame moment component for an eye region image, and a combination thereof.
[0240] In the warning device 200, the feature data extraction unit 22 acquires the blink waveform data from the blink
data acquisition unit 20 (step S200).
[0241] The first feature data obtained from three feature parameters of a peak height (distance) x1 of a blink waveform,
a rise time x2 from blink start to the peak height, and a fall time x3 from the peak height to blink end is extracted as the
feature data from the acquired blink waveform data in a similar manner to the first feature data extraction unit 11 of the
pattern model generating device 100 in the above-described first embodiment (step S202).
[0242] When the feature data is extracted, the blink type identification unit 23 acquires the blink waveform pattern
model stored in the storage device 60 via the blink waveform pattern model storage unit 21, and identifies the type of
blink based on a likelihood for each type of blink (Class 1 to Class 12) output from the blink waveform pattern model in
relation to the input of the first feature data to the acquired blink waveform pattern model (step S204). The identification
result is output to the feature data generation unit 24.
[0243] Every time the identification result is acquired (the "Yes" branch from step S302), the feature data generation
unit 24 stores the identification result in the RAM 52 or a predetermined area of the storage device 60 (step S304).
[0244] As described above, the identification result is the information including acquisition time information of the blink
waveform data corresponding to the first feature data at the time of identification, and information about the identified
type of blink.
[0245] It is then classified whether or not the time of the identification result has exceeded the update time of the
second feature data (tupdate = nts) (step S306).
[0246] When it is classified that the time of the identification result has exceeded the update time of the second feature
data (the "Yes" branch from step S306), the occurrence ratio or the number of occurrences of the identification result of
each type of blink is obtained based on the number of occurrences of the identification result of each type of blink stored
in the storage area, and the storage area is overwritten with the occurrence ratio or the number of occurrences (step S310).
[0247] The second feature data is generated based on the time variation of the occurrence ratio or the time variation
of the number of occurrences of the identification result of each type of blink stored in the storage area as described
above (step S312).
[0248] The second feature data is stored in the RAM 52 or a predetermined area of the storage device 60 (step S314).
[0249] On the other hand, when it is classified that the time of the identification result has not exceeded the update
time of the second feature data (the "No" branch from step S306), the feature data generation unit 24 updates the storage
area for the second feature data by using the identification result stored in step S304 (step S308).
[0250] When the second feature data is acquired from the feature data generation unit 24 (the "Yes" branch from step
S402), the arousal state classification unit 26 classifies the arousal state of the driver based on the second feature data
and the arousal state pattern model stored by the arousal state pattern model storage unit 25 (step S404).
[0251] In the example shown in the drawing, the driver is classified to feel slightly sleepy for a certain time from the
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start (the "Yes" branch from step S406). The warning unit 28 executes a warning process (1), and outputs a voice
message to recommend the driver to take a rest (step S408).
[0252] The driver is classified to feel sleepy after the certain time from the start to the middle phase (the "Yes" branch
from step S410). The warning unit 28 executes a warning process (2), and outputs a warning sound with a sound volume
of 50% of the maximum sound volume (step S412).
[0253] The driver is classified to feel very sleepy or be in the drowsy state from the middle phase to the latter half (the
"Yes" branch from step S414). The warning unit 28 executes a warning process (3), and outputs a warning sound with
a sound volume of 70% or more of the maximum sound volume (step S416).
[0254] Although the electro-oculogram (EOG) waveform data is used as the blink waveform data in the above descrip-
tion, the case of using the moving picture of eye region instead of the electro-oculogram (EOG) waveform data will be
described next.
[0255] The feature data extraction unit 22 acquires the moving picture of eye region from the blink data acquisition
unit 21 (step S200). The feature data extraction unit 22 uses the SVM to detect the blink video data of the right eye from
the acquired moving picture of the eyes, and extracts the feature data from the detected blink video data (step S202).
[0256] The feature data is extracted by using the same method as that of the first feature data extraction unit 11 of
the arousal state classification model generating device 100 in the above-described first embodiment.
[0257] That is, the data on the sum of brightness values of each of all the 30 lines of the extraction region image in
each blink image data having the blink video data corresponding to one blink is extracted as the feature data.
[0258] The feature data further includes a frequency spectrum component obtained by converting the frequency of
an eye region image, an inter-frame difference component between the current frame for the frequency spectrum com-
ponent and its previous and subsequent frames, a Mel cepstrum (MFCC) component for an eye region image, an intra-
frame moment component and an inter-frame moment component for an eye region image, and a combination thereof.
[0259] Next, to confirm the effect of the present invention, an example of a result of classifying the arousal state of an
object person will be shown in FIG. 19 to FIG. 21.
[0260] FIG. 19A is a view illustrating an example of the occurrence frequency of each type of blink within a certain
time interval obtained based on the identification result of the type of blink waveform of a specific object person (referred
to as object person A below) identified by the blink type identification unit 23 when the blink waveform pattern model
and the arousal state pattern model of the object person A are used, in a case of using the electro-oculogram (EOG)
waveform data as the blink waveform data.
[0261] FIG. 19B illustrates a result of classifying the arousal state of the object person A by the arousal state classi-
fication unit 26 based on the second feature data generated by the feature data generation unit 24 from the identification
result of the type of blink waveform described above and the arousal state pattern model stored in the arousal state
pattern model storage unit 25.
[0262] FIG. 20A is a view illustrating an example of the occurrence frequency of each type of blink within a certain
time interval obtained based on the identification result of the type of blink waveform of the same specific object person
A as that in FIG. 19 identified by the blink type identification unit 23 when the blink waveform pattern model and the
arousal state pattern model of the object person A are used, in a case of using the moving picture of eye region as the
blink waveform data.
[0263] FIG. 20B illustrates a result of classifying the arousal state of the object person A by the arousal state classi-
fication unit 26 based on the second feature data generated by the feature data generation unit 24 from the identification
result of the type of blink waveform described above and the arousal state pattern model stored in the arousal state
pattern model storage unit 25.
[0264] From the results, in both the cases of using the electro-oculogram (EOG) waveform data and the moving picture
of eye region as the blink waveform data, the arousal state classification results shown in FIG. 19B and FIG. 20B
reproduce the arousal state of the object person A speculated from the determination, consideration, and observation
record using the physiological and biological data in the experiment in FIG. 9.
[0265] Furthermore, in the arousal state classification results, the more detailed arousal state transition of the object
person A than the arousal state speculated from the determination, consideration, and observation record using the
physiological and biological data in the experiment shown in FIG. 9 is classified, so that the sign of a change in the
arousal state can be captured in an early phase.
[0266] On the other hand, FIG. 21A is a view illustrating an example of the occurrence frequency of each type of blink
within a certain time interval obtained based on the identification result of the type of blink waveform of the object person
A identified by the blink type identification unit 23 when the blink waveform pattern models and the arousal state pattern
models of unspecified object persons are used, in a case of using the moving picture of eye region as the blink waveform
data.
[0267] The learning data used for generating the blink waveform pattern models of unspecified object persons by the
arousal state classification model generating device 100 includes the first feature data extracted from the blink waveform
data (the moving picture of eye region) of four object persons (object persons A, B, C and D), and the blink waveform
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identification information data of the four object persons.
[0268] FIG. 21D illustrates a result of classifying the arousal state of the object person A by the arousal state classi-
fication unit 26 based on the second feature data generated by the feature data generation unit 24 from the identification
result of the type of blink waveform described above and the arousal state pattern models of unspecified object persons
stored in the arousal state pattern model storage unit 25.
[0269] The arousal state pattern models of unspecified object persons are generated by the arousal state classification
model generating device 100 by using the learning data of the four object persons (the object persons A, B, C and D).
[0270] Even when the blink waveform pattern models and the arousal state pattern models of the unspecified object
persons are used, the arousal state classification result shown in FIG. 21D reproduces FIG. 21B showing the arousal
state of the object person A speculated from the determination, consideration, and observation record using the physi-
ological and biological data in the experiment.
[0271] Accordingly, by using the models of unspecified object persons for the blink waveform pattern model and the
arousal state pattern model, the arousal state transition can be classified without preparing a dedicated model for each
object person in advance.
[0272] In the aforementioned example, the models of a specific object person or the models of unspecified object
persons are used for both the blink waveform pattern model and the arousal state pattern model. However, the models
of a specific object person may be used for one of the blink waveform pattern model and the arousal state pattern model,
and the models of unspecified object persons may be used for the other of the models.
[0273] Furthermore, FIG. 21C, FIG. 21D, and FIG. 22 illustrate examples of comparing the classification results of the
arousal state of the object person according to the present invention and according to the related art in Patent Document
1. In the related art as the target of comparison, a predetermined threshold index is set for the occurrence frequencies
of a plurality of specific types of blink waveform patterns, to determine the arousal state of the object person.
[0274] FIG. 21C illustrates an example of classifying the arousal state of the object person A by using the related art.
The moving picture of eye region is employed as the blink waveform data of the object person A. The blink waveform
pattern models of the above unspecified object persons are used as the blink waveform pattern model.
[0275] The arousal state is classified by setting a predetermined threshold index for the occurrence frequency of each
type of blink within a certain time interval.
[0276] To be more specific, the threshold index is set to best match FIG. 21B showing the arousal state of the object
person A speculated from the classification, consideration, and observation record using the physiological and biological
data in the experiment.
[0277] As a result, FIG. 21D shows a similar result to that of FIG. 21C showing the classification result of the arousal
state of the object person A according to the present invention although there is a certain difference when compared
with FIG. 21C.
[0278] FIG. 22A is a view illustrating an example of the occurrence frequency of each type of blink within a certain
time interval obtained based on the identification result of the type of blink waveform of the object person B identified
by the blink type identification unit 23 when the blink waveform pattern models and the arousal state pattern models of
the unspecified object persons are used, in a case of using the moving picture of eye region as the blink waveform data.
[0279] FIG. 22B illustrates the arousal state of the object person B speculated from the classification, consideration,
and observation record using the physiological and biological data in the experiment.
[0280] FIG. 22C illustrates an example of classifying the arousal state of the object person B by using the threshold
index used for the object person A according to the related art.
[0281] FIG. 22D illustrates an example of classifying the arousal state of the object person B according to the present
invention.
[0282] In the related art, the arousal state is occasionally falsely classified to be the low arousal state and the high
arousal state respectively in a high arousal state interval and a low arousal state interval in the arousal state information
data. Also, the arousal state cannot be classified to be the state of fighting against falling asleep in an interval of state
of fighting against falling asleep.
[0283] That is, it is shown that the threshold index used for a specific object person cannot be used for another object
person.
[0284] On the other hand, in the present invention, the arousal state is falsely classified to be the state of fighting
against falling asleep for a very short period of time in the high arousal state interval in the arousal state information
data, and the arousal state is falsely classified to be the high arousal state for a very short period of time in the low
arousal state interval in the arousal state information data.
[0285] The arousal state is classified to be the state of fighting against falling asleep in the latter half of interval of
fighting against falling asleep. As described above, the classification result of the arousal state according to the present
invention is closer to the arousal state information data than that of the related art. That is, it is shown that the classification
using the models of unspecified object persons is possible.
[0286] Although speech recognition is known as the application of identification using a statistical pattern model as
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represented by the HMM, the target feature values in the arousal state classification in the present invention and in the
speech recognition are essentially different from each other.
[0287] To be more specific, the recognition target in the speech recognition is generally a phoneme uttered by a
human. A difference between phonemes as the feature has a wide distribution due to a difference in an utterer and an
uttering situation even when the phonemes are the same phonemes. However, the feature of each phoneme is discrete.
[0288] To the contrary, since the blink data is physiological and biological data, the blink waveform as the recognition
target successively changes from a certain type to another type according to a change in the arousal state of an object
person. A difference between the blink types is essentially successive.
[0289] The feature values as the recognition targets thereof have an essential difference as described above. The
arousal state classification in the present invention is essentially different from the pattern recognition in the speech
recognition in that the blink waveform which successively changes from a certain type to another type according to the
arousal state of the object person is targeted, and the occurrence frequency of each type of blink waveform within a
certain time interval is identified by using the pattern models.
[0290] In the aforementioned second embodiment, the blink data acquisition unit 20 corresponds to blink data acqui-
sition means. The blink waveform pattern model stored in the blink waveform pattern model storage unit 21 corresponds
to a first pattern model. The feature data extraction unit 22 corresponds to first feature data extraction means. The blink
type identification unit 23 corresponds to blink waveform identification means. The feature data generation unit 24
corresponds to second feature data generation means. The arousal state pattern model stored in the arousal state
pattern model storage unit 25 corresponds to a second pattern model. The arousal state classification unit 26 corresponds
to arousal state classification means. The warning unit 27 corresponds to warning means.
[0291] In the aforementioned second embodiment, step S200 corresponds to a step of acquiring blink data. Step S202
corresponds to a step of extracting first feature data. Step S204 corresponds to a step of identifying a blink waveform.
Steps S300 to S314 correspond to a step of generating second feature data. Steps S400 to S404 correspond to a step
of classifying an arousal state.
[0292] Although the example in which the pattern model is composed of the HMM is described in the above-described
first embodiment, the present invention is not limited thereto. The pattern model may be also composed of another
statistical model such as an SVM and a neutral network.
[0293] In the above-described first and second embodiments, the sum of brightness of each line of the extraction
region image trimmed from the moving picture of eye region is extracted as the first feature data. However, the present
invention according to claim 1 is not limited thereto. Another feature value, for example, a frequency spectrum component
obtained by performing a Fourier transform on blink image data may be extracted as the feature value.
[0294] Although the arousal state of an object person (a driver) is classified based on the second feature data in the
above-described second embodiment, the present invention is not limited thereto. Another state of the object person,
such as a tension state and a fatigue state, may be also classified based on the second feature data.
[0295] In the above-described first and second embodiments, the second feature data is composed of only the time
variation of the occurrence ratio or the number of occurrences of each specific type of blink waveform in the sequence
of analysis intervals. However, a feature relating to the arousal state, such as a time variation of the number of blinks
or a time variation of the accumulated value of eye-closing time in the sequence of analysis intervals, may be added
thereto.

Industrial Applicability

[0296] In the present invention as defined by the claims, the arousal state can be classified with high accuracy based
on the data on the occurrence ratio of each of the specific types of blinks in the sequence of analysis intervals in addition
to the change in the occurrence frequencies of the specific types of blinks within a predetermined time such as the
occurrence frequencies of specific types of blinks and the blink bursts of a specific type of blink, which is considered as
effective in classifying the arousal state.
[0297] Accordingly, the arousal level (state) of a driver transiting to the drowsy state before completely falling sleep,
or the arousal level (state) of fighting against falling asleep can be detected.
[0298] The present invention as defined by the claims is thereby preferably used in the technical field of preventing
an accident from occurring by warning an object person who is likely to fall asleep with a warning sound or flashing lights.
[0299] Furthermore, it is possible to assist the driving of a driver by classifying the tension state or fatigue state of the
driver based on the data on the occurrence frequency information of the specific types of blinks in a similar manner.

Claims

1. An arousal state classification model generating device (100) adapted to generate a statistical model to determine
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an arousal state of an object person, the arousal state classification model generating device comprising:

(i) a first learning data storage unit (12) adapted to store in a predetermined area of a storage device (40) first
feature data extracted from blink data of at least one eye of each object person at the time of blinking, and blink
waveform identification information data in which blink waveform identification information indicating a specific
type of blink waveform is provided to each blink in the blink data;
(ii) a blink waveform pattern model generation unit (13) adapted to learn a statistical model by using as learning
data the first feature data and the blink waveform identification information data stored in the predetermined
area of the storage device (40), generating a first pattern model having as an input the first feature data and
having as an output a likelihood for the blink waveform identification information in relation to the first feature
data, and storing the first pattern model in the predetermined area of the storage device (40); characterized
by further comprising
(iii) a feature data generation unit (15) adapted to generate second feature data including data on an occurrence
ratio of each of the specific types of blink waveforms in an analysis interval based on the blink waveform
identification information data stored in the predetermined area of the storage device (40) and storing the second
feature data in the predetermined area of the storage device (40); and
(iv) an arousal state pattern model generation unit (17) adapted to learn a statistical model by using as learning
data the second feature data and arousal state information data in which arousal state information indicating
the arousal state of the object person is provided to each sequence of the analysis intervals, and generating a
second pattern model having as an input the second feature data and having as an output a likelihood for the
arousal state information in relation to the second feature data, and storing the second pattern model in the
predetermined area of the storage device (40).

2. The arousal state classification model generating device (100) according to claim 1, characterized in that the blink
data is electro-oculogram (EOG) waveform data or moving picture of eye region.

3. The arousal state classification model generating device (100) according to any one of claims 1 and 2, characterized
in that the data on the occurrence ratio is a time variation of the occurrence ratio or a time variation of the number
of occurrences.

4. The arousal state classification model generating device (100) according to any one of claims 1 to 3, characterized
in that an HMM (Hidden Markov Model) is used for the statistical model.

5. The arousal state classification model generating device (100) according to any one of claims 1 to 4, further com-
prising:

a blink data storage unit (10) adapted to store the blink data of at least one eye of the object person at the time
of blinking;
a feature data extraction unit (11) adapted to extract the first feature data from the blink adapted to data acquired
from the blink data storage unit (10);
a first pattern model storage unit (14) adapted to store the first pattern model generated by the blink waveform
pattern model generation unit (13);
a second feature data storage unit (16) adapted to store the second feature data generated by the feature data
generation unit (15); and
a second pattern model storage unit (18) adapted to store the second pattern model generated by the arousal
state pattern model generation unit (17).

6. An arousal state classification model generating method for generating a statistical model to determine an arousal
state of an object person, the arousal state classification model generating method comprising:

(i) a learning data storage step of storing in a predetermined area of a storage device (40) first feature data
extracted from blink data of at least one eye of each object person at the time of blinking, and blink waveform
identification information data in which blink waveform identification information indicating a specific type of
blink waveform is provided to each blink in the blink data;
(ii) a blink waveform pattern model generation step of learning a statistical model by using as learning data the
first feature data and the blink waveform identification information data stored in the predetermined area of the
storage device (40), generating a first pattern model having as an input the first feature data and having as an
output a likelihood for the blink waveform identification information in relation to the first feature data, and storing
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the first pattern model in the predetermined area of the storage device (40); characterized by further comprising
(iii) a feature data generation step of generating second feature data including data on an occurrence ratio of
each of the specific types of blink waveforms in an analysis interval based on the blink waveform identification
information data stored in the predetermined area of the storage device (40), and storing the second feature
data in the predetermined area of the storage device (40); and
(iv) an arousal state pattern model generation step of learning a statistical model by using as learning data the
second feature data and arousal state information data in which arousal state information indicating the arousal
state of the object person is provided to each sequence of the analysis intervals, and generating a second
pattern model having as an input the second feature data and having as an output a likelihood for the arousal
state information in relation to the second feature data, and storing the second pattern model in the predetermined
area of the storage device (40).

7. The arousal state classification model generating method according to claim 6, characterized in that the data on
the occurrence ratio is a time variation of the occurrence ratio or a time variation of the number of occurrences.

8. The arousal state classification model generating method according to any one of claims 6 and 7, further comprising:

a blink data storage step of storing the blink data of at least one eye of the object person at the time of blinking
in a blink data storage unit (10);
a feature data extraction step of extracting the first feature data from the blink data stored in the blink data
storage unit (10);
a first pattern model storage step of storing the first pattern model generated in the blink waveform pattern
model generation step; and
a second pattern model storage step of storing the second pattern model generated in the arousal state pattern
model generation step.

Patentansprüche

1. Vorrichtung (100) zur Erzeugung eines Erregungszustands-Klassifikations-modells, die geeignet ist, ein statistisches
Modell zu erzeugen, um einen Erregungszustand einer Zielperson zu bestimmen, wobei die Vorrichtung zur Erzeu-
gung eines Erregungszustands-Klassifikationsmodells Folgendes umfasst:

(i) eine erste Lerndaten-Speichereinheit (12), die geeignet ist, erste Merkmalsdaten, die aus Blinzeldaten von
wenigstens einem Auge jeder Zielperson zum Zeitpunkt des Blinzelns gewonnen wurden, und Blinzelwellenform-
Identifikationsinformationsdaten, bei denen Blinzelwellenform-Identifikationsinformationen, die einen speziellen
Typ einer Blinzelwellenform anzeigen, für jedes Blinzeln in den Blinzeldaten bereitgestellt werden, in einem
vorbestimmten Bereich einer Speichervorrichtung (40) zu speichern;
(ii) eine Blinzelwellenform-Mustermodell-Erzeugungseinheit (13), die geeignet ist, ein statistisches Modell zu
lernen, indem sie als Lerndaten die ersten Merkmalsdaten und die Blinzelwellenform-Identifikationsinformati-
onsdaten, die in dem vorbestimmten Bereich der Speichervorrichtung (40) gespeichert sind, verwendet, ein
erstes Mustermodell, das als Input die ersten Merkmalsdaten aufweist und als Output eine Wahrscheinlichkeit
für die Blinzelwellenform-Identifikationsinformationen in Bezug auf die ersten Merkmalsdaten aufweist, erzeugt
und das erste Mustermodell in dem vorbestimmten Bereich der Speichervorrichtung (40) speichert;
dadurch gekennzeichnet, dass sie weiterhin Folgendes umfasst:
(iii) eine Merkmalsdaten-Erzeugungseinheit (15), die geeignet ist, zweite Merkmalsdaten einschließlich Daten
über ein Häufigkeitsverhältnis jeder der speziellen Typen von Blinzelwellenformen in einem Analyseintervall
auf der Basis der Blinzelwellenform-Identifikationsinformationsdaten, die in dem vorbestimmten Bereich der
Speichervorrichtung (40) gespeichert sind, zu erzeugen und die zweiten Merkmalsdaten in dem vorbestimmten
Bereich der Speichervorrichtung (40) zu speichern; und
(iv) eine Erregungszustands-Mustermodell-Erzeugungseinheit (17), die geeignet ist, ein statistisches Modell zu
lernen, indem sie als Lerndaten die zweiten Merkmalsdaten und die Erregungszustands-Informationsdaten, bei
denen Erregungszustands-Informationen, die den Erregungszustand der Zielperson anzeigen, für jede Abfolge
der Analyseintervalle bereitgestellt werden, verwendet und ein zweites Mustermodell, das als Input die zweiten
Merkmalsdaten aufweist und als Output eine Wahrscheinlichkeit für die Erregungszustands-Informationen in
Bezug auf die zweiten Merkmalsdaten aufweist, erzeugt und das zweite Mustermodell in dem vorbestimmten
Bereich der Speichervorrichtung (40) speichert.
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2. Vorrichtung (100) zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß Anspruch 1, dadurch
gekennzeichnet, dass es sich bei den Blinzeldaten um Wellenformdaten eines Elektrookulogramms (EOG) oder
um ein Bewegungsbild des Augenbereichs handelt.

3. Vorrichtung (100) zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß einem der Ansprüche 1
und 2, dadurch gekennzeichnet, dass es sich bei den Daten über das Häufigkeitsverhältnis um eine zeitliche
Variation des Häufigkeitsverhältnisses oder eine zeitliche Variation der Anzahl der Ereignisse handelt.

4. Vorrichtung (100) zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß einem der Ansprüche 1
bis 3, dadurch gekennzeichnet, dass ein HMM (Hidden Markov Modell) als statistisches Modell verwendet wird.

5. Vorrichtung (100) zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß einem der Ansprüche 1
bis 4, weiterhin umfassend:

eine Blinzeldaten-Speichereinheit (10), die geeignet ist, die Blinzeldaten von wenigstens einem Auge der Ziel-
person zum Zeitpunkt des Blinzelns zu speichern;
eine Merkmalsdaten-Gewinnungseinheit (11), die geeignet ist, die ersten Merkmalsdaten aus den Blinzeldaten,
die aus der Blinzeldaten-Speichereinheit (10) erfasst wurden, zu gewinnen;
eine erste Mustermodell-Speichereinheit (14), die geeignet ist, das erste Mustermodell, das von der Blinzel-
wellenform-Mustermodell-Erzeugungseinheit (13) erzeugt wurde, zu speichern;
eine zweite Merkmalsdaten-Speichereinheit (16), die geeignet ist, die zweiten Merkmalsdaten, die von der
Merkmalsdaten-Erzeugungseinheit (15) erzeugt wurden, zu speichern; und
eine zweite Mustermodell-Speichereinheit (18), die geeignet ist, das zweite Mustermodell, das von der Erre-
gungszustands-Mustermodell-Erzeugungseinheit (17) erzeugt wurde, zu speichern.

6. Verfahren zur Erzeugung eines Erregungszustands-Klassifikationsmodells zur Erzeugung eines statistischen Mo-
dells, um einen Erregungszustand einer Zielperson zu bestimmen, wobei das Verfahren zur Erzeugung des Erre-
gungszustands-Klassifikationsmodells Folgendes umfasst:

(i) einen Lerndaten-Speicherschritt zum Speichern von ersten Merkmalsdaten, die aus Blinzeldaten von we-
nigstens einem Auge jeder Zielperson zum Zeitpunkt des Blinzelns gewonnen wurden, und von Blinzelwellen-
form-Identifikationsinformationsdaten, bei denen Blinzelwellenform-Identifikationsinformationen, die einen spe-
ziellen Typ einer Blinzelwellenform anzeigen, für jedes Blinzeln in den Blinzeldaten bereitgestellt werden, in
einem vorbestimmten Bereich einer Speichervorrichtung (40);
(ii) einen Blinzelwellenform-Mustermodell-Erzeugungsschritt zum Lernen eines statistischen Modells, in dem
als Lerndaten die ersten Merkmalsdaten und die Blinzelwellenform-Identifikationsinformationsdaten, die in dem
vorbestimmten Bereich der Speichervorrichtung (40) gespeichert sind, verwendet werden, ein erstes Muster-
modell, das als Input die ersten Merkmalsdaten aufweist und als Output eine Wahrscheinlichkeit für die Blin-
zelwellenform-Identifikationsinformationen in Bezug auf die ersten Merkmalsdaten aufweist, erzeugt wird und
das erste Mustermodell in dem vorbestimmten Bereich der Speichervorrichtung (40) gespeichert wird;
dadurch gekennzeichnet, dass es weiterhin Folgendes umfasst:
(iii) einen Merkmalsdaten-Erzeugungsschritt zum Erzeugen von zweiten Merkmalsdaten einschließlich Daten
über ein Häufigkeitsverhältnis jeder der speziellen Typen von Blinzelwellenformen in einem Analyseintervall
auf der Basis der Blinzelwellenform-Identifikationsinformationsdaten, die in dem vorbestimmten Bereich der
Speichervorrichtung (40) gespeichert sind, und Speichern der zweiten Merkmalsdaten in dem vorbestimmten
Bereich der Speichervorrichtung (40); und
(iv) einen Erregungszustands-Mustermodell-Erzeugungsschritt zum Lernen eines statistischen Modells, indem
als Lerndaten die zweiten Merkmalsdaten und die Erregungszustands-Informationsdaten, bei denen Erregungs-
zustands-Informationen, die den Erregungszustand der Zielperson anzeigen, für jede Abfolge der Analysein-
tervalle bereitgestellt werden, verwendet werden und ein zweites Mustermodell, das als Input die zweiten Merk-
malsdaten aufweist und als Output eine Wahrscheinlichkeit für die Erregungszustands-Informationen in Bezug
auf die zweiten Merkmalsdaten aufweist, erzeugt wird und das zweite Mustermodell in dem vorbestimmten
Bereich der Speichervorrichtung (40) gespeichert wird.

7. Verfahren zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß Anspruch 6, dadurch gekenn-
zeichnet, dass es sich bei den Daten über das Häufigkeitsverhältnis um eine zeitliche Variation des Häufigkeits-
verhältnisses oder eine zeitliche Variation der Anzahl der Ereignisse handelt.
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8. Verfahren zur Erzeugung eines Erregungszustands-Klassifikationsmodells gemäß einem der Ansprüche 6 und 7,
weiterhin umfassend:

einen Blinzeldaten-Speicherschritt zum Speichern der Blinzeldaten von wenigstens einem Auge der Zielperson
zum Zeitpunkt des Blinzelns in einer Blinzeldaten-Speichereinheit (10);
einen Merkmalsdaten-Gewinnungsschritt zum Gewinnen der ersten Merkmalsdaten aus den Blinzeldaten, die
in der Blinzeldaten-Speichereinheit (10) gespeichert sind;
einen ersten Mustermodell-Speicherschritt zum Speichern des ersten Mustermodells, das im Blinzelwellenform-
Mustermodell-Erzeugungsschritt erzeugt wurde; und
einen zweiten Mustermodell-Speicherschritt zum Speichern des zweiten Mustermodells, das im Erregungszu-
stands-Mustermodell-Erzeugungsschritt erzeugt wurde.

Revendications

1. Dispositif pour produire un modèle de classification de l’état d’éveil (100) conçu pour générer un modèle statistique
afin de déterminer un état d’éveil d’une personne cible, le dispositif produisant un modèle de classification de l’état
d’éveil comportant .

(i) une première unité de stockage de données d’apprentissage (12) conçue pour stocker dans une zone
prédéterminée d’un dispositif de stockage (40) des premières données caractérisantes extraites à partir des
données de clignements de paupières d’au moins un oeil de chaque personne cible au moment du clignement
d’oeil, et les données d’information concernant l’identification de la forme d’onde du clignement d’oeil dans
lesquelles une information d’identification de la forme d’onde du clignement d’oeil indiquant un type spécifique
de forme d’onde de clignement d’oeil est fournie à chaque clignement d’oeil dans les données de clignement
d’oeil ;
(ii) une unité produisant un modèle de configuration de la forme d’onde de clignement d’oeil (13) conçue pour
réaliser un modèle statistique en utilisant comme données d’apprentissage les premières données caractéri-
santes et les données d’information sur l’identification de la forme d’onde du clignement d’oeil stockées dans
la zone prédéterminée du dispositif de stockage (40), en produisant un premier modèle de configuration ayant
comme données d’entrée les premières données caractérisantes et ayant comme données de sortie une pro-
babilité correspondant à l’information sur l’identification de la forme d’onde du clignement d’oeil en relation avec
les premières données caractérisantes, et en stockant le premier modèle de configuration dans la zone prédé-
terminée du dispositif de stockage (40) ; caractérisé par le fait de comporter, de plus :
(iii) une unité de production de données caractérisantes (15) conçue pour générer des secondes données
caractérisantes incluant des données concernant un taux d’occurrences de chacun des types spécifiques de
forme d’onde de clignement d’oeil dans un intervalle d’analyse sur la base des données d’information sur
l’identification de la forme d’onde du clignement d’oeil stockées dans la zone prédéterminée du dispositif de
stockage (40) et en stockant les secondes données caractérisantes dans la zone prédéterminée du dispositif
de stockage (40) ; et
(iv) une unité de production d’un modèle de configuration de l’état d’éveil (17) conçue pour réaliser un modèle
statistique en utilisant comme données d’apprentissage les secondes données caractérisantes et des données
d’information sur l’état d’éveil dans lesquelles une information de l’état d’éveil indiquant l’état d’éveil d’une
personne cible est fournie à chaque séquence des intervalles d’analyse, et en générant un second modèle de
configuration ayant comme données d’entrée les secondes données caractérisantes et ayant comme données
de sortie une probabilité correspondant à l’information sur l’état d’éveil en relation avec les secondes données
caractérisantes, et en stockant le second modèle de configuration dans la zone prédéterminée du dispositif de
stockage (40).

2. Dispositif de fabrication d’un modèle de classification de l’état d’éveil (100) selon la revendication 1, caractérisé
en ce que les données de clignement de l’oeil sont les données de forme d’onde d’un électro-oculogramme (EOG)
ou d’une image d’une zone de l’oeil en mouvement.

3. Dispositif de production d’un modèle de classification de l’état d’éveil (100) selon l’une quelconque des revendications
1 et 2, caractérisé en ce que les données concernant le taux d’occurrences est une variation dans le temps du
taux d’occurrences ou une variation dans le temps du nombre d’occurrences.

4. Dispositif de production d’un modèle de classification de l’état d’éveil (100) selon l’une quelconque des revendications
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1 à 3, caractérisé en ce qu’un Modèle HMM (Modèle de Markov Caché) est utilisé pour le modèle statistique.

5. Dispositif de production d’un modèle de classification de l’état d’éveil (100) selon l’une quelconque des revendications
1 à 4, comprenant, de plus :

une unité de stockage des données de clignement d’oeil (10) conçue pour stocker les données de clignement
d’oeil d’au moins un oeil de la personne cible au moment du clignement d’oeil ;
une unité d’extraction de données caractérisantes (11) conçue pour extraire les premières données caractéri-
santes à partir des données de clignement d’oeil acquises en provenance de l’unité de stockage des données
de clignement d’oeil (10) ;
une première unité de stockage de modèles de configuration (14) conçue pour stocker le premier modèle de
configuration généré par l’unité de production de modèle de configuration de la forme d’onde du clignement
d’oeil (13) ;
une seconde unité de stockage des données caractérisantes (16) conçue pour stocker les secondes données
caractérisantes générées par l’unité de génération de données caractérisantes (15) ; et
une seconde unité de stockage de modèles de configuration (18) conçue pour stocker le second modèle de
configuration généré par l’unité de génération d’un modèle de configuration de l’état d’éveil (17).

6. Procédé de production d’un modèle de classification de l’état d’éveil pour générer un modèle statistique pour dé-
terminer un état d’éveil d’une personne cible, le procédé de production d’un modèle de classification de l’état d’éveil
comportant :

(i) une étape de stockage de données d’apprentissage consistant à stocker dans une zone prédéterminée d’un
dispositif de stockage (40) des premières données caractérisantes extraites des données de clignement d’oeil
d’au moins un oeil de chaque personne cible au moment du clignement d’oeil, et des données d’information
sur l’identification de la forme d’onde du clignement d’oeil dans lesquelles une information sur l’identification
de la forme d’onde du clignement d’oeil indiquant un type spécifique de forme d’onde de clignement d’oeil est
fournie pour chaque clignement d’oeil dans les données de clignement d’oeil ;
(ii) une étape de production de modèle de configuration de la forme d’onde du clignement d’oeil consistant à
réaliser un modèle statistique en utilisant comme données d’apprentissage les premières données caractéri-
santes et les données d’information sur l’identification de la forme d’onde du clignement d’oeil stockées dans
la zone prédéterminée du dispositif de stockage (40), à générer un premier modèle de configuration présentant
comme données d’entrée les premières données caractérisantes et présentant comme données de sortie une
probabilité correspondant à l’information sur l’identification de la forme d’onde du clignement d’oeil en rapport
avec les premières données caractérisantes, et à stocker le premier modèle de configuration dans la zone
prédéterminée du dispositif de stockage (40) ; caractérisé par le fait de comprendre, de plus :
(iii) une étape de production de données caractérisantes consistant à générer des secondes données carac-
térisantes incluant des données concernant un taux d’occurrences de chacun des types spécifiques de formes
d’onde de clignement d’oeil dans un intervalle d’analyse sur la base des données sur l’information d’identification
de la forme d’onde du clignement d’oeil stockées dans la zone prédéterminée du dispositif de stockage (40) et
à stocker les secondes données caractérisantes dans la zone prédéterminée du dispositif de stockage (40) ; et
(iv) une étape de production d’un modèle d’évaluation de l’état d’éveil consistant à réaliser un modèle statistique
en utilisant comme données d’apprentissage les secondes données caractérisantes et les données d’information
sur l’état d’éveil dans lesquelles une information sur l’état d’éveil indiquant l’état d’éveil de la personne cible
est fournie à chaque séquence des intervalles d’analyse, et à générer un second modèle d’évaluation présentant
comme données d’entrée les secondes données caractérisantes et présentant comme données de sortie une
probabilité correspondant à l’information sur l’état d’éveil en relation avec les secondes données caractérisantes,
et à stocker le second modèle de configuration dans la zone prédéterminée du dispositif de stockage (40).

7. Procédé de production d’un modèle de classification de l’état d’éveil selon la revendication 6, caractérisé en ce
que les données sur le taux d’occurrences concernent une variation dans le temps du taux d’occurrences ou une
variation dans le temps du nombre d’occurrences.

8. Procédé de production d’un modèle de classification de l’état d’éveil selon l’une quelconque des revendications 6
et 7 comportant, de plus,
une étape de stockage de données de clignement d’oeil d’au moins un oeil de la personne cible au moment du
clignement d’oeil dans une unité de stockage des données de clignement d’oeil (10) ;
une étape d’extraction de données caractérisantes consistant à extraire les premières données caractérisantes à



EP 2 111 796 B1

28

5

10

15

20

25

30

35

40

45

50

55

partir des données de clignement d’oeil stockées dans l’unité de stockage des données de clignements d’oeil (10) ;
une première étape de stockage d’un modèle de configuration consistant à stocker le premier modèle de configuration
produit dans l’étape de fabrication d’un modèle de configuration de la forme d’onde du clignement d’oeil ; et
une seconde étape de stockage d’un modèle de configuration consistant à stocker le second modèle de configuration
produit à l’étape de production d’un modèle de configuration de l’état d’éveil.
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